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Chemical cues of female fertility 
states in a non-human primate
Marlen Kücklich   1,2, Brigitte M. Weiß   1,2, Claudia Birkemeyer3, Almuth Einspanier4 & 
Anja Widdig1,2,5

An increasing number of studies suggest that olfaction is important for communication throughout 
the order of primates. Callitrichids, in particular, have well-developed olfactory systems and use 
anogenital glands to produce scent marks. Behavioural studies have shown that male common 
marmosets (Callithrix jacchus) distinguish between odours from the peri-ovulatory and luteal phase of 
females. However, large gaps remain in understanding the chemical underpinnings of olfactory cues. 
To investigate whether chemical cues vary with female fertility and reproductive quality, our study 
combined behavioural bioassays with chemical analyses of the anogenital odours of female common 
marmosets using gas chromatography-mass spectrometry. We found that cycle states, age and parity 
have an impact on chemical profiles and further identified affected chemical substances. Our results 
confirm and expand on previous behavioural evidence for cues of fertility. Our results indicate that 
cycle-related substances likely act as chemical cues. Males could use such olfactory fertility cues to 
optimize their mating effort and thereby increase their paternity certainty. This certainty could enhance 
paternal care for their infants. The results of our study open a promising avenue to find the metabolic 
pathways from which chemical cues of fertility arise and to unravel their importance during primate 
evolution in future comparative studies.

Females of many species signal their fertile phase as well as reproductive quality to attract preferred mating part-
ners1 and, by doing so, enhance their reproductive success2. For example, in several taxa ranging from birds to 
non-human primates, visual, auditory and/or olfactory cues can depict information on body condition, parasite 
resistance or female ovulation3–7. Even in humans, considered to not advertise their fertile phase8, ovulation 
in women seems detectable by men via cues such as the symmetry of paired soft tissues (i.e. ears and digits9), 
ornamentation (i.e. choice of dress10), voice11 and body scents8,12. It was moreover suggested that scents could 
most reliably reflect the fertile state because hormones control the menstrual cycle and at the same time directly 
influence odours13.

For non-human primates, female fertility cues have been examined primarily for visual traits such as skin 
colouration (Macaca mulatta14) or anogenital swellings (Papio anubis15). Furthermore, female copulation calls are 
considered to provide honest information about fertility (Macaca sylvanus16). Olfactory cues were generally less 
studied at least in some primate families, although the existence of prominent visual and auditory traits does not 
predict the absence of olfactory cues17,18. On one hand, primate species can vary in their use of sensory modalities 
and on the other hand, stimuli from different sensory channels can co-occur as ‘redundant’ or ‘non-redundant’ 
multimodal signals19. Indeed, there is increasing evidence from behavioural bioassays (e.g. Saguinus oedipus20) 
as well as some chemical analyses (e.g. Lemur catta21) that scents encode information on fertility in several pri-
mate species. Traits such as rank, age and parity may contribute to the reproductive quality of female primates 
(reviewed in ref.22), whereby age and parity frequently are confounded. While it is known that rank (Callithrix 
jacchus23) and age (Aotus azarae24) influence the scent of female primates, the effect of parity on female scents, 
at least when being independent of age, is not yet known. Furthermore, the chemical changes that provide the 
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basis for olfactory cues of reproductive quality are still largely unknown because of methodological difficulties in 
recording and quantifying olfactory cues25.

Common marmosets (C. jacchus) are highly attractive to study reproductive parameters conveyed via scent. 
Both sexes show scent-marking behaviour with marks composed of secretions from so called ‘specialised’ apocrine 
and sebaceous glands as well as ‘non-specialised’ skin glands, urine, genital tract secretions and faeces23. In addition 
to the main olfactory system, they have a well-developed vomeronasal organ and show hormonal and behavioural 
reactions to scents26. Common marmosets live in extended family groups with a dominant breeding pair and addi-
tional male and female helpers required for successfully raising offspring27. Ziegler et al.26 presumed that the pair 
and family bonding in common marmosets could be maintained by olfactory communication (at close distance). 
Indeed, males increase their mating behaviour during the fertile period of females despite the absence of visual 
signs, which strongly suggests that males detect scents to infer ovulation28. Several studies confirmed that males 
react to peri-ovulatory odours with greater amounts of investigatory behaviour, sexual arousal and mounts23,29, 
but also with neuroendocrine changes30 and activations of brain areas accountable for sexual behaviour31. Hence, 
females seem to provide an olfactory fertility cue which enables males to optimise their mating efforts and thereby 
could increase paternity certainty by mate guarding breeding females during their peri-ovulatory phase28,32. High 
paternity certainty could then enhance paternal care, which improves infant survival32 and therefore increases the 
reproductive success of both males and females. However, even in this well studied species, large gaps remain in 
understanding the chemical underpinnings of olfactory fertility cues which thus are the focus of the present study.

Our study combines behavioural bioassays and chemical analyses of anogenital odours of females using gas 
chromatography-mass spectrometry (hereafter GC-MS). We confirmed and expanded on previous bioassays23,30 
to confirm that males distinguish different cycle states using odours, and predicted males to be more interested in 
scents from females in a peri-ovulatory phase than from females in a follicular or luteal phase. The second focus 
of the study was to identify chemical compounds that potentially constitute female fertility cues as well as other 
indicators of reproductive quality, i.e. age and parity. The identification of fertility-related substances eventually 
provides the opportunity to find the metabolic pathways from which they arise and subsequently to ascertain 
whether they are ‘signals’, whose emission has evolved for communicative purposes, or simple ‘cues’ (see ref.19). 
We therefore collected scent samples from the genital area of twelve female common marmosets of different ages 
and parity over their menstrual cycles. Chemical profiles derived from GC-MS analysis were investigated for 
changes over the menstrual cycle in their composition and overall similarity. We expected an independent effect 
on the chemical profiles for cycle states (i.e. follicular vs. peri-ovulatory vs. luteal), age and parity. The occurrence 
of cycle-specific substances can be expected especially during the peri-ovulatory phase, but also before and after 
ovulation following changes of cycle-associated hormones as found in blackbucks (Antelope cervicapra L.7). Based 
on studies carried out in great apes33, we expected the majority of age-dependent substances to have decreasing 
intensities with increasing age. Due to a lack of comparable studies, an increase or decrease of substance inten-
sities was difficult to predict for parity. During gestation mammals start to produce ‘mammary chemosignals’, 
which seem to decrease near weaning34. However, longer-term changes in secretions could potentially result 
in substances which are only found in primi- and multiparous females. Such changes of chemical compounds 
with cycle states, age and parity could allow males to assess the reproductive fertility and quality of females and, 
accordingly, to adapt their mating behaviour and pair bonding, respectively.

