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Abstract
We quantify the change in extreme high sea level (ESL) statistics in the German Bight under rising CO

2
 concentrations 

by downscaling a large ensemble of global climate model simulations using the regionally coupled climate system model 
REMO-MPIOM. While the model setup combines a regionally high resolution with the benefits of a global ocean model, 
the large ensemble size of 32 members allows the estimation of high return levels with much lower uncertainty. We find 
that ESLs increase with atmospheric CO

2
 levels, even without considering a rise in the background sea level (BSL). Local 

increases of up to 0.5 m are found along the western shorelines of Germany and Denmark for ESLs of 20–50 years return 
periods, while higher return levels remain subject to sampling uncertainty. This ESL response is related to a cascade of an 
enhanced large-scale activity along the North Atlantic storm belt to a subsequent local increase in predominantly westerly 
wind speed extremes, while storms of the major West-Northwest track type gain importance. The response is seasonally 
opposite: summer ESLs and the strength of its drivers decrease in magnitude, contrasting the response of the higher winter 
ESLs, which governs the annual response. These results have important implications for coastal protection. ESLs do not only 
scale with the expected BSL rise, but become even more frequent, as preindustrial 50-year return levels could be expected to 
occur almost every year by the end of the century. The magnitude of the relative change in ESL statistics is hereby up to half 
of the expected rise in BSL, depending on the location. Changes in the highest extremes are subject to large multidecadal 
variations and remain uncertain, thus potentially demanding even further safety measures.
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1  Introduction

Extreme high sea levels caused by storm floods constitute a 
major geophysical hazard for low-lying coastal regions such 
as the southeastern North Sea, known as the German Bight. 
Strong tidal oscillations due to the shallow shelf sea and the 
basin’s geometry (Fig. 1), combined with its situation along 
the major northern hemispheric storm-track path can lead to 
particularly high storm floods. While these conditions have 
lead to several severe disasters such as the flood of 1962, 

they have also triggered various counteractions and regula-
tions in coastal protection (MELUR 2012).

Anthropogenic climate change, however, may further 
alter the risks for coastal areas (Hinkel et al. 2015; IPCC 
2019). While the expected rise in the background sea level 
(BSL) is—at least until the end of the century—relatively 
well-constrained (IPCC 2019; Slangen et al. (2014) and 
directly affects extreme sea level heights by shifting the 
entire distribution, there is less certainty about the relative 
changes in the sea level distribution, e.g., through changes 
in the storm climate (Feser et al. 2015). In particular, there 
is only little confidence on the change of upper-end extreme 
values (Weisse et al. 2012; Wahl et al. 2017), which by defi-
nition occur only rarely. Yet, it is those ’high-impact-low-
probability’ extremes that are typically required for flood 
defense standards. While such height changes are often 
handled by simply scaling the sea level distribution with 
the regional or even global mean sea level rise (Buchanan 
et al. 2017; IPCC 2019), relative changes in the upper tail of 
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the sea level distribution may substantially alter the risk for 
flooding. We here investigate the regional change in those 
extreme sea level statistics in the German Bight following an 
increase in atmospheric CO

2
 by downscaling a large ensem-

ble of global climate model simulations. A rise in the back-
ground state due to sea level rise is not taken into account.

Several studies have investigated how storm induced 
water levels in the North Sea will change under global 
warming (von Storch and Reichardt 1997; Flather and Smith 
1998; Langenberg et al. 1999; Lowe et al. 2001; Woth et al. 
2006; Lowe and Gregory 2005; Sterl et al. 2009; Howard 
et al. 2010; Gaslikova et al. 2013; Weisse et al. 2014). They 
traditionally employ a regional barotropic storm surge model 
forced by atmospheric conditions from climate models, to 
compare time-slices of a present-day climate with one at the 
end of the century based on certain future climate change 
scenarios. While most studies point towards no or only small 
increases in the frequency or magnitude of storm floods, the 
rather short data samples, naturally limited by the length of 
the time slices (typically 30 years), limit the analysis to rela-
tively frequent extremes and impede statistically robust con-
clusions on upper-end extreme events that happen only once 
per couple of years. Further, North Sea extreme sea levels 
have been shown to exhibit a large interannual to multidec-
adal variability (Dangendorf et al. 2013), especially when 
dealing with more extreme and thus rare events (Lang and 
Mikolajewicz 2019), additionally stressing the need for large 
samples of extremes to separate a climate change signal from 
internal variability. Only a few studies have addressed this 
signal-to-noise issue for more high-impact events: using a 
17-member initial-conditions ensembles and the SRES A1B 
scenario, (Sterl et al. 2009) found no changes in upper-end 
North Sea storm flood return levels above natural variability, 

although the specific focus was on Dutch flood defense 
standards and selected locations.

Yet, due to the lateral boundaries of the underlying storm 
surge models, none of the above studies employ a globally 
consistent climate scale simulation with full atmosphere-
ocean coupling. Hence, they do not account for climate-
related sea level variations external to the North Sea, which 
have been shown to impact regional North Sea sea level on 
different scales (Chen et al. 2014; Calafat et al. 2012), nor 
for external surges (Gönnert and Sossidi 2011) that travel 
from the North Atlantic into the basin and can build an 
important component of the total storm surge induced water 
level, especially under climate change (Woth et al. 2006). 
Further, studies with only a regional domain can only indi-
rectly relate ESL variations to large-scale drivers.

This study attempts to close these gaps as we (1) ade-
quately sample the internal variability of ESLs by using a 
large ensemble of general circulation model (GCM) experi-
ments, and (2) downscale this ensemble with a coupled cli-
mate model with a global ocean, but a regional zoom on the 
North Sea (see Mathis et al. 2018; Lang and Mikolajew-
icz 2019). This allows us to robustly investigate potential 
changes in high-impact-low-probability events following an 
increase in atmospheric CO

2
 . By employing a total of 32 

members, this marks to our knowledge the largest ensemble 
study using a coupled climate system model to investigate 
changes in the statistics of regional sea level extremes. The 
comparably large number of ensemble members leads to 
much smaller confidence intervals and allows the detection 
of changes in sea levels of even larger return periods.

This article is structured as follows: First, the model 
and downscaling setup as well as forcing and scenario are 
introduced (2); Second, results are presented for (i) changes 
between high and low CO

2
 worlds (3.1), and for (ii) the 

transient response of extremes (3.2), followed by a seasonal 
analysis (3.3) and an investigation of the associated drivers 
in the climate system (3.4). We close with a discussion of 
the relevance of these results in the light of current emission 
pathways (4).

2 � Methods

2.1 � Model system and experimental design

We employ the regionally coupled climate system model 
REMO-MPIOM (Mikolajewicz et al. 2005; Sein et al. 2015; 
Mathis et al. 2018; Lang and Mikolajewicz 2019), which 
consists of the global ocean model MPIOM (Marsland et al. 
2003; Jungclaus et al. 2013) and the regional atmospheric 
model REMO (Jacob and Podzun 1997), centered over 
Europe (Fig. 2). Inside the REMO domain, MPIOM and 
REMO are interactively coupled with the coupler OASIS-3 

Fig. 1   Bathymetry of the German Bight with main study location 
Cuxhaven
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(Valcke 2013); outside, the ocean model is forced by out-
put from the parent atmospheric model. This model setup is 
identical to the one used in (Lang and Mikolajewicz 2019), 
with the exception that he bottom friction has been modified 
to produce more realistic tidal amplitudes in the southeastern 
North Sea.

