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Recognition-based judgments and decisions:
Introduction to the special issue (II)

Julian N. Marewski∗ Rüdiger F. Pohl† Oliver Vitouch‡

1 Introduction

We are pleased to present Part II of this Special Issue
of Judgment and Decision Making on recognition pro-
cesses in inferential decision making. In addition, it is
our pleasure to announce that there will be a third part,
providing, among other contents, comments on the arti-
cles published in Parts I and II as well as on the broader
scholarly debates reflected by these articles (Table 1). We
have therefore decided to keep this introduction to Part II
short.

Part II contains 7 articles, featuring a range of new
experimental tests of Goldstein and Gigerenzer’s (1999,
2002; Gigerenzer & Goldstein, 1996) recognition heuris-
tic, which is the model of recognition-based judgments
and decisions that is central to almost all articles pub-
lished in the parts of this special issue (Table 2). In addi-
tion, Part II presents very early but thus far unpublished
experiments on this heuristic, and a discussion of past and
future research on recognition-based judgments and deci-
sions as well as an outline of challenges for future recog-
nition heuristic research. Let us provide a short overview
of the articles’ contents.

Gigerenzer and Goldstein (1996) proposed the recog-
nition heuristic as a model for situations in which a deci-
sion maker has to retrieve all available information from
memory—a decision task they dubbed inferences from
memory.1 Following the recognition heuristic, decisions
can be based solely on a person’s recognition judgments,
that is, on a sense of prior encounter with an alternative’s
name (e.g., a car brand’s name). Yet, thus far compar-
atively little research has focused on how the decision
processes assumed by the recognition heuristic tie into
memory processes; for instance into those that determine
whether an alternative’s name is judged as recognized or
not.

The compilation of the three parts of this special issue represents
an adversarial collaboration among the three guest editors.
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Erdfelder, Küpper-Tetzel, and Mattern (2011) aim
to fill this gap (see also, e.g., Pleskac, 2007; Schooler
& Hertwig, 2005) by studying the recognition heuris-
tic from the perspective of a two-high-threshold model
of recognition memory (Bredenkamp & Erdfelder, 1996;
Snodgrass & Corwin, 1988) that belongs to the class
of multinomial processing tree models (Batchelder &
Riefer, 1990; Erdfelder et al., 2009). Following this
two-high-threshold model, Erdfelder et al. (2011) assume
that recognition judgments can arise from two types of
cognitive states: (i) certainty states in which recognition
judgments are strongly correlated with memory strength
(including certainty for recognition with high memory
strength as well as certainty for non-recognition with low
memory strength) and (ii) uncertainty states in which
recognition judgments reflect guessing rather than differ-
ences in memory strength. Erdfelder et al. (2011) re-
port an experiment designed to test the prediction that
the recognition heuristic applies to certainty states only.
Based on their results, they argue that memory states in-
fluence people’s reliance on recognition in binary deci-
sions. Erdfelder et al.’s (2011) article thus not only con-
tributes to the recognition heuristic literature, but also
to the broader field of recognition memory research and
two-high-threshold models in particular (e.g., Bröder &
Schütz, 2009; Erdfelder & Buchner, 1998; Erdfelder,
Cüpper, Auer, & Undorf, 2007).

Glöckner and Bröder (2011) consider a different de-
cision making task than the memory-based inference
situation Erdfelder et al. (2011) study and Goldstein
and Gigerenzer (e.g., 1999; Gigerenzer & Goldstein,
1996) defined as the domain for the recognition heuris-
tic. Specifically, Glöckner and Bröder consider an exper-
imental paradigm where both recognized and unrecog-
nized alternatives’ attributes are laid out openly to a deci-
sion maker, enabling her to access such attributes directly
rather than having to retrieve them from memory. That
participants thus have knowledge about unrecognized al-
ternatives is fundamentally different from the situation
Goldstein and Gigerenzer originally considered, where
unrecognized objects are assumed to be completely novel
to participants. In Glöckner and Bröder’s paradigm, these
attributes of unrecognized and recognized alternatives
can be used as cues for making decisions in addition to
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Table 1: Scholarly debates reflected in the papers of the special issue.

1. How should the adequacy of the recognition heuristic as a model of behavior be assessed?

2. On what sort of recognition process does the recognition heuristic operate?

3. When will the recognition heuristic help decision makers to make accurate inferences about unknown quantities?

4. When will people rely on the recognition heuristic, ignoring other knowledge about alternatives’ attributes, and
when will people switch to other decision strategies instead?