Methods
Animals.  The study was carried out with common marmosets (Callithrix jacchus) from a colony of the Faculty 
of Veterinary Medicine at the University of Leipzig (Germany). All animals lived in pairs or small family groups, 
were trained for regular handling and were fed predominantly with vegetables, fruits, gum arabic and a protein 
source such as meat or eggs35. The animal husbandry protocols were approved by the regional board of Leipzig 
(Reference Number: 24-9168.11/17/68). All experimental procedures were in agreement with the German 
Animal Welfare Act for the care and use of laboratory animals and were approved by the Regional Council of 
Leipzig (TVV 16/15). All methods were performed in accordance with the relevant guidelines and regulations.

Female common marmosets were sampled during three defined menstrual cycle phases: (1) follicular phase 
(samples within three to nine days before ovulation), (2) peri-ovulatory phase (samples from the day of ovulation 
and the two days before) and (3) luteal phase (samples three to 14 days after ovulation). To determine the state of 
the ovarian cycle, ultrasound examination (mostly after sampling) as well as hormone analysis (progesterone) were 
used as described elsewhere36. Common marmosets have a mean cycle length of about 28 days (range 24–30 days) 
with a mean follicular phase of nine days and a luteal phase of 19 days37. The studied marmosets were prostaglan-
din F2α-controlled (0.8 µg/animal), which induces luteolysis and growth of new follicles, resulting in a cycle length 
of 23 days on average. There were no other medical treatments of sampled animals during the course of sampling.

Bioassays.  To collect samples for bioassays, precleaned swabs (100% viscose from ebelin, DM; baked at 
130 °C for 30 minutes) were rubbed over the genital area of females for 20 seconds during different menstrual 
cycle phases. Swabs were stored in cleaned glass vials sealed with Parafilm™ at −20 °C for a maximum of 13 days. 
Defrosted swabs (thawed two hours before odour presentation) were placed in stainless steel wire-mesh tea eggs 
(precleaned with 70% ethanol) and presented to male common marmosets within their home cages in the absence 
of their female partners. A person blind to the sample attributes hung two tea eggs onto the grid inside the home 
cage at a distance of 4 cm to one another. Gloves were worn during all sampling and swab handling procedures to 
prevent contamination with human scents. The behaviour of the male was immediately video-recorded for one 
minute after placing the samples and in the absence of any person. This recording time was set based on results of 
preliminary test runs during which the animals showed interest in the tea eggs with scent samples predominantly 
within the first minute.
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We presented swab samples from eight female common marmosets to eight males. All females and males were 
adult, reproductively intact and lived in pairs with reproductively intact individuals. Females were aged 1 to 15 
years (mean age ± SD of 8.8 ± 6.0 years), five of them were nulliparous, one primiparous and two multiparous. 
Samples were taken within one menstrual cycle of the females during three menstrual cycle phases: (1) follicular 
phase (one per female, N = 8), (2) peri-ovulatory phase (two per female, N = 16) and (3) luteal phase (one per 
female, N = 8). Males were aged 4 to 10 years (mean age ± SD of 8.7 ± 1.9 years).

Each male received two different two-choice-tasks in randomized order: scents of females in a follicular vs. a 
peri-ovulatory phase (N = 8) and scents of females in a luteal vs. a peri-ovulatory phase (N = 8), with the posi-
tions of the two respective samples randomized. The two samples presented to a male simultaneously within a 
given presentation were taken from different females rather than from the same female to avoid confusion when 
sniffing scents of one individual from two different time points at once. Each male received only scents from unfa-
miliar (i.e. no prior physical contact) extra-pair females and never the same donor female twice. Furthermore, 
combinations of female scents were randomized within the prerequisites of the test setup. Altogether, this setup 
allowed us to control for individual differences in odour profiles and individual preferences.

We first verified the suitability of this set-up for bioassays in common marmosets in an initial two-choice test 
in which males were simultaneously presented with a swab sample from a female in the peri-ovulatory phase and 
a blank swab, with positions following a randomized order. This test showed that males distinguished between 
swabs with scents from females and blank swabs, i.e. they inspected samples from females longer than blank sam-
ples (Wilcoxon signed-rank test: N = 8, median female = 12.2 sec, median blank = 7.4 sec, U = 34, P = 0.02).

Samples for chemical analysis.  The chemical analysis was done with a different sampling material than 
the behavioural analysis (above), because adsorption properties influence the usability of each sampling material 
in a context-dependent manner. Whereas swabs are suitable for the presentation of body odours to individuals 
(e.g. in humans38), thermal desorption (TD) tubes evoked no interest of animals in pilot tests (Kücklich et al., 
unpublished data) due to their efficient adsorption properties. Because of these properties, however, TD tubes 
were shown to be more sensitive for the analysis of chemical profiles than swabs39. Thus, we used TD tubes 
(stainless steel TD tube, 1/4 in. × 3 1/2 in., Supelco, Bellefont, USA) filled with two adsorbent materials (0.095 g 
Tenax TA and 0.21 g XAD-2, Sigma-Aldrich, Steinheim, Germany) to sample airborne odours from the animals. 
We used a combination of two adsorbents to provide a broader coverage of substances with respect to their 
volatility and polarity39. The adsorbents were separated from each other and secured in the tube with glass wool 
(2 mm, Supelco, Bellefont, USA) and tubes were closed with Swagelok Brass caps (1/4 in., Supelco, Bellefont, 
USA). TD tubes were conditioned in a TD Clean Cube device (SIM Scientific Instruments Manufacturer GmbH, 
Oberhausen, Germany) at a temperature of 190 °C for 120 min and 200 °C for 30 min under nitrogen flow. For 
sampling, a pump (BiVOC2, Umweltanalytik Holbach GmbH, Germany) was used to suck 6 L of air (flow: ~ 
1.5 L/min; validated in40) through the TD tubes.