The regional atmospheric model covers the wider Euro-
pean region, parts of northern Africa and the northeast 
Atlantic, and is run with a 0.44◦ setup, corresponding to 
approx. 50 km grid spacing, and with 27 vertical levels. The 
ocean model is run on a stretched grid configuration with 
a nominal horizontal grid resolution of 1.5◦ and 30 verti-
cal layers, and includes the full luni-solar ephimeridic tidal 
potential according to Thomas et al. (2001). In order to max-
imize the grid resolution in the North Sea, the model’s poles 
are shifted to Central Europe and North America, resulting 
in a horizontal grid resolution of up to 9 km in the German 
Bight, thus enabling a more realistic simulation of small-
scale shelf processes. At the same time, the ocean model’s 
global domain allows for a consistent simulation of signals 
across the lateral boundaries defined by REMO. This could 
be important for coastal sea levels through teleconnections, 
e.g., modulations in the Gulf stream or the Atlantic Multi-
decadal Oscillation (Ezer et al. 2016; Turki et al. 2019). To 
avoid the problem of dry-falling ocean grid-points due to 
strong tidal fluctuations, MPIOM’s uppermost layer thick-
ness is set to 16 m. For a discussion of the suitability in 
analysing storm floods including a validation using the Cux-
haven tide gauge record, see Lang and Mikolajewicz (2019).

As forcing, we use output from the 1pctCO2 simulations 
of the Max Planck Institute Grand Ensemble (MPI-GE, 

Maher et al. 2019), model version MPI-ESM1.1. The model 
is run in its low resolution configuration (resolution T63) 
with 47 vertical levels in the atmosphere model ECHAM 
(Giorgetta et al. 2012) and 1.5◦ resolution and 40 vertical 
layers in the ocean model MPIOM (Jungclaus et al. 2013). 
The 1pctCO2 scenario covers 150 years, with the atmos-
pheric CO

2
 concentration increasing by 1% every year, from 

preindustrual levels to approximately a quadrupling at the 
end of the simulation period. The transient character of the 
simulation provides additional insights into the evolution of 
long-term variability. To tackle the large internal variability 
in sea level extremes (Lang and Mikolajewicz 2019), we 
downscale a set of 32 ensemble members (the maximum 
number of ensemble members with 6-hourly output that 
is required for downscaling), resulting in 32 × 150 = 4800 
years of simulation. Initial conditions of the individual runs 
stem from different years of the corresponding downscaled 
PI-Control run. As we employ a boussinesq model and 
mainly target changes in ESL statistics, a transient rise in 
BSL is not taken into account. Since atmosphere-related sea 
level variations have been shown to act to a first approxima-
tion independently of the water depth (Lowe and Gregory 
2005; Sterl et al. 2009; Howard et al. 2010), this should how-
ever not affect the relative variations in sea level extremes.

2.2 � Extreme value sampling

Sea level can be described as the sum of a longer-term mean 
sea level, the tide and the atmospheric surge, as well as their 
non-linear interactions (Pugh 1987). Instead of treating the 
terms separately, we here investigate extreme sea levels in 
terms of total sea level above a long-term reference state. 
Since we are solely interested in high-water extremes, we 
use the term extreme sea level (ESL) to refer to the upper 
end of the distribution only.

We sample ESLs in terms of annual (or seasonal, respec-
tively, for Sect. 3.3) maxima, based on hourly values. In 
order to not split up the winter storm flood season, we define 
a year as starting in July. To remove trends in the background 
sea level, but to still account for low-frequency variability, 
the centered 30-year running mean of the annual median sea 
level has been subtracted from each annual maximum value.

To characterize ESLs based on their probabilities, we rely 
on the commonly used concept of return levels (Coles et al. 
2001), representing the water level expected to be exceeded 
on average once every x years. Such probability-based 
exceedance levels of assigned return periods are often 
required for designing coastal defense structures. As simu-
lated data from the instrumental record or from the above 
mentioned future time slice experiments rarely cover more 
than a couple of decades, ESLs are typically estimated based 
on parametric extreme value analysis, resulting in a consid-
erable extrapolation of the data. The advantage of a large 

Fig. 2   Sketch of the regionally coupled climate system model used 
for downscaling. Not all grid-lines are shown
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ensemble approach is that it allows to infer upper-end 
extreme value statistics without the use of parametric meth-
ods. These non-parametric estimates have been inferred by 
first ranking the data points of each time slice of the full sea 
level ensemble and associating a cumulative probability to 
each value. The respective return periods are inferred from 
the sampled ESLs using the reciprocal of the probability of 
exceedance PE , defined as PE =

m

N+1
 , where m is the rank of 

N events ordered in decreasing order. To increase the robust-
ness of lower return periods, the underlying sample of 
extreme values has been increased to the highest 10 per year 
for this type of analysis.

2.3 � Change in ESL statistics

For the analysis of climate-related ESL changes, we ana-
lyse pooled ESL statistics of all 32 ensemble members. We 
analyse the climate-related change in ESL statistics in two 
ways: first, we follow the common time-slice approach and 
compare two 30-year periods at the beginning and end of 
the 150-year period (climate change response, Sect. 3.1). 
The two time slices comprise the years 5–34 (“low CO

2
 ”, 

305–403 ppm) and 120–149 (“high CO
2
 ”, 957–1278 ppm), 

corresponding to a global mean surface temperature (GMST) 
change of a bit more than four degrees. To avoid potential 
artefacts after the branching-off from the control run, we 
exclude the first 5 years of each run for the analysis. We 
define ’climate change response’ as the difference of high 
and low CO

2
 states. Secondly, we investigate the 150-year 

transient response (Sect. 3.2) by analysing pooled ensemble 
extreme value statistics of running 30-year periods. This 
analysis is followed by a seasonal analysis (Sect. 3.3) and 
an investigation of associated drivers in the climate system 
(Sect. 3.4).

3 � Results

The simulated evolution of ensemble statistics of ESL 
together with a display of the two time slices used for the 
analysis of the climate change response is shown in Fig. 3 
exemplary for Cuxhaven. With values between 2.5 and 6.5 
m above the 30-year mean, the individual members exhibit 
a high spread. For comparison, we include the range of 
observation-based ESL using the same definition from the 
last 100 years of tide gauge record (green bar, data from the 
AMSeL project, see Jensen et al. 2011). For a more detailed 
validation of simulated extreme value statistics, see Lang 
and Mikolajewicz (2019).

3.1 � Climate change response

The traditional approach to assess changes in sea level 
extremes under climate change is to compare the statistics 
of typically 30-year periods at the beginning and end of a 
certain scenario run (usually RCP8.5 or SRES A1B). How-
ever, with a single or only a few ensemble members one 
cannot robustly identify changes in the tails of the extreme 
value distribution. With the 32 members a 30 year length, a 
total of 32 × 30 = 960 years is available for each time slice. 
Hence, a comparison of 30-year segments of low and high 
CO

2
 states can yield much higher levels of accuracy.