5. How do people know when to choose which decision strategy, and how many strategies are available that they
may choose from in a given situation?

6. What are alternative conceptions to the fast and frugal heuristics framework that do not assume people to make
use of a repertoire of decision strategies?

For more details on the controversial issues see Marewski, Pohl, and Vitouch (2010) and Pohl (in press).

or instead of relying on a sense of recognition of the al-
ternative’s name, resembling, for instance, the type of de-
cision situation consumers may face when buying prod-
ucts on the internet. Glöckner and Bröder test (a) a vari-
ant2 of the recognition heuristic for their experimental
paradigm, as well as (b) a related model of decision mak-
ing, called take-the-best (Gigerenzer & Goldstein, 1996),
and (c) a parallel constraint satisfaction model (Glöck-
ner & Betsch, 2008) against each other. In contrast to
both the frugal recognition heuristic and take-the-best,
this more complex parallel constraint satisfaction model
uses all attributes of an alternative as cues. Glöckner
and Bröder conclude that people’s behavior is better ac-
counted for by the complex parallel constraint satisfac-
tion model than by the recognition heuristic and take-the-
best. Interestingly however, even though all attributes of
both recognized and unrecognized alternatives were di-
rectly accessible to participants, a small proportion of
participants seems to be better modeled by the recogni-
tion heuristic and take-the-best, with the size of this group
depending on the model selection and model classifica-
tion procedures used. Glöckner and Bröder’s article is

2It may be argued that Glöckner and Bröder (2011) did not actu-
ally test the original recognition heuristic model, but rather an interest-
ing extension of it. The recognition heuristic as specified by Goldstein
and Gigerenzer (1999, 2002; Gigerenzer & Goldstein, 1996) has been
defined as a model for inferences from memory. In inferences from
memory, no information about an alternative’s attributes is given to a
decision maker; rather all information has to be retrieved from memory.
As people will typically not recall information about alternatives whose
name they do not even recognize, the attributes of unrecognized alter-
natives remain unknown, resulting in the asymmetry of information the
recognition heuristic exploits. The editors did not fully agree among
themselves whether the model Glöckner and Bröder test actually repre-
sents the recognition heuristic as originally specified by Goldstein and
Gigerenzer, because they interpret the corresponding definitions in the
aforementioned articles by Goldstein and Gigerenzer in different ways.

exceptional in the recognition heuristic literature, as most
studies on this heuristic did not compare this heuristic’s
ability to predict behavior to that of other models. Specif-
ically, Glöckner and Bröder’s article presents the fourth
model comparison conducted hitherto on the recogni-
tion heuristic (for the three previous model comparisons,
see Marewski, Gaissmaier, Schooler, et al., 2009, 2010;
Pachur & Biele, 2007), and the first model comparison
outside the recognition heuristic’s domain of memory-
based inferences. In memory-based inferences, the three
previous model comparisons had shown the recognition
heuristic to be a better model than several more complex
competing strategies.

Hoffrage (2011) takes us back to the early days of the
recognition heuristic. He reports three experiments, fea-
turing inferences from memory, which were conducted
many years ago, but which led to the “discovery” of the
recognition heuristic in those days (see also Gigerenzer
& Goldstein, 2011). Experiments 1 and 2 aim at disen-
tangling the sampling procedure used to construct an item
set (e.g., a set of car brands) and the resulting item diffi-
culty, which in turn could influence participants’ decision
making. Previous studies had shown that the difficulty of
item sets could be biased due to the item-sampling proce-
dure, thus leading to overconfidence or underconfidence
in paired comparisons. Experiment 1 shows an unex-
pected result. Hoffrage reports that, in order to explain
it, one of his former colleagues proposed that recognition
(and lack thereof) could be exploited to yield high levels
of accuracy. Experiment 2 then uses different materials
and finds that overconfidence could be similarly large for
an easy and a hard set of items. Finally, Experiment 3 pre-
sumably represents the first test of the recognition heuris-
tic. In this experiment, participants’ recognition of city
names is assessed and a paired comparison task of cities
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Table 2: The recognition heuristic and the fast and frugal heuristics framework.