We collected scent samples from twelve female common marmosets (from which three also participated in 
the bioassays) aged 1 to 11 years (mean age ± SD of 6.3 ± 2.9 years). Seven of the females were nulliparous, three 
primiparous and two multiparous. Two females were full sisters of the same age (7 years, degree of relatedness, 
r ~ 0.5), another two females were full sisters of different ages (4 and 5 years, r ~ 0.5), and a further two females 
were a mother-daughter dyad (1 and 5 years, r = 0.5). All other dyads were not closely related (r ≤ 0.25). Sampling 
was carried out over one cycle for three females, over two consecutive cycles for three other females and over 
three consecutive cycles for another six females. For each cycle, we collected repeated samples per female and 
cycle phase, resulting in a total of 18 ± 7 samples per female (range 8–27). Overall, samples were collected over a 
sampling time bucket of sixteen months.

The samples were taken from near to the genital area (distance of approximately 1 cm) randomly from the 
left or right side. MK collected a total of 212 animal samples of three menstrual cycle phases: (1) follicular phase 
(N = 56), (2) peri-ovulatory phase (N = 104) and (3) luteal phase (N = 52). Additionally, 31 blank samples were 
measured from tubes either handled like all other tubes but without pulling air through it (N = 9) or with air 
sampled from the sampling room in the absence of animals before or after the sampling procedure (N = 22). 
Additional to MK collecting all samples, one of four assistants was present to handle the respective animal. The 
identity of the assistant was controlled for in our statistical models.

GC-MS analysis.  We used a GCMS-TQ8040 composed of a Gas Chromatograph GC-2010 Plus and a Triple 
Quadrupole Mass Spectrometer (Shimadzu, Kyoto, Japan) for GC-MS analysis. The samples were introduced by 
a thermal desorption system TD-20 (Shimadzu, Kyoto, Japan) with injection in split mode (split ratio 5), desorp-
tion of the samples at 250 °C for 8 min and a helium flow of 60 mL/min to a Tenax TA filled cold trap (−20 °C). By 
heating up the cold trap to 250 °C for 1 min, the samples were injected into the gas chromatograph through the 
opened outlet split at 140.2 kPa. Electron-impact ionization was performed at 70 eV and 220 °C with a scan range 
of m/z 30–300. We used two consecutively connected columns (Rxi-1ms: 30 m length, 0.25 mm ID, 0.25 μm film, 
and SGE Analytical Science BPX50: 2 m length, 0.15 mm ID, 0.15 µm film, Restek GmbH, Bad Homburg vor der 
Höhe, Germany) for one-dimensional chromatography with helium 5.0 as carrier gas at a flow rate of 1.58 mL/
min. The initial temperature was 35 °C which was increased, after 0.5 min, by 6 °C/min until a final temperature 
of 320 °C was reached and held for 25 min.

Data analysis.  Bioassay.  Bioassay videos were analysed using Solomon Coder v. 17.03.22 without knowl-
edge about the presented sample attributes. M.K. coded the duration of investigating presented samples (i.e. sniff-
ing, scent marking at samples) during the one-minute presentation time. Sniffing was defined as putting the nose 
closer than one centimetre to the tea egg and scent marking as rubbing genitals or chest against the tea eggs (cf.18). 
Licking at samples did not occur. In order to exclude an observer bias, seven of the 16 videos were additionally 
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coded by a second observer and a two-way single measure intraclass correlation (ICC) was calculated using the 
R package ‘ICC’ v. 0.84.141 to determine the inter-observer reliability. Consistency between both observers was 
excellent (ICC = 0.94, 95% confident interval: 0.82–0.98, p < 0.001).

Chemical analysis.  We used a semi-automated procedure to process the chemical profiles. First, we used AMDIS 
v. 2.6542 to perform an automated signal deconvolution and peak picking resulting in a peak list for each sample. 
Afterwards, we matched all peak lists and detected repeatedly occurring peaks with a self-written R script (by 
Lars Kulik) which automatically groups peaks with similar retention times together into retention time ranges. 
We only considered retention time ranges for further analysis if they occurred in at least 14 out of all 212 samples 
(N = 284). For each of these ranges the R script automatically extracted the most prominent masses and we man-
ually verified the specificity and consistency of these mass spectral patterns by visual inspection of mass spectra. 
In this manner, we assigned retention time (adjusted per batch) and the according substance-specific m/z for 
274 retention time ranges (i.e. 10 substances could not be verified). Hence, each range presumably corresponded 
to one substance described by retention time and specific m/z, but not (yet) named, i.e. chemically identified by 
library search.

For these 274 substances, peak areas for the peak-specific m/z were determined using the program GCMS 
solution v. 4.20 (Shimadzu, Kyoto, Japan). To exclude substances not originating from the animals (but, e.g., from 
the sampling material), known contaminations from previous studies using the same TD tubes and analytical 
procedures were excluded40, reducing the dataset to 248 substances. Finally, peak areas of blank samples were 
compared to animal samples and substances were excluded if the peak area in the blank equalled or exceeded 
those in the animal samples. Thus, a total of 160 substances was considered in the final analysis. Prior to statistical 
analyses, we calculated the relative peak area (peak area divided by sum of all included peak areas x 100) for each 
substance and sample to account for the variance of the total sample intensities.

Statistical analysis.  All statistical tests were calculated in R v. 3.4.343.