Figure 4 shows ESL statistics at Cuxhaven in the two 
periods in terms of their return levels. The individual ensem-
ble members of 30 year length result in a large spread of 
more than 2 m for 30-year return periods. With 32 ensemble 
members and effectively 960 years for each period, however, 
we can reduce the associated uncertainties, so that much 
higher return periods can be calculated without the need of 
fitting an extreme value distribution to the data. While indi-
vidual ensemble members (thin lines) show a large spread 

Fig. 3   Ensemble statistics of 
extreme sea level at Cuxhaven, 
sampled in terms of annual 
maxima relative to the 30-year 
running median (see methods). 
As a reference, the overall mean 
ESL (i.e., the 1-year return 
level) is indicated by the dashed 
line. The range of ESL from 
the tide gauge record is shown 
by the green bar on the side. 
Time slices used for the climate 
change signals in low and high 
CO

2
 worlds are marked on the 

x-axis
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and non-uniform climate change signals, the full ensemble 
(thick lines) shows that return levels generally increase with 
rising CO

2
 . The change in ESLs is largest for return periods 

of around 20–30 years, where the higher CO
2
 concentrations 

lead to a shift of around 30 cm relative to the mean state. The 
change is significant for extreme values up to return periods 
of around 33 years, based on both a two-sided student t-test 
( � = 0.05 ) and the 95% confidence intervals from a para-
metric extreme value analysis using a Generalized Extreme 
Value (GEV) distribution. For higher return periods, the 
confidence range of the extreme value estimates surpasses 
the climate change signal.

Is this climate change response sight-specific or is there 
a more general regional pattern visible? The spatial climate 
change response pattern of ESLs is shown in Fig. 5 for return 
periods of 20 and 50 years. While there is a slight increase 
in both ESL estimates in the entire German Bight, changes 
are most pronounced along the western Danish and German 
coasts, with maximum values of 0.4–0.5 m at around 55◦ N 
close to the German/Danish border. As a consequence, ESLs 
that correspond to a certain return period in preindustrial 
times will thus also become more frequent over the wider 
area, with preindustrial 50 (20) year return levels occurring 

up to every 10–15 (6–8) years in a high-CO
2
 world. This 

marks an increase by the factor three to five. Note that this 
analysis only considers the relative changes in extreme val-
ues with the long-term mean sea level subtracted. If a BSL 
rise due to thermal expansion or melting of ice sheets were 
included as well, these numbers would change even more 
(see Sect. 4).

3.2 � Transient response

Additionally to comparing the statistics of two time-slices of 
low and high CO

2
 states, the transient character of the simu-

lation allows a more detailed analysis of temporal changes 
in extreme value statistics, including the detection of pos-
sible nonlinearities in the system or other forms of long-term 
variability, as a function of both time and atmospheric CO

2
 

concentrations.
The internal ESL variability, represented by the 30-year 

running mean of the ensemble standard deviation (see Sup-
plementary Fig. S1) increases with rising CO

2
 concentra-

tions, but also exhibits strong multidecadal fluctuations 
by about 10 cm for the pooled ensemble. This long-term 
ESL variability is also manifest in the more extreme ESL 
measures, as the temporal evolution of different return level 
estimates based on pooled ESL statistics show (Fig. 6). 
As already seen in the time-slice approach above, ESLs 
increase accordingly with atmospheric CO

2
 concentrations. 

Although the 20-year return level shows a statistically sig-
nificant trend over the 150 years, the transient approach 
reveals a more detailed behavior: a period of low ESL vari-
ability between years 30 and 50 leads to a marked ’dint’ 
in the gradual response, especially in the upper-end return 
levels, where it is of similar magnitude as the overall 150 
year response. Pooled ESLs in this period rarely surpass 
the 5 m threshold (compare Fig. 3), thus leading to the 
described opposed signal in ESLs of higher return periods. 
Here, the signal emerges from variability already at around 
800 ppm or around 3◦ degrees of warming, when the ESL 
change exceeds the limits of the 95% confidence bounds. 
This impact of ESL variability on the robustness of the ESL 
signal for different ESL heights is in line with the climate 
change signal in Fig. 4. The presence of such marked multi-
decadal variability of individual members as well as the 
pooled ensemble suggests that the temporal variations of 
ESLs, especially of return periods above a couple of decades 
can be of similar magnitude as the climate change response.

3.3 � Seasonality

Since annual maximum sea levels in the German Bight 
would typically occur during the main storm flood season 
in winter, responses in other seasons are thus masked in the 
above analysis. Yet, the individual seasonal responses might 

Fig. 4   Non-parametric extreme value analysis: return value plots of 
high and low CO

2
 states for individual members and the full pooled 

ensemble (top), and full ensemble difference between high and low 
CO

2
 states (bottom) at Cuxhaven. Grey lines in the lower panel show 

the associated 95% confidence limits using a GEV fit to the full 
ensemble via least squares
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still be of interest. Wild birds, for instance, nesting on open 
land in front of the dikes in spring and summer are vulner-
able to flooding (Camphuysen and Leopold 1994), even if 
we might not expect strong storm floods in those seasons.

Figure  7 shows histograms of the frequency of the 
extreme sea levels occurring in a certain month for low and 
high CO

2
 levels, sampled as annual maxima (i.e., 1-year 

return levels, top) and 30-year return levels (bottom). As 
expected, the bulk of ESLs occurs in the winter months, 
although the strongest annual floods can also occur in the 
summer months in individual years. This strong seasonality 
is even more evident for more extreme return levels (lower 
panel). Over time, however, a change in the seasonal distri-
bution from low to high CO

2
 state is evident, with the tim-

ing of ESLs becoming more confined to the winter months 
December and January. In fact, the most extreme storm 
floods in a high CO

2
 world occur in our simulations only in 

the months from November to March.
This confinement to the winter season has implications 

for the seasonal climate change signal in return levels. 

Fig. 5   Spatial change in return levels (top, significance on the 95% confidence level in black contours) and in corresponding return periods (bot-
tom)

Fig. 6   Time-dependent extreme value estimates for 20-year return 
levels based on moving 30-year segments of the pooled ensemble at 
Cuxhaven. Grey shading marks the 95% confidence bounds using a 
GEV fit. Colored shading indicates different warming levels
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Figure 8 shows an equivalent analysis of return levels to 
Fig. 4, but split up into the four different seasons. The 
change in seasonality results in a stronger climate change 
signal in winter-only return levels than if based on annual 
maximum sea levels. If treating the four seasons individu-
ally, maximum winter ESL changes reach up to 60 cm for 
return periods of around 40 years. This is most likely due to 
the fact that a ’washing-out’ of the return level changes due 
to the annual maximum appearing in different seasons is no 
longer possible with a seasonal analysis. Interestingly, the 
summer response shows opposing trends, with a reduction 
of storm flood heights in summer, with maximum change 
signals for ESLs of 60–80 year return periods. Autumn 
and Spring responses are only minor. That is, the season-
ally opposing signals in winter and summer together with 
a shift of the annual maximum to the winter-months lead 

to a dampening in the year-long signal and accordingly to 
smaller increases in return levels. 

3.4 � Atmospheric drivers

What drives the change in ESL statistics? With the long-
term background state removed, it is the meteorological 
conditions such as changes in wind speed or direction, the 
frequency of severe storms, both locally and large-scale, and 
pressure patterns that govern the atmospheric surge compo-
nent of sea level.

Several studies have investigated the changes in European 
wind climate (for a review see Feser et al. 2015). Although 
an overall tendency for a poleward shift in storm activity is 
emerging, regional and model-dependent deviations from 
this large scale picture stress that the confidence in future 
changes in wind climate in Europe remains “relatively low” 
(Christensen et al. 2007). As a main driver of surge levels, 
we here investigate changes in the regional 10 m wind cli-
mate as well as the large-scale storminess and the prevailing 
storm track categories.