The recognition heuristic is only one of several simple decision strategies that have been developed
within the fast and frugal heuristics framework (Gigerenzer, Todd, & the ABC Research Group,
1999; for recent overviews, see Marewski, Gaissmaier, & Gigerenzer, 2010; for a critical discussion,
see Dougherty, Franco-Watkins, & Thomas, 2008). In keeping with other frameworks (e.g., Hogarth
& Karelaia, 2007; Payne, Bettman, & Johnson, 1993), this approach to judgment and decision
making assumes that the mind comes equipped with a repertoire of strategies, each of which is
hypothesized to exploit how basic cognitive capacities, such as recognition memory, represent
regularities in the structure of our environment. This exploitation of basic cognitive capacities
and environmental structure enables the heuristics to yield accurate judgments based on little
information, for example, a sense of recognition.

Originally, Goldstein and Gigerenzer (1999) formulated the recognition heuristic as a model for
inferences about two alternatives (i.e., two-alternative forced choice tasks or paired comparison
task). Recently, the heuristic has been extended to situations with N alternatives (N > 2; see Frosch,
Beaman, & McCloy, 2007; Marewski, Gaissmaier, Schooler, Goldstein, & Gigerenzer, 2010;
McCloy, Beaman, & Smith, 2008). The extended recognition heuristic reads as follows: If there are
N alternatives, then rank all n recognized alternatives higher on the criterion to be inferred than
the N–n unrecognized ones.

The recognition heuristic can help a person make accurate inferences about an alternative’s (e.g.,
a brand) criterion value (e.g., product quality), when a person’s memories of encounters with al-
ternatives (e.g., brand names) correlate with the criterion values of the alternatives. This is the
case, for example, for recognition of soccer teams and tennis players, which can be used to forecast
their future success in sports competitions (e.g., Serwe & Frings, 2006), as well as for recognition
of billionaires and musicians, which reflects their fortunes and record sales, respectively (Hertwig,
Herzog, Schooler, & Reimer, 2008).

is conducted. The results show a large proportion of de-
cisions made consistent with the recognition heuristic. In
addition, the size of the reference class from which the
cities were drawn appears to be influential. For a larger
reference class (as compared to a smaller one), partici-
pants’ performance is better, while mean confidence and
overconfidence are lower. Hoffrage’s experiments con-
tribute not only to the recognition heuristic literature, but
also to the overconfidence literature (see, e.g., Hoffrage,
2004, for a summary).

Herzog and Hertwig (2011) let us turn from individ-
ual decision making to forecasting. They investigate the
recognition heuristic’s ability to forecast the outcomes of
soccer and tennis competitions, including the World Cup
2006 and UEFA Euro 2008. Specifically, in two stud-
ies and re-analyses of older data sets, they test how well
soccer and tennis matches can be forecasted by counting
how many people recognize players’ names, a strategy
known as the collective recognition heuristic. They com-
pare the forecasting performance of the collective recog-
nition heuristic to benchmarks such as predictions based
on official rankings and aggregated betting odds and con-
clude that predictions based on recognition perform sim-
ilarly to those computed from official rankings and rea-

sonably well when compared to betting odds. Moreover,
they report forecasts based on rankings to be improved
by incorporating collective recognition. Herzog and Her-
twig’s article contributes to the growing literature exam-
ining the recognition heuristic in the context of sports
tournaments (e.g., Pachur & Biele, 2007; Scheibehenne
& Bröder, 2007; Serwe & Frings, 2006; Snook & Cullen,
2006), being one of the most systematic studies thus far
conducted in that area.

Also Gaissmaier and Marewski (2011) focus on eval-
uating the recognition heuristic’s ability to forecast the
outcomes of future events. However, in contrast to Her-
zog and Hertwig (2011), they do not focus on sport
events, but report four studies that test how well count-
ing people’s recognition of political parties’ names allows
forecasting the outcomes of four major German political
elections. Comparing the collective recognition heuris-
tic’s forecasting accuracy to those of classic opinion polls
and forecasts based on the wisdom of crowds, that is,
forecasts generated by aggregating the hunches of people
about the election outcomes, they find that recognition
predicts the outcomes of political elections surprisingly
well. Recognition-based forecasts were most competi-
tive, for instance, when forecasting the smaller parties’
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success. However, wisdom-of-crowds forecasts outper-
formed recognition-based forecasts in most cases. Gaiss-
maier and Marewski conclude that wisdom-of-crowds
forecasts are able to draw on the benefits of recogni-
tion while at the same time avoiding its downsides, such
as lack of discrimination among well-known parties or
recognition caused by factors unrelated to electoral suc-
cess. At the same time, they find that a simple extension
of the recognition-based forecasts—asking people what
proportion of the population would recognize a party in-
stead of whether they themselves recognize it—is able to
eliminate these downsides.