Bioassay.  We used the non-parametric exact Wilcoxon signed-rank test (WRT) to compare investigation dura-
tions (i.e. sniffing and scent-marking) of males (N = 8) between the two respective menstrual cycle phases of 
donor females using the R package ‘exactRankTests’ v. 0.8–2944.

Similarity between chemical profiles.  We used ‘analyses of similarities’ (ANOSIM) based on Bray-Curtis indices 
to determine whether profiles from the same menstrual cycle state (‘follicular’, ‘peri-ovulatory’, ‘luteal’), age (in 
years: ‘1’, ‘4’, ‘5’, ‘7’, ‘8’, ‘9’, ‘10’, ‘11’) or parity (‘nulliparous’, ‘primi-/multiparous’) of females (N = 212 samples from 
12 females) were more similar to each other than from different cycle states, ages or parity. The similarity for each 
combination of sample dyads was calculated based on the log(x + 1) transformed relative peak areas. To control 
for repeated samples per female, we used a customized ANOSIM computing p-values after permuting the samples 
within an individual.

Factors influencing the chemical composition.  We conducted two linear mixed models (LMM) using the package 
‘lme4’ v. 1.1.1145 to compare the chemical composition of 212 samples between menstrual cycle states, age and 
parity of females (N = 12). Given the population structure of the study subjects within the facility, we were able 
to consider age and parity of females as independent predictors in the analysis. The analysis of chemical datasets 
brings along several challenges, for instance, pronounced differences in intensities of biologically relevant sub-
stances, environmental effects on sample intensity and complexity, and varying degrees of contamination due 
to animal handling, all of which may affect the relative composition of the chemical profile46. Appropriate data 
transformation can help to handle such problems. Thus, we fitted the model with two different responses: [1] 
normalised relative peak areas per substance which were centred to a mean of 0 and scaled to a standard deviation 
of 1 and [2] log(x + 0.001) and arcsine transformed relative peak areas per substance. The normalisation adjusts 
all substances to the same size, giving them the same importance in the analyses and focusing the analysis to sub-
stance changes between samples rather than in relation to the rest of the chemical profile. The log-transformation 
is used to achieve normally distributed data and to reduce the relative impact of abundant substances while main-
taining relative differences in the abundance of substances within a sample46.

For both models, the multi-variate data matrix of samples (N = 212) and substances (N = 160) was vector-
ised47, resulting in 212 × 160 = 33,920 relative peak areas as response variable. Menstrual cycle state (three factor 
levels: ‘follicular’, ‘peri-ovulatory’, ‘luteal’), age in years (continuous from 1 to 11 years, z-transformed), parity 
(two factor levels: ‘nulliparous’ or ‘primi-/multiparous’), genital side (two factor levels: ‘left’ or ‘right’), timing of 
ultrasound examination (two factor levels: ‘before’ or ‘after’ sampling), and the presence of the assistants involved 
in animal handling (separately for each assistant: ‘assistant1’, ‘assistant2’, ‘assistant3’, ‘assistant4’; two factor levels: 
‘yes’ or ‘no’) were fitted as fixed effects. Matrix rows and columns (samples and substances, respectively) were 
implemented as random effects to avoid pseudoreplication and heteroscedastic variance47. Additional random 
effects were female identity (ID, twelve factor levels), housing room (three factor levels: ‘room1’, ‘room2’, ‘room3’) 
and sampling batch (27 factor levels, i.e. the combination of female ID and the respective cycle number). Our 
actual test predictors were the random interactions of menstrual cycle state and parity with substance as well 
as the random slope of age within the random effect substance, which also allowed us to identify the substances 
which were most affected by the predictors as those showing the steepest slopes40. In addition, we fitted all ran-
dom interactions which were biologically meaningful and possible to achieve more reliable p-values (see Table 1).

In total, we included 33 predictor variables (fixed and random effects) per model which were based on 12 
female marmosets sampled repeatedly during a total of 27 menstrual cycles, resulting in 212 samples with 160 
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substances per sample (i.e. 33,920 data points). For both models, we found no violation of the assumptions when 
checking for normal distribution, homogeneity of the residuals or when plotting the residuals against the fitted 
values. All variance inflation factors of the test predictors were below 1.5 (determined with the R package ‘car’,48, 
thus showing no indication of collinearity. To determine the significance of the full model, we compared it to 
a reduced model which lacked the random interactions/slopes of menstrual cycle states, age and parity within 
substance, using a likelihood ratio test (LRT49). If the full models revealed significance, we tested the individual 
test predictors by LRTs comparing the full models with reduced models lacking only the respective individual 
test predictors. Finally, we extracted the slope estimates of all substances for predictors significantly affecting the 
chemical composition. Substances were considered to be most affected by a given predictor if the absolute slope 
estimate was at least two standard deviations above the average absolute slope estimate40.

For each test predictor (cycle state, age, parity) within each model ([1] normalised and [2] log-transformed, 
respectively), we tentatively identified all most affected substances. Substance identification was implemented 
in the program GCMS Postrun Analysis v. 4.20 (Shimadzu, Kyoto, Japan) by searching the mass spectra (see 
Supplementary text files) within the NIST Mass Spectral Library (NIST14; National Institute of Standards and 
Technologies, Gaithersburg, MD, USA) under consideration of the elution order of the substances. Peaks with 
overlapping signals of other peaks were identified using background subtraction. Additionally, five of the sub-
stances were confirmed with reference standards. We identified the substance classes of all substances and classi-
fied them as ‘potentially endogenous’ (likely originate from animals), when described as originating from animals 
in previous animal studies and no exogenous main source (e.g. plants) is known. ‘Potentially metabolized’ sub-
stances are those which are reported for animals as well as exogenous origins (e.g. plants), as they could have 
potentially been metabolized by the animal or skin bacteria. Thus, their occurrence and change could be informa-
tive as well, because metabolic processes and bacterial composition may vary with individual traits of the host50–52. 
Compounds for which we could not find an indication for the origin in the literature were designated as ‘unknown’.