3.4.1 � Regional wind climate

The change in regional wind climate, expressed as the 
ensemble mean winter maximum (i.e., RV

1y ) wind speed 
change between high and low CO

2
 worlds based on annual 

maximum 10 m wind speeds is shown in Fig. 9 (top left). 
Predominant westerly winds in the North Sea are stronger 
in the high-CO

2
 world, while the opposite is true for parts 

of Southern Europe and the Mediterranean. The Northern 
Atlantic and parts of central Europe do not show significant 
signals. The annual maximum corresponds to approx. 22 
m/s, i.e., around nine Beaufort, and should thus be a good 
measure of storminess. The 30-year return levels ( RV

30y ) 
of winter maximum wind speeds show a similar picture 
with an even stronger signal, although the statistical sig-
nificance is more regionally confined. Yet, in the North 
Sea, statistically significant positive climate change signals 
in the regional wind climate are evident. With an increase 
in magnitude, also the predominant winter maximum wind 
direction changes slightly with rising atmospheric CO

2
 con-

centrations, from WNW towards more more zonal W winds 
(Fig. 10). That is, the westerly winds which are responsible 
mainly for ESLs along the eastern part of the German Bight, 
i.e., the western German and Danish coasts, are becoming 
more frequent. This feature is consistent with the spatial 
pattern of the ESL changes, which show strongest climate 
change signals along these coasts. In summer, the simulation 
shows a regionally consistent and significant reduction in 
extreme wind speeds, both for RV

1y . and RV
30y (see Supple-

mentary Fig. S.2). The predominant wind direction during 
summer does also change slightly, yet other than in winter 

Fig. 7   Histograms of seasonality of ESLs at Cuxhaven in terms of 
1-year return periods (top) and 30-year return periods (bottom)

Fig. 8   Seasonal climate change signals for ESLs of different return 
levels at Cuxhaven. Lines are dashed for ESL responses outside the 
95% confidence ranges equivalent to Fig. 4b



	 A. Lang, U. Mikolajewicz 

1 3

rather towards more northerly directions (see Supplementary 
Fig. S.3). The winter shift to stronger winds in the south-
ern North Sea is consistent with results from studies by, 
e.g., (Beniston et al. 2007; Pinto et al. 2007) or Weisse et al. 
(2014) who, using a set of regional climate models (RCM) 
driven by ECHAM4 and HadAM3H, and ECHAM5 output 
respectively, found an increase in storm activity and in the 
wind climate over North and Baltic Seas. Similar increases 
of higher percentiles of westerly wind directions in the 
Southern North Sea have also been reported by Gaslikova 
et al. (2013) and Ganske et al. (2016) for different RCMs 

and the A1B scenario, although most changes in the latter 
were statistically insignificant. Concerning the more extreme 
wind speeds, however, (De Winter et al. 2013) found no 
significant change in the annual maximum wind speed in 
the North Sea from output of 12 CMIP5 models, with the 
here-used MPI-ESM showing no significant to slight posi-
tive changes in the southern North Sea. With respect to the 
12 employed models which exhibit a range from signifi-
cantly negative to significantly positive responses, the MPI-
ESM ranks with its moderately positive response among the 
upper third of the employed models, with 3 GCMs showing 
a stronger response. However, with only three realizations, 
the sampling of internal variability may become a problem 
for the rather low signals in wind speed extremes.

3.4.2 � Large‑scale storminess

The large-scale storminess has been investigated using 2–5-
day bandpass-filtered (Blackmon 1976) sea-level-pressure 
variance. The resulting change between high and low CO

2
 

worlds shows an intensification of the North Atlantic storm 
belt in winter, esp. between 45◦ and 60◦ N in the northeastern 
Atlantic, as well as a shift towards a more zonal storm belt 
(Fig. 11). Again, the summer response is of opposite sign, 
with a broad reduction in storminess, although the change is 
smaller in absolute numbers (see Supplementary Fig. S.4). 
This seasonally opposing pattern is consistent with the sea-
sonality of the ESL change and the increase in storm flood 
magnitude in (late) winter.

Fig. 9   Regional change (high–low CO
2
 world) in winter maximum 10-m wind speeds with wind vectors for 1-year return periods (left) and 

30-year return periods (right). Areas not significant at the 95% confidence level are striped out

Fig. 10   Wind directions of winter maximum 10 m winds in a low 
and high CO

2
 world (top) and their difference (bottom) at the location 

indicated in Fig. 9
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Generally, there is a consistent cascade from changes in 
the large-scale storm climate towards changes in regional 
winds, which eventually produces a response in the statis-
tics of ESLs. The response patterns of winter and summer 
seasons oppose each other; however, since North Sea wind 
speeds and ESLs are highest in the winter months, the yearly 
response of maximum wind speeds broadly follows the win-
ter response.

3.4.3 � Storm tracks

High ESLs in the German Bight are a result of storm floods 
induced by cyclones that travel from the North Atlantic into 

the North Sea and thereby generate large onshore winds that 
pile up water against the coast. Several authors have clas-
sified such storm-flood inducing strong cyclones according 
to their tracks. Analysing strong cyclones that led to severe 
storm floods registered at the Cuxhaven gauge since 1900, 
(Kruhl 1978) categorized them into two main types, the 
“North-West Type” and “West and South-West Type”.

To investigate potential changes in the dominant storm 
track types, we perform a lagged Empirical Orthogonal 
Function (EOF) analysis (Weare and Nasstrom 1982) on 
SLP anomalies for each ESL event over the entire simula-
tion period at Cuxhaven, with lead times of zero, 24 and 
48 h. SLP anomalies have been calculated with respect to 
the winter-climatology. The advantage of a lagged EOF (or 
often ’extended EOF’) analysis is that it incorporates both 
spatial and temporal patterns and can thus unravel dynami-
cal structures such as propagating structures or oscillations.

The first EOF (Fig. 12) explains 60% of the variance 
and shows the predominant storm track with a path from 
Iceland over the southern Norwegian Sea towards southern 
Scandinavia. This track fits the “North-West Type” category 
and has been found to be responsible for most of the storm 
floods in the German Bight (Gerber et al. 2016; Ganske et al. 
2018). The second and third EOFs show deviations from 
this track, e.g., a more northern or southern track (see Sup-
plementary Figures S.6 and S.6).

By analysing the distribution of the corresponding prin-
cipal components during both low and high CO

2
 states, one 

can identify temporal changes in their relative frequency, 
and hence potentially shifts in the importance of each track 

Fig. 11   Large-scale change of winter storminess (2–5-day Blackmon-
filtered SLP). Black lines show the climatology in the low CO

2
 world

Fig. 12   Top: first lagged EOF 
of the hourly SLP field during 
ESL events with lead-time 48, 
24 and 0 h. Bottom: histograms 
(left, mean indicated as vertical 
line) and quantile-quantile plot 
of the corresponding first prin-
cipal component (1.PC) for low 
and high CO

2
 states
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type. Figure 12 shows histograms of the corresponding first 
principal component (PC1) for both low and high CO

2
 states. 

It can be seen that the distribution shifts towards more posi-
tive values (significant on the 95% confidence level using 
a two-sided student-t test). The quantile–quantile plot sug-
gests that this shift is partly due to an increase in the fre-
quency of highest absolute values increases. This suggests 
that storms of this North–West-Type become more severe 
with rising atmospheric CO

2
 levels. The statistics of the next 

PCs remains similar, indicating that there is—other than an 
intensification in the dominating track type—no change in 
the relative predominance of storm track types.