Tomlinson, Marewski, and Dougherty (2011) out-
line four challenges to be met by future recognition
heuristic research and call for a research strategy shift.
They argue that future research should strive to imple-
ment and test the recognition heuristic in the context of
theories of recognition memory, this way defining the
basis of the recognition judgments on which the recog-
nition heuristic operates (see also, e.g., Erdfelder et al.,
2011; Pachur, 2010; Pleskac, 2007; Schooler & Hertwig,
2005). Tomlinson et al. also argue that future recognition
heuristic research should push towards generalizing the
recognition heuristic further beyond the two-alternative
forced choice tasks in which the heuristic is typically
studied (e.g., for first generalizations towards multiple al-
ternatives, see Frosch et al., 2007; Marewski, Gaissmaier,
Schooler, et al., 2010). At the same time, in Tomlin-
son et al.’s view, recognition heuristic research and re-
search on heuristics in general should focus on specify-
ing when people will rely on a given heuristic and when
they will apply other decision strategies instead (see also,
e.g., Glöckner & Betsch, 2010; Marewski, 2010). Finally,
they call for the development and use of multiple methods
for examining people’s reliance on the recognition heuris-
tic, emphasizing that future recognition heuristic research
should test this heuristic competitively against alterna-
tive models in formal model comparisons (see also, e.g.,
Marewski & Olsson, 2009; Marewski, Schooler, et al.,
2010). Tomlinson et al. close by stressing that recognition
heuristic research should not address these challenges in
small, isolated experiments, but rather aim to tackle them
in concert, through a unified theoretical framework—
much as has been advocated by A. Newell (e.g., 1973)
and Anderson (e.g., Anderson et al., 2004) as a general
strategy for psychological research.

Gigerenzer and Goldstein (2011), who proposed the
recognition heuristic more than a decade ago (e.g., Gold-
stein & Gigerenzer, 1999), summarize the growing body
of empirical evidence regarding this heuristic. For in-
stance, they list situations in which people are likely to
make decisions consistent with the recognition heuristic.
They also point out that there have been some misunder-
standings in the past regarding these situations. To illus-

trate this, they stress that the heuristic has been specified
as a model for inferences from memory, and not for in-
ferences where alternatives’ attributes are laid out to a
decision maker. Indeed, most previous studies have fo-
cused on inferences from memory (e.g., B. R. Newell
& Fernandez, 2006; Pachur, Bröder, & Marewski, 2008;
Pohl, 2006; Richter & Späth, 2006; but see e.g., Glöck-
ner & Bröder, 2011; B. R. Newell & Shanks, 2004, for
exceptions). This distinction is important not only theo-
retically, but also in terms of the conclusions that should
be drawn from corresponding experiments: For example,
also in our view, studies outside of the memory-based
paradigm allow to push and test the limits of the recog-
nition heuristic as a model of behavior, but should not be
taken to refute it. Furthermore, Gigerenzer and Goldstein
extend previous formulations of the recognition heuristic
by assuming an evaluation stage prior to a decision stage
(see also Gigerenzer & Brighton, 2009; Marewski, Gaiss-
maier, Schooler, et al., 2010; Pachur & Hertwig, 2006;
Volz et al., 2006). The evaluation stage is hypothesized
to determine whether relying on the recognition heuristic
is ecologically rational for a particular inference, that is,
whether the recognition heuristic helps a decision maker
to behave adaptively, for instance by allowing her to make
accurate inferences. Finally, the authors point to several
open and likely future research questions. To illustrate
this, the role of the recognition heuristic in preference
formation is such a topic, while another one is the role
of recognition in animal cognition.

At the close of this introduction to Part II, we would
like to once more express our gratitude to the many au-
thors who have submitted their impressive work to the
parts of this special issue. We also thank all those who
have acted as reviewers, and especially Jon Baron. As
with the publication of Part I of this special issue, he has
been a tremendous source of help, offering reliable, fast,
thoughtful editorial advice and support throughout the en-
tire process, and helping us to resolve the many scholarly
disagreements we have had while compiling this special
issue.
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