Results
Bioassay.  Male common marmosets (N = 8) tended to investigate (i.e. sniff and scent-mark) swabs contain-
ing the odours of a peri-ovulatory phase longer than those of a follicular (WRT: median ovu = 12.5 sec, median 
foll = 5.1 sec, U = 30, P = 0.078, Fig. 1a) and a luteal phase (WRT: median ovu = 16 sec, median lut = 11 sec, U = 31, 
P = 0.055, Fig. 1b). All but one male clearly investigated the peri-ovulatory odours longer, while one male showed 
the opposite pattern in both trials (see Fig. 1: black circle).

Similarity between chemical profiles.  In the whole profile comparison of female common marmosets 
(N = 212 samples from 12 females), chemical profiles from the same menstrual cycle states tended to be slightly 
more similar than profiles from different cycle states (ANOSIM, R = 0.01, P = 0. 081) and profiles from the same ages 
were significantly more similar than profiles from different ages (ANOSIM, R = 0.32, P = 0.028). However, no dif-
ference in the similarity of chemical profiles was detected in association with parity (ANOSIM, R = 0.05, P = 0.435).

Factors influencing the chemical composition.  The chemical composition was significantly affected by 
menstrual cycle, age and parity of the females (N = 33,920 relative peak areas in 212 samples from 12 females), 
when substances were compared with each other between different samples (normalised model). When regarding 
substances relative to the whole sample (log-transformed model) only age and parity had a significant influence 
on the chemical composition (see Table 2). From the total of 160 substances comprising the whole data set, the 
differences in chemical composition were most pronounced in 31 ‘most affected substances’, i.e., their absolute 
slope estimate was more than two standard deviations above the average slope estimate (between six and eleven 
substances per predictor and model, see below).

Substances changing between samples (normalised model).  Substances significantly varied relative 
to other samples with cycle state, age and parity of the females in the normalised model. Thus, their intensities 
changed relative to other samples, and animals would need to monitor the chemical composition over time. Six 
substances were most affected by cycle states (see Table 3). Four of those substances had the highest amounts dur-
ing the luteal phase, including 3-phenyl-1-butanol that had the strongest cycle-dependent intensity change (see 
Fig. 2a). Two substances were most intense during the peri-ovulatory phase. With increasing age of the females, 
most of the eleven age-dependent substances (see Table 3) decreased, including 2,5-dimethyl-pyrazine, which 
showed the strongest change with age (see Fig. 2b). Only three substances increased with age. The seven most 

Model parameters Variables

Fixed effects cycle state, age, parity, genital side, ultrasound examination, assistant1, assistant2, assistant3, assistant4

Random effects sample (matrix rows), substance (matrix columns), ID, room, sampling batch

Random slope within substance age

Random interactions within substance cycle state, parity, genital side, ultrasound examination, assistant1, assistant2, assistant3, assistant4

Random interactions within ID cycle state, ultrasound examination, assistant1, assistant2, assistant3, assistant4

Random interactions within housing room cycle state, ultrasound examination

Random interactions within sampling batch cycle state, ultrasound examination

Table 1.  Model parameters included in both linear mixed models.
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affected substances related to parity (see Table 3) had higher intensities in nulliparous than in primi-/multiparous 
females, for example, diisobutyl phthalic acid ester (see Fig. 2c), which had the strongest change in intensity.

Substances with relative differences within samples (log-transformed model).  The log-transformed 
model revealed substances which were affected by age and parity. Accordingly, their intensities changed relative to 
the rest of the chemical profile and thus, need to be interpreted by a receiver in the context of the whole profile. 
The substance which showed the strongest change with age was identified as 2,5-dimethyl-pyrazine (see Fig. 3a), 
which also had the largest age-dependent change in the normalised model. Together with 2,5-dimethyl-pyrazine, 

Normalised model Log-transformed model

χ2 df p N χ2 df P N

Full-null model 195.05 11 <0.001 413.70 11 <0.001

Cycle 4.23 1 0.040 6 0 1 >0.999 –

Age 130.79 1 <0.001 11 52.19 1 <0.001 8

Parity 24.54 1 <0.001 7 232.22 1 <0.001 10

Table 2.  Results of likelihood ratio tests for all (full-null) and individual predictors including the number of 
most affected substances (N).

Figure 2.  Influence of menstrual cycle state (a: 3-phenyl-1-butanol), age (b: 2,5-dimethyl-pyrazine) and parity 
(c: diisobutyl phthalic acid ester) on normalised intensities of the most affected substances. Boxplots show 
medians as well as first and third quartiles and the dashed line in scatterplot shows random slope estimates 
derived from a model with the fixed effects centred to a mean of zero.

Figure 1.  Duration of investigating simultaneously presented swab samples from female common marmosets 
from two different menstrual cycle states (a: peri-ovulatory vs. follicular and b: peri-ovulatory vs. luteal cycle 
state). Dotted lines connect data points from the same males that are also indicated by the same point characters.
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five age-dependent substances decreased and three substances increased with age (see Table 3). Similar to the nor-
malised model, most of the affected substances for parity (see Table 3) were higher in nulliparous females, including 
methenamine (see Fig. 3b) with the strongest intensity change. Only two substances were higher in primi-/multip-
arous females.

Discussion
Our study combined behavioural bioassays with chemical analyses in common marmosets to investigate female 
fertility cues. We confirmed and expanded existing behavioural evidence that male common marmosets can use 
odours to identify the peri-ovulatory cycle state of females. Furthermore, we narrowed the gap between evidence 
from behavioural observations and the underlying chemical profiles by showing that the chemical composition 
of body scents varies with female fertility of common marmosets. As predicted, cycle states, age and parity had 
independent influences on the composition of chemical profiles.

Complementing the chemical focus of the study, the bioassay results confirmed and expanded on behavioural 
bioassays from other studies on marmosets (see refs23,30). Smith and Abbott previously showed that male mar-
mosets discriminate between scents from females in the peri-ovulatory and the luteal phase23. We also found that 
seven of eight male marmosets sniffed and marked longer at swabs from the peri-ovulatory than from the luteal 
phase. Additionally, we showed that those seven males also distinguished between the peri-ovulatory and the 
follicular phase. Hence, males seem to be able to discriminate females during their peri-ovulatory phase from 
females during their non-ovulatory phase by their scents. A longer investigation of one scent sample compared to 
another sample could indicate that this one is preferred over the other, less familiar, of lower intensity or harder 
to decipher53. However, in the present context we consider it likely that the peri-ovulatory phase evoked greater 
interest compared to the follicular and the luteal phases in order to detect the receptive female.