4 � Discussion

The increase in ESL heights with rising atmospheric CO
2
 

is qualitatively consistent with the results from, e.g., (Lowe 
et al. 2001; Woth et al. 2006; Debernard and Røed 2008; 
Gaslikova et al. 2013) or Vousdoukas et al. (2017). Yet, 
these studies differ in the experimental design as they used 
barotropic storm surge models driven by atmospheric GCM 
data, in contrast to the coupled GCM-RCM setup described 
here. Further, given their smaller ensemble size, the increase 
in ESL heights is (1) statistically not distinguishable from 
internal variability (e.g., Gaslikova et al. 2013; Debernard 
and Røed 2008; Langenberg et al. 1999; Flather and Smith 
1998; Sterl et al. 2009; von Storch and Reichardt 1997, or 
(2) only evident for more moderate ESLs with return periods 
of the order of magnitude of 1 year (Woth et al. 2006; Lowe 
et al. 2001). Here, we find statistically significant climate 
change signals of up to 30–40 cm in ESLs of return periods 
of up to approx. 30 years, with largest differences confined 
to the eastern German Bight (North Frisian Islands) and the 
Danish coast. These increases are in agreement with Vous-
doukas et al. (2017) who used a hydrodynamic model forced 
by an 8-member climate model ensemble for RCP8.5. The 
spatial climate change response pattern of ESLs found here 
is consistent with the prevailing westerly wind directions 
during storms and their increase in magnitude in the high-
CO

2
 world.

The simulated increase in ESLs, independent of any cli-
mate-related background sea level rise, stresses the impor-
tance of foresighted planning of coastal defense structures 
and other adaptation measures. At the same time, the large 
ESL variability of individual members suggests that inter-
annual to multidecadal deviations from the pooled ensem-
ble signal are possible and may in fact mask an expected 
increase in ESL heights in the short term, or worse, over-
shoot an expected ESL pathway. This is especially evident 
for the upper tail of the ESL distribution, i.e., for floods 
of return periods of 50 years and more. Such multidecadal 
variability in ESLs might be related to variations in the 

large-scale atmospheric modes such as the NAO (Hurrell 
1995) or other NAO-like patterns that have been linked to 
ESLs in the German Bight (Dangendorf et al. 2014; Lang 
and Mikolajewicz 2019).

4.1 � ESL changes in the context of sea level rise

The results presented above only consider the relative change 
of ESL statistics and do not account for a sea level rise due 
to changes in volume, through, e.g., thermal expansion, the 
melting of ice caps or vertical land movement. Inclusion of 
these processes will, additionally to the presented changes in 
ESL statistics, lead to a shift of the entire sea level distribu-
tion, and thus amplify the rise in ESL heights.

To illustrate what such a superposition of background 
sea level rise (SLR) could effectively mean for probabilis-
tic flood events in the German Bight region, we extend the 
analysis of return period changes in Sect. 3.1 by including 
estimates of SLR until the end of the century. With atmos-
pheric CO

2
 concentrations of about 1200 ppm and a change 

in GMST of more than four degrees at the end of the 150 
years of simulation, the here underlying 1pctCO2 scenario 
is an idealized, yet— considering current emission path-
ways—rather drastic emission scenario. To set the results of 
the above analysis into the context of a more commonly used 
scenario, we translate the estimates of our 1pctCO2 simula-
tion into the IPCC’s RCP8.5 pathway by scaling them with 
GMST. That is, we calculate the change in ESLs not only 
until the end of the 150-year simulation period, but until the 
year when the GMST of 1pctCO2 ensemble mean equals the 
one from the corresponding RCP8.5 ensemble simulations. 
As sea level is expected to change differently over the globe, 
we use gridded estimates of end-of-the-century sea level 
rise for each component from (Carson et al. 2016), which is 
partly based on Slangen et al. (2014). These different com-
ponents of the SLR comprise thermosteric and dynamic sea 
level (both taken from our simulation in year 125), as well 
as contributions from ice sheets of Antarctica and Green-
land, melting of glaciers, glacial isostatic adjustment (GIA) 
and groundwater depletion (see Table 1). These estimates 
are similar to the IPCC AR5 (Church et al. 2013), but with 
a considerable upward correction concerning the dynamic 
ice contribution from Antarctica (see IPCC 2019). Together 
they result in around 0.9 m of SLR in the southern North Sea 
at the end of the century. Note though that all contributions, 
especially the GIA estimates, show considerable regional 
differences in the exact numbers. Comparing this number 
with the climate change signals from Sect. 3.1, shows that 
the magnitude of ESL changes alone without considering a 
SLR lies, at least at the coast, at around half of the region’s 
end-of-the-century SLR estimate.

Without considering a change in ESL statistics, i.e., by 
simply shifting the distribution by the SLR estimate as often 
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done for extreme sea level projections, for example in the 
IPCC SROCC (2019), a 50-year event would be reached 
every 10–5 years along the German Bight coast (Fig. 13a). 
Note that the SLR estimate corresponds to the IPCC’s rather 
conservative “best estimate”. Using the upper estimate 
with the highly uncertain contribution from the Antarctic 
ice sheet would yield an even stronger reduction in return 
periods.

However, by considering SLR together with the above 
described changes in ESL statistics, the climate change 
impact on return periods becomes even more drastic. Since it 
has been shown that a rise in BSL can, to a first approxima-
tion, be added linearly onto the atmosphere-induced water 
levels (Lowe and Gregory 2005; Sterl et al. 2009), we add 
the gridded SLR estimates onto the change in return period 
of a preindustrial 50-year return level (compare Fig. 5) until 
the RCP8.5 end-of-century equivalent year 125. The result-
ing change in the return period of a preindustrial 50-year 
return level is shown in Fig. 13b. Along the German Bight 
coast, a preindustrial 50-year event could thus be reached 
every five to three years at the end of the century. Note that 
the change factors are strongly determined by the local ESL 
variability: Locations along the coast where absolute ESLs 
are highest will experience rather moderate relative changes 
in return periods. Further offshore, SLR will exceed the here 
relatively low annual maximum values, hence leading to 
comparably high change factors. Yet, even along the coast, 
the return periods decrease by a factor of 10–20, thus leading 
to twice as high change factors as for SLR only. Accordingly, 
the 50-year return level would rise by more than 1 m if both 
BSL and ESL changes are considered. This underlines the 
importance of considering both ESL and BSL changes. A 
simple shift of the past sea level distribution to a higher 
mean could thus result in large and potentially costly errors.

4.2 � Limitations

Two main caveats that add uncertainty to the presented 
results are introduced by (1) the model system and (2) the 
extreme value sampling.