While this pattern was clear in all but one of the males we found only weak statistical support for this abil-
ity to discriminate due to one male investigating both non-peri-ovulatory samples longer than the respective 
peri-ovulatory samples. This male distinguished between a blank sample and a female sample in the initial test, 
suggesting that his responses were not due to an inability to smell. There were also no obvious differences in the 
attributes of this male compared to the other males. The presented female scents evoked no unusual responses 
in any of the other males, nor did the donors of preferred scents differ systematically in age, rank or familiarity 
from the donors of non-preferred scents or other females in this study. Furthermore, the male’s cage mate was 
not related to the donor females and it was not in the peri-ovulatory phase during the two discrimination tasks.

Our chemical analysis revealed that cycle states were associated with the similarity of entire chemical profiles 
and, in addition, affected the chemical composition in the normalised model, but not in the log-transformed 
model. Differences in the chemical composition could reflect a change of cycle-dependent substances over 
the menstrual cycle, which needs to be tracked over time and considered independently from the relation 
to the rest of the chemical profile (normalised model). Alternatively, they could reflect a relative change of 
cycle-dependent substances within a chemical profile specific for a cycle state (log-transformed model). The 
latter would allow males to identify the menstrual cycle state of a female by detecting a fertility-specific chem-
ical composition of scents without tracking the females’ scents over the course of her menstrual cycle, as it 
was required in the bioassay tests. Under natural conditions, this recognition of a fertility-specific chemical 
composition would be used when spotting a scent mark left in the environment from an unfamiliar female. 
Indeed, the bioassay results of this and previous studies23,30 suggest that males can derive information about 
cycle states in this manner, which is also in line with the fertility-associated similarity of entire chemical pro-
files. As such, we also would have expected a change of substance intensities with the log-transformed model, 

Figure 3.  Influence of age (a: 2,5-dimethyl-pyrazine – same as for normalised model) and parity (b: 
methenamine) on log-transformed intensities of the most affected substances. Boxplot shows medians as well as 
first and third quartiles and the dashed line in scatterplot shows random slope estimates derived from a model 
with the fixed effects centred to a mean of zero.
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which focused the analysis on changes in substance intensities relative to the rest of the chemical profile at a 
single point in time. This discrepancy between behavioral and chemical results could possibly be due to the 
more sensitive odor perception of animals, which, in contrast to our analytical and statistical tools, is specif-
ically tuned to detect relevant cues. In this case, an expansion of the study with a higher number of sampled 
females could facilitate pinpointing potential subtle changes in olfactory cues amongst the multitude of sub-
stances that make up odor profiles. Nonetheless, we detected changes of substance intensities in the normalised 
model, which can be interpreted as differences between different time points of the menstrual cycle rather than 
differences in relation to the rest of the chemical profile at a specific point in time (as in the log-transformed 
model). Such differences would require males to keep track of a female’s scents over her menstrual cycle, i.e. 
during daily contact with the breeding female. Such temporal changes could initially be used, for example, 