Concerning (1), the ocean model used in this study has 
with a horizontal resolution of up to 9 km in the German 
Bight a relatively high resolution compared to traditional 
global ocean models. Yet, it is still too coarse to resolve local 
details of coastline and bottom topography. Similarly, its 
uppermost layer thickness of 16 m cannot resolve the finer 
vertical structures of the predominantly shallow waters in 
most coastal parts of the German Bight, especially along 
the flatter Wadden Sea coast. Here, the shallow waters and 
the strong tidal oscillations lead to coastline changes that 
are not accounted for in this model study. A direct com-
parison between simulated and observed sea levels should 
therefore be treated with caution. However, using data from 
the tide gauge record at Cuxhaven, (Lang and Mikolajewicz 
2019) have shown that the regionally coupled climate system 
model REMO-MPIOM adequately simulates extreme sea 
level variations. Furthermore, although the large ensemble 
size enables an adequate sampling of the large internal varia-
bility, the choice of a single GCM-RCM model chain implies 
that the here presented results may be model dependent and 
thus that potential biases in the parent GCM could feed into 

Table 1   Magnitude of SLR components in the German Bight at the 
end of the century under RCP8.5

SLR component SLR [m] Source

Thermosteric 0.25 REMO-MPIOM
Dynamic 0.15 REMO-MPIOM
Antarctica 0.17 Carson et al. (2016)
Greenland 0.01 Carson et al. (2016)
Groundwater storage 0.04 Carson et al. (2016)
GIA 0.14 Carson et al. (2016)
Glaciers 0.16 Carson et al. (2016)

Fig. 13   End-of-the-century RCP8.5 equivalent return period of the 
preindustrial 50-year return level, estimated from a considering SLR 
only, and b from considering both SLR and a change in ESL statistics
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the downscaled results. As the comparison of the climate 
change response in extreme winds of 12 different GCM 
in De Winter et al. (2013) has shown, MPI-ESM shows 
an above-average, but only moderately positive response 
in the southern North Sea under scenario RCP8.5, with 
other employed GCMs showing both weaker and stronger 
responses. Thus, the results based on our analysis can be 
viewed as fairly plausible in the context of other GCMs.

Concerning the processes between the different sea level 
components, the non-linear interactions between tide, surge 
and mean sea level can be important, especially in shallow 
waters (e.g., Idier et al. 2019). While the tide-surge interac-
tion (Horsburgh and Wilson 2007) is accounted for in this 
study, the effect of a rising mean sea level onto tide and 
surge, and their interaction is not taken into account here. 
For instance, a deeper sea can lead to shifts of the amphi-
dromic points and further changes in the tidal range (Kauker 
and von Storch 2000; Plüß 2004). Also, surges diminish with 
a rise in sea level due to the decreased effect of surface wind 
stress on the water column (Arns et al. 2015). Yet, model 
experiments support the approximation of a linear super-
position of surge and mean sea level (Lowe and Gregory 
2005; Sterl et al. 2009; Howard et al. 2010), suggesting that 
mean sea level rise and surge can simply be added together 
and the changes in the two components studied separately, 
as done here. Finally, we have not considered the contribu-
tion to extreme sea levels from coastal waves, which add an 
additional hazard to coastal ecosystems.

Concerning (2), it has been shown that different meas-
ures of extreme events are sensitive to the choice of extreme 
value sampling index (e.g., Wahl et al. 2017). Several tech-
niques have been applied to characterize ESL, from the use 
of block maxima (Méndez et al. 2007; Marcos et al. 2009) 
over percentiles (Woodworth and Blackman 2004; Dangen-
dorf et al. 2013), to the selection of events over a given 
threshold (Méndez et al. 2006). The choice of the respective 
selection definition essentially represents a trade-off between 
bias (too many sampled extremes) and variance (too few 
sampled extremes) for the estimates. Here, we have tested 
several approaches, leading to no qualitative difference to the 
presented results. The choice of the block maxima method to 
represent ESLs has the advantage that it is robust to tempo-
ral variations in their magnitude. Instead of relative defini-
tions such as ’surge residual’ or ’skew surge’ we here use a 
’direct’ method for sampling ESLs, because it eliminates the 
need to differentiate between tidal and surge parts and their 
nonlinear interaction. Further, as most studies with small 
ensembles rely on much fewer sampled events, an extrapo-
lation by fitting an assumed extreme value distribution is 
common practice. Yet again, the choice of different extreme 
value distribution fits onto the same data can lead to sub-
stantial differences in the estimated extreme value indices 
(Wahl et al. 2017). In contrast, the large sample of extreme 

values due to the ensemble approach here allows the direct 
computation of extreme indices without the need to rely on 
such parametric methods.

Finally, it should be noted that irreducible uncertainties 
in future sea level extremes will remain regarding emission 
scenario (rather important in the long-term) and initial con-
ditions representing the internal variability of both BSL and 
atmosphere-induced ESL variations as well as their regional 
variations (rather important in the short term).

5 � Summary and conclusion

In this study we quantified the changes in North Sea extreme 
sea level statistics using a large ensemble of transient cli-
mate change simulations, downscaled with a coupled climate 
system model focusing on the southern North Sea. The 32 
ensemble members have produced a large enough sample for 
a more robust analysis of higher extreme values, which can 
give new insights into future changes of the often desired 
high-impact-low-probability events. At the same time, the 
coupled climate model approach with a global ocean allows 
the free propagation of signals from the North Atlantic to the 
North Sea as well as a consistent analysis of related drivers 
in the climate system.

Specifically, we have found that ESL heights increase in 
terms of return levels, with significant changes for return 
periods of up to approx. 30 years. The change is most pro-
nounced in the winter season, while the summer shows an 
opposite response as ESL heights reduce with increasing 
atmospheric CO

2
 concentrations. Analysing changes in 

the underlying atmospheric drivers, we found that these 
changes in ESL statistics are mainly driven by a cascade 
of a large-scale, hemispheric response (increased activity 
along the North Atlantic storm belt) to a regional increase in 
wind speed maxima, eventually leading to changes in surge 
heights and ESL statistics. The seasonality of changes in 
ESL statistics is also evident in the response of atmospheric 
drivers.

Extreme high sea levels will thus not only scale with 
the expected change in BSL, but may become even more 
extreme due to a widening of the sea level distribution. The 
resulting change in ESL alone accounts hereby for around 
half of what we expect the background sea level to rise in 
the region. A high temporal variability on interannual to 
multidecadal scales, particularly of the highest extreme val-
ues, though may complicate the picture in reality, as the 
variations in a single realization—or the real world for that 
matter—may temporally exceed or counteract the climate 
change signal. Opposing seasonal patterns suggest that the 
time of largest ESLs will become more confined to the win-
ter months in a future warmer world.
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Even though the 1pctCO2 scenario can be regarded as an 
idealized scenario, the qualitative conclusions can still hold 
for present-day emission pathways and thus be of use for 
decision-making in coastal protection. The combined effect 
of mean and extreme sea level rise could surpass traditional 
estimates based on a simple shift of the sea level distribu-
tion. This implies that ESL conditions as during preindus-
trial times may occur almost every year at the end of the 
century and thus stresses the necessity of timely adaptation 
and coastal protection measures.

Acknowledgements  Open access funding provided by Projekt DEAL. 
The research was supported by the Max Planck Society and by the 
German Research Foundation (DFG) funded project SEASTORM 
under the umbrella of the Priority Program SPP-1889 “Regional Sea 
Level Change and Society” (Grant no. MI 603/5-2). Coastal sea level 
change data is distributed in netCDF format by the Integrated Climate 
Data Center (ICDC, http://icdc.cen.uni-hambu​rg.deicd​c.cen.uni-hambu​
rg.de) University of Hamburg, Germany. We acknowledge the German 
Climate Computing Center (DKRZ) for providing the necessary com-
putational resources. Finally, we thank S. Milinksi for his constructive 
comments and remarks which helped to improve this paper.

Compliance with ethical standards 

 Conflict of interest  The authors declare that they have no conflict of 
interest.

Open Access  This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, 
provide a link to the Creative Commons licence, and indicate if changes 
were made. The images or other third party material in this article are 
included in the article’s Creative Commons licence, unless indicated 
otherwise in a credit line to the material. If material is not included in 
the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will 
need to obtain permission directly from the copyright holder. To view a 
copy of this licence, visit http://creat​iveco​mmons​.org/licen​ses/by/4.0/.

References

Arns A, Wahl T, Dangendorf S, Jensen J (2015) The impact of sea level 
rise on storm surge water levels in the northern part of the german 
bight. Coast Eng 96:118–131

Beniston M, Stephenson DB, Christensen OB, Ferro CA, Frei C, Goy-
ette S, Halsnaes K, Holt T, Jylhä K, Koffi B et al (2007) Future 
extreme events in european climate: an exploration of regional 
climate model projections. Clim Change 81(1):71–95

Blackmon ML (1976) A climatological spectral study of the 500 mb 
geopotential height of the northern hemisphere. J Atmos Sci 
33(8):1607–1623

Buchanan MK, Oppenheimer M, Kopp RE (2017) Amplification of 
flood frequencies with local sea level rise and emerging flood 
regimes. Environ Res Lett 12(6):064,009

Calafat FM, Chambers DP, Tsimplis MN (2012) Mechanisms of dec-
adal sea level variability in the eastern North Atlantic and the 
Mediterranean Sea. J Geophys Res Oceans 117(C9)

Camphuysen CJ, Leopold MF (1994) Atlas of seabirds in the southern 
north sea. Technical report. NIOZ, Texel

Carson M, Köhl A, Stammer D, Slangen A, Katsman C, Van de Wal 
R, Church J, White N (2016) Coastal sea level changes, observed 
and projected during the 20th and 21st century. Clim Change 
134(1–2):269–281

Chen X, Dangendorf S, Narayan N, O’Driscoll K, Tsimplis MN, Su 
J, Mayer B, Pohlmann T (2014) On sea level change in the north 
sea influenced by the north atlantic oscillation: local and remote 
steric effects. Estuar Coast Shelf Sci 151:186–195

Christensen JH, Carter TR, Rummukainen M et al (2007) Evaluating 
the performance and utility of regional climate models: the PRU-
DENCE project. Clim Change 81:1–6. https​://doi.org/10.1007/
s1058​4-006-9211-6

Church J, Clark P, Cazenave A, Gregory J, Jevrejeva S, Levermann 
A, Merrifield M, Milne G, Nerem R, Nunn P, et al. (2013) Sea 
level change. climate change 2013: the physical science basis. 
In: Contribution of working group I to the fifth assessment 
report of the intergovernmental panel on climate change. Cam-
bridge University Press, Cambridge, United Kingdom and New 
York, NY, USA pp 1137–1216

Coles S, Bawa J, Trenner L, Dorazio P (2001) An introduction to 
statistical modeling of extreme values, vol 208. Springer, Berlin

Dangendorf S, Mudersbach C, Jensen J, Anette G, Heinrich H (2013) 
Seasonal to decadal forcing of high water level percentiles in the 
german bight throughout the last century. Ocean Dyn 63(5):533–548

Dangendorf S, Mudersbach C, Wahl T, Jensen J (2013) Characteris-
tics of intra-, inter-annual and decadal sea-level variability and 
the role of meteorological forcing: the long record of cuxhaven. 
Ocean Dyn 63(2–3):209–224

Dangendorf S, Wahl T, Nilson E, Klein B, Jensen J (2014) A new 
atmospheric proxy for sea level variability in the southeastern 
north sea: observations and future ensemble projections. Clim 
Dyn 43(1–2):447–467

Debernard JB, Røed LP (2008) Future wind, wave and storm surge 
climate in the northern seas: a revisit. Tellus A Dyn Meteorol 
Oceanogr 60(3):427–438

De Winter R, Sterl A, Ruessink B (2013) Wind extremes in the north 
sea basin under climate change: an ensemble study of 12 cmip 
5 gcms. J Geophys Res Atmos 118(4):1601–1612

Ezer T, Haigh ID, Woodworth PL (2016) Nonlinear sea-level trends 
and long-term variability on western european coasts. J Coast 
Res 32(4):744–755

Feser F, Barcikowska M, Krueger O, Schenk F, Weisse R, Xia L 
(2015) Storminess over the north atlantic and northwestern 
europe–a review. Q J R Meteorol Soc 141(687):350–382

Flather R, Smith J (1998) First estimates of changes in extreme storm 
surge elevations due to the doubling of co sub (2). Global Atmos 
Ocean Syst 6(2):193–208

Ganske A, Tinz B, Rosenhagen G, Heinrich H (2016) Interannual 
and multidecadal changes of wind speed and directions over 
the north sea from climate model results. Meteorologische 
Zeitschrift 25:463–478

Ganske A, Fery N, Gaslikova L, Grabemann I, Weisse R, Tinz B 
(2018) Identification of extreme storm surges with high-impact 
potential along the german north sea coastline. Ocean Dyn 
68(10):1371–1382

Gaslikova L, Grabemann I, Groll N (2013) Changes in north sea 
storm surge conditions for four transient future climate realiza-
tions. Nat Hazards 66(3):1501–1518

Gerber M, Ganske A, Müller-Navarra S, Rosenhagen G (2016) Cat-
egorisation of meteorological conditions for storm tide episodes 
in the German bight. Meteorologische Zeitschrift 25:447–462

Giorgetta M, Roeckner E, Mauritsen T, Stevens B, Bader J, Crueger 
T, Esch M, Rast S, Kornblueh L, Schmidt H et al (2012) The 

http://icdc.cen.uni-hamburg.deicdc.cen.uni-hamburg.de
http://icdc.cen.uni-hamburg.deicdc.cen.uni-hamburg.de
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1007/s10584-006-9211-6
https://doi.org/10.1007/s10584-006-9211-6


	 A. Lang, U. Mikolajewicz 

1 3

atmospheric general circulation model echam6. Model descrip-
tion. Max Planck Institution for Meteorology, Hamburg

Gönnert G, Sossidi K (2011) A new approach to calculate extreme 
storm surges. Irrig Drain 60:91–98

Hinkel J, Jaeger C, Nicholls RJ, Lowe J, Renn O, Peijun S (2015) 
Sea-level rise scenarios and coastal risk management. Nat Clim 
Change 5(3):188

Horsburgh KJ, Wilson C (2007) Tide-surge interaction and its role in 
the distribution of surge residuals in the North Sea. J Geophys 
Res Oceans 112(C8)

Howard T, Lowe J, Horsburgh K (2010) Interpreting century-scale 
changes in southern north sea storm surge climate derived from 
coupled model simulations. J Clim 23(23):6234–6247

Hurrell JW (1995) Decadal trends in the North Atlantic Oscillation: 
regional temperatures and precipitation. Science 269:676–679

Idier D, Bertin X, Thompson P, Pickering MD (2019) Interactions 
between mean sea level, tide, surge, waves and flooding: mecha-
nisms and contributions to sea level variations at the coast. Surv 
Geophys 40(6):1603–1630

IPCC (2019) IPCC special report on the ocean and cryosphere in a 
changing climate. In: Poertner H-O, Roberts DC, Masson-Del-
motte V, Zhai P, Tignor M, Poloczanska E, Mintenbeck K, Alegria 
A, Nicolai M, Okem A, Petzold J, Rama B, Weyer NM (eds) 
Technical report, IPCC (In press)

Jacob D, Podzun R (1997) Sensitivity studies with the regional climate 
model remo. Meteorol Atmos Phys 63(1–2):119–129

Jensen J, Frank T, Wahl T (2011) Analyse von hochaufgelösten tide-
wasserständen und ermittlung des msl an der deutschen nord-
seeküste (amsel). Die Küste 78(78):59–163