Substance CAS-Nr. SC RT

Normalised Log trans Origin

Cycle Age Parity Age Parity

Ethanold 64-17-5 alco 2.4 2↓ pot met69,70

2-Pentanoned 107-87-9 keto 3.8 6↓ pot met71,72

3-Methyl-butanoic acida 503-74-2 acid 6.8 9↓ 5↓ pot met59,71

1,2-Dimethyl-benzenea 95-47-6 aro 7.8 10↓ 6↓ 3↓ pot met69,70

Heptanald 111-71-7 alde 7.9 11↓ pot met60,73

3-Methyl-cyclopentyl acetatea 24070-70-0 est 7.9 3↓ unkn

2,5-Dimethyl-pyrazinea 123-32-0 pyr 8.1 1↓ 1↓ 4↓ pot met70,74

Benzaldehyded 100-52-7 alde 9.2 4↓ 6↓ pot met73,74

6-Methyl-5-hepten-2-onea 110-93-0 keto 9.9 5↓ pot met59,75

Phenylmethanola 100-51-6 aro 11.2 5 O 3↓ pot met71,75

D-Limonenea 5989-27-5 terp 12.0 2↓ pot met70,76

1-Octanold 111-87-5 alco 12.3 3↓ 8↓ pot end72,77

Unknown aromatic hydrocarbon aro 12.8 2↑ pot met72

Unknown aromatic hydrocarbon aro 14.6 2 L pot met72

Methenaminea 100-97-0 het 15.8 1↓ pot met70,78

Unknown unk 16.3 4 O unkn

Acetic acid linalool estera 115-95-7 est 17.0 4↑ pot end72,79

1-Ethylidene-1H-indenea 2471-83-2 aro 17.2 7↑ pot met80*

Unknown alkane alka 23.0 7↑ pot met81

2,6-Diisopropyl-naphthalenea 24157-81-1 aro 25.9 9↑ pot met78

Pyrrolidino[1,2-a]piperazine-3,6-dionea 19179-12-5 het 26.4 6 L pot met78*

1,2-Diphenyl-1-isocyanoethaneb 3128-88-9 aro 26.5 6↑ unkn

3-Methylbutyl benzoic acid esterb 94-46-2 est 27.8 4↓ 7↓ pot met82

Benzoic acid, hexyl esterc 6789-88-4 est 28.3 7↓ 8↑ pot met78

Diisobutyl phthalic acid estera 84-69-5 aro 28.9 1↓ 2↓ pot met83,84

2-Hydroxy-2-phenyl-ethyl benzoateb 10335-95-2 est 31.7 3 L unkn

3-Phenyl-1-butanola 2722-36-3 alco 31.9 1 L pot met72

5-Isopropyl-2-methyl-phenyl benzoateb 100752-52-1 est 33.2 10↑ unkn

Unknown steroid ster 43.1 8↓ pot end72

(3β)-Cholesta-4,6-dien-3-ola 14214-69-8 ster 43.2 5↓ pot end72

Cholesta-3,5-dien-7-oneb 567-72-6 ster 46.6 5↓ pot end72

Table 3.  Most affected substances of both models with tentative identification (similarity: a>900, b>800, 
c>700; dconfirmed with standard) and corresponding CAS-number, substance class (SC: alcohol, aldehyde, 
alkane, aromatic hydrocarbon, carboxylic acid, ester, heterocyclic compound, ketone, pyrazine, steroid, terpene), 
retention time (RT), indication of the origin (potentially endogenous, potentially metabolised, unknown as 
described in the methods section) and corresponding references. For normalised and log-transformed models 
separately, substances are ranked by the strength of the effects in numbers within predictors (1 = most affected 
substance). Arrows and letters indicate the direction of the effect (↑ = increasing intensities with increasing 
age/parity, ↓ = decreasing intensities with increasing age/parity, L = intensities highest in luteal phase, 
O = intensities highest in peri-ovulatory phase). Reference information: human skin59; human feces69; human 
feces, urine, breath, skin, milk, blood or saliva70; urine of Peromyscus maniculatus, ventral gland and sacculi of 
Phodophus sungorus or gland secretion of Castor fiber71; review of mammalian studies and report of rules to 
figure out substance origin72; sternal gland secretion of Mandrillus sphinx73; circumgenital scent secretion of 
Callithrix jacchus74; human skin emanation75; human faeces76; preorbital secretion of Raphicerus campestris77; 
‘human metabolome database’: cytoplasm, extracellular space or cell membranes78; human axillary sweat79; 
human breath80; description of microbial biosynthesis of alkanes81; sweet cherry, papaya, quince, cherimoya 
vinegar, beer, cocoa82; urine in Tupaia belangeri83; human skin emanation84, *exact substance could not be 
found, but very similar structure.
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by unexperienced males to learn the fertility-specific chemical patterns. This aspect was not addressed in the 
current or previous bioassays and constitutes a valuable addition to future bioassay studies.

For all substances that were considerably affected by cycle states in the normalised model (i.e. absolute slope 
estimate larger than two standard deviations above average slope estimate) the absolute difference between the 
peri-ovulatory and the luteal phase was larger than between the follicular and the peri-ovulatory phase. The high-
est substance intensities were noted not only for the peri-ovulatory but also for the luteal phase, as we predicted. 
Assuming that the chemical difference is driven by a decomposition of cycle-related hormones, it is reasonable 
that the main cycle-dependent effect is seen within or after the peri-ovulatory phase, because these phases coin-
cide with the degradation of ovulation-specific hormones. Such cues would allow marmoset males to restrict their 
mating efforts to the peri-ovulatory phase and not beyond that period. Indeed, mating increases within the period 
of likely conception in wild common marmosets28 and we, as well as a previous study, showed that captive male 
marmosets are able to detect the olfactory difference between the peri-ovulatory and the luteal phase23.

The comparison of substance intensity across cycle states (suggested by the normalised model) revealed 
substances from various chemical classes (aromatic hydrocarbons, an alcohol, an ester and a heterocyclic com-
pound). While no cycle-dependent substances have been identified in marmosets up to now, studies in other 
mammals reported cycle-dependent carboxylic acids (Macaca mulatta54), alcohols and alkanes (Antelope cer-
vicapra L.7) as well as aromatic hydrocarbons (Equus caballus L.55) based on urine or genital secretions. Our 
marmoset samples are likely to contain substances originating from genital secretions, but also from so called 
‘specialised’ apocrine and sebaceous glands as well as ‘non-specialised’ skin glands, urine and faeces which are 
also present in the genital area23. Subsequently, the exact origin and metabolic pathway of those substances should 
be examined to understand the underlying mechanisms and to clarify whether any of them evolved to signal the 
fertility of females.

Age and parity are often confounded with each other as older females most likely gave birth to offspring more 
often than younger females. However, we were able to examine both factors separately given our study design 
and found independent influences on the chemical profiles. Age relates to a certain physical condition56 and 
endocrine functions57 and thus, should have an effect on chemical profiles. Indeed, we found age to be associated 
with the overall similarity of chemical profiles as well as the chemical composition in both, the normalised and 
log-transformed model. Thus, age-dependent substances seem to vary both relative to the whole profile and 
across time.

A previous study on great apes33 suggested more substances to decrease than to increase with increasing age, 
leading to the expectation that age-dependent substances in the present study would also decrease over time. 
Indeed, most age-dependent substances of both models were decreasing (substance classes: pyrazine, alcohol, 
aldehyde, ester, steroid, ketone, carboxylic acid and aromatic hydrocarbon), but also few were increasing (sub-
stance classes: aromatic hydrocarbon, ester and aldehyde) with increasing age. This is in accordance with other 
studies which also describe decreases as well as increases of substances with age belonging to various substance 
classes (aldehydes, alcohols, ketones, alkanes, amides, aromatic hydrocarbons, carboxylic acids, steroids and 
heterocyclic compounds, ester) when examining chemical profiles of urine, body odour or faeces (Mus spec.58, 
humans59, Ceratotherium simum60, Macaca mulatta61). In addition, various bioassay studies confirmed that age 
differences in chemical profiles of different species (e.g. humans38) are detectable by human raters. In common 
marmosets, age seems to negatively affect the reproductive output of females62, (whereas no effect was found in 
ref.63). Thus, an olfactory cue of age could enable males to choose younger (and more fertile) females as indicated 
by a study on crab eating macaques (Macaca fascicularis64), for example, when a new breeding female needs to 
be selected.