Jungclaus J, Fischer N, Haak H, Lohmann K, Marotzke J, Matei D, 
Mikolajewicz U, Notz D, Storch J (2013) Characteristics of 
the ocean simulations in the max planck institute ocean model 
(mpiom) the ocean component of the mpi-earth system model. J 
Adv Model Earth Syst 5(2):422–446

Kauker F, von Storch H (2000) Regionalization of climate model 
results for the north sea. In: Externer Bericht der GKSS, GKSS 
2000/28

Kruhl H (1978) Sturmflutwetterlagen. Promet 8(4):6–8
Langenberg H, Pfizenmayer A, Von Storch H, Sündermann J (1999) 

Storm-related sea level variations along the north sea coast: 
natural variability and anthropogenic change. Cont Shelf Res 
19(6):821–842

Lang A, Mikolajewicz U (2019) The long-term variability of extreme 
sea levels in the german bight. Ocean Sci 15:651–668

Lowe J, Gregory JM, Flather R (2001) Changes in the occurrence of 
storm surges around the united kingdom under a future climate 
scenario using a dynamic storm surge model driven by the hadley 
centre climate models. Clim Dyn 18(3–4):179–188

Lowe J, Gregory J (2005) The effects of climate change on storm surges 
around the united kingdom. Philos Trans R Soc Lond Math Phys 
Eng Sci 363(1831):1313–1328

Maher N, Milinski S, Suarez-Gutierrez L, Botzet M, Kornblueh L, Takano 
Y, Kröger J, Ghosh R, Hedemann C, Li C et al (2019) The max 
planck institute grand ensemble-enabling the exploration of climate 
system variability. J Adv Model Earth System 11:2050–2069

Marcos M, Tsimplis MN, Shaw AGP (2009) Sea level extremes in 
southern Europe. J Geophys Res Oceans 114(C1)

Marsland SJ, Haak H, Jungclaus JH, Latif M, Roeske F (2003) The 
max-planck-institute global ocean/sea ice model with orthogonal 
curvilinear coordinates. Ocean Model 5(2):91–127

Mathis M, Elizalde A, Mikolajewicz U (2018) Which complexity 
of regional climate system models is essential for downscaling 
anthropogenic climate change in the northwest european shelf? 
Clim Dyn 50(7–8):2637–2659

MELUR (2012) Generalplan küstenschutz des landes schleswig-hol-
stein. Technical report, Fortschreibung

Méndez FJ et al (2006) Estimation of the long-term variability of 
extreme significant wave height using a time-dependent peak over 
threshold (pot) model. J Geophys Res Oceans 111(C7)

Méndez FJ, Menéndez M, Luceño A, Losada IJ (2007) Analyzing 
monthly extreme sea levels with a time-dependent gev model. J 
Atmos Ocean Technol 24(5):894–911

Mikolajewicz U, Sein DV, Jacob D, Königk T, Podzun R, Semmler 
T (2005) Simulating arctic sea ice variability with a coupled 
regional atmosphere-ocean-sea ice model. Meteorologische 
Zeitschrift 14(6):793–800

Plüß A (2004) Nichtlineare wechselwirkung der Tide auf Änderun-
gen des Meeresspiegels im Übergangsbereich Küste/Ästuar am 
Beispiel der Elbe. In: Gönnert G, Grassl H, Kelletat D, Kunz H, 
Probst B, Von Storch H, Sündermann J (eds) Klimaänderung und 
Küstenschutz, Universität Hamburg, pp 129–138

Pinto JG, Ulbrich U, Leckebusch G, Spangehl T, Reyers M, Zacharias 
S (2007) Changes in storm track and cyclone activity in three sres 
ensemble experiments with the echam5/mpi-om1 gcm. Clim Dyn 
29(2–3):195–210

Pugh DT (1987) Tides, surges and mean sea-level. Wiley, Hoboken, p 472
Sein DV, Mikolajewicz U, Gröger M, Fast I, Cabos W, Pinto JG, 

Hagemann S, Semmler T, Izquierdo A, Jacob D (2015) Region-
ally coupled atmosphere-ocean-sea ice-marine biogeochemistry 
model rom: 1. Description and validation. J Adv Model Earth 
Syst 7(1):268–304

Slangen A, Carson M, Katsman C, Van de Wal R, Köhl A, Vermeersen 
L, Stammer D (2014) Projecting twenty-first century regional sea-
level changes. Clim Change 124(1–2):317–332

Sterl A, Brink Hvd, Vries Hd, Haarsma R, Meijgaard Ev (2009) An 
ensemble study of extreme storm surge related water levels in the 
north sea in a changing climate. Ocean Sci 5(3):369–378

Thomas M, Sündermann J, Maier-Reimer E (2001) Consideration of 
ocean tides in an ogcm and impacts on subseasonal to decadal 
polar motion excitation. Geophys Res Lett 28(12):2457–2460

Turki I, Massei N, Laignel B (2019) Linking sea level dynamic and 
exceptional events to large-scale atmospheric circulation variabil-
ity: a case of the seine bay, france. Oceanologia 61(3):321–330

Valcke S (2013) The oasis3 coupler: a european climate modelling 
community software. Geosci Model Dev 6(2):373–388

von Storch H, Reichardt H (1997) A scenario of storm surge statistics 
for the german bight at the expected time of doubled atmospheric 
carbon dioxide concentration. J Clim 10(10):2653–2662

Vousdoukas MI, Mentaschi L, Voukouvalas E, Verlaan M, Feyen 
L (2017) Extreme sea levels on the rise along europe’s coasts. 
Earth’s Future 5(3):304–323

Wahl T, Haigh ID, Nicholls RJ, Arns A, Dangendorf S, Hinkel J, Slan-
gen AB (2017) Understanding extreme sea levels for broad-scale 
coastal impact and adaptation analysis. Nat Commun 8:16,075

Weare BC, Nasstrom JS (1982) Examples of extended empirical 
orthogonal function analyses. Mon Weather Rev 110(6):481–485

Weisse R, von Storch H, Niemeyer HD, Knaack H (2012) Changing 
north sea storm surge climate: an increasing hazard? Ocean Coast 
Manag 68:58–68

Weisse R, Bellafiore D, Menéndez M, Méndez F, Nicholls RJ, 
Umgiesser G, Willems P (2014) Changing extreme sea levels 
along european coasts. Coast Eng 87:4–14

Woodworth PL, Blackman DL (2004) Evidence for systematic 
changes in extreme high waters since the mid-1970s. J Clim 
17(6):1190–1197

Woth K, Weisse R, von Storch H (2006) Climate change and north sea 
storm surge extremes: an ensemble study of storm surge extremes 
expected in a changed climate projected by four different regional 
climate models. Ocean Dyn 56(1):3–15

Publisher’s Note  Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.


	Rising extreme sea levels in the German Bight under enhanced  levels: a regionalized large ensemble approach for the North Sea
	Abstract
	1 Introduction
	2 Methods
	2.1 Model system and experimental design
	2.2 Extreme value sampling
	2.3 Change in ESL statistics

	3 Results
	3.1 Climate change response
	3.2 Transient response
	3.3 Seasonality
	3.4 Atmospheric drivers
	3.4.1 Regional wind climate
	3.4.2 Large-scale storminess
	3.4.3 Storm tracks


	4 Discussion
	4.1 ESL changes in the context of sea level rise
	4.2 Limitations

	5 Summary and conclusion
	Acknowledgements 
	References