Parity, on the other hand, measured as nulliparous vs. primi-/multiparous in this study, seems to represent 
maternal experience56, with nulliparous females facing a high risk of losing their first litter even in social breeders 
(Callithrix jacchus63). Thus, males could prefer a more experienced female as breeding partner to enhance their 
own reproductive success, particularly if they can perceive such information via olfactory cues. In mandrills 
(Mandrillus sphinx), males mate-guard parous females more often than nulliparous females probably to choose 
the more experienced female65. However, there have been no studies examining the influence of parity on chem-
ical profiles by comparing nulliparous and primi-/multiparous females until now. Our study revealed an effect of 
parity on the chemical composition in both the normalised and the log-transformed model, but no association 
with the overall similarity of chemical profiles. For both models, most of the affected substances had higher 
intensities in nulliparous than in primi-/multiparous females (classified as ester, aromatic hydrocarbon, alcohol, 
ketone, heterocyclic compound, steroid, pyrazine and aldehyde). Only two substances were more abundant in 
primi-/multiparous females (classified as ester and aromatic hydrocarbon) following our prediction of changes in 
line with ‘mammary chemosignals’34.

Although we intended to find endogenous olfactory cues of fertility, some of the parity-related sub-
stances seem to be of non-mammalian origin (e.g. diisobutyl phthalic acid ester, methenamine). Substances 
of non-mammalian origin found in chemical profiles could include degradation products of bio-accumulated 
contaminants. A study in humans66 reported an off-load of contaminants from mothers to their first offspring, 
accumulated from polluted environment and food. An excretion of environmental chemicals within breast milk 
during lactation was shown for humans67 and even phthalates, as we found here, were detected in breast milk68. 
Thus, the decrease of some of the substances could be caused by elimination of accumulated contaminants during 
lactation. For the remaining endogenous substances, future studies should examine which physical or hormonal 
changes induce parity-related changes in the chemical profile.

We confirmed and expanded on previous behavioural studies demonstrating that common marmoset males 
are able to detect fertile states of females by olfaction. Moreover, we narrowed the gap of whether these olfactory 
cues are locatable in the chemical profiles. We showed that fertility differences exist in the chemical profile of 
female marmosets based on several characteristics. An overall chemical profile of an individual consists of a few 
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hundred substances which encode a wealth of information on either stable or transient traits, such as individual 
identity, sex, age, rank and species identity (reviewed in ref.17). Our results show that fertility is encoded in chemi-
cal profiles. Identifying substances accounting for changes in chemical profiles provides the basis for comparative 
studies across non-human primates to unravel the importance of chemical fertility cues during primate evolution. 
Follow-up studies should subsequently confirm the identification of the substances identified in this study with 
chemical standards, investigate if males respond to these specific substances (i.e. bioassays with mixtures of chem-
ical standards reconstructing fertility cues), discover the metabolic origin of these substances and assess whether 
they evolved to advertise the fertile state of females.

Data Availability
The datasets generated and analysed during the current study are available on Zenodo: http://doi.org/10.5281/
zenodo.1341204. Self-written R scripts are available from the authors upon request.

References
	 1.	 Clutton-Brock, T. Sexual selection in females. Animal Behaviour 77, 3–11 (2009).
	 2.	 Huchard, E. et al. Can fertility signals lead to quality signals? Insights from the evolution of primate sexual swellings. Proceedings of 

the Royal Society B: Biological Sciences 276, 1889–1897 (2009).
	 3.	 Roulin, A., Dijkstra, C., Riols, C. & Ducrest, A.-L. Female- and male-specific signals of quality in the barn owl. Journal of 

Evolutionary Biology 14, 255–266 (2001).
	 4.	 Deschner, T., Heistermann, M., Hodges, K. & Boesch, C. Timing and probability of ovulation in relation to sex skin swelling in wild 

West African chimpanzees. Pan troglodytes verus. Anim Behav 66, 551–560 (2003).
	 5.	 Cornwallis, C. K. & Birkhead, T. R. Experimental evidence that female ornamentation increases the acquisition of sperm and signals 

fecundity. Proc Biol Sci 274, 583–590 (2007).
	 6.	 Charlton, B. D., Keating, J. L., Rengui, L., Huang, Y. & Swaisgood, R. R. Female giant panda (Ailuropoda melanoleuca) chirps 

advertise the caller’s fertile phase. Proceedings of the Royal Society of London B: Biological Sciences 277, 1101–1106 (2010).
	 7.	 Archunan, G. & Rajagopal, T. Detection of estrus in Indian blackbuck: Behavioural, hormonal and urinary volatiles evaluation. 

General and Comparative Endocrinology 181, 156–166 (2013).
	 8.	 Havliček, J., Dvorakova, R., Bartoš, L. & Flegr, J. Non-Advertized does not Mean Concealed: Body Odour Changes across the 

Human Menstrual Cycle. Ethology 112, 81–90 (2006).
	 9.	 Scutt, D. & Manning, J. T. Ovary and ovulation: Symmetry and ovulation in women. Hum Reprod 11, 2477–2480 (1996).
	10.	 Haselton, M. G., Mortezaie, M., Pillsworth, E. G., Bleske-Rechek, A. & Frederick, D. A. Ovulatory shifts in human female 

ornamentation: Near ovulation, women dress to impress. Hormones and Behavior 51, 40–45 (2007).
	11.	 Bryant, G. A. & Haselton, M. G. Vocal cues of ovulation in human females. Biology Letters 5, 12–15 (2009).
	12.	 Gildersleeve, K. A., Haselton, M. G., Larson, C. M. & Pillsworth, E. G. Body odor attractiveness as a cue of impending ovulation in 

women: Evidence from a study using hormone-confirmed ovulation. Hormones and Behavior 61, 157–166 (2012).
	13.	 Havlíček, J., Fialová, J. & Roberts, S. C. Individual Variation in Body Odor. Springer Handbook of Odor 125–126, https://doi.

org/10.1007/978-3-319-26932-0_50 (2017).
	14.	 Dubuc, C. et al. Sexual skin color contains information about the timing of the fertile phase in free-ranging Macaca mulatta. 

International Journal of Primatology 30, 777–789 (2009).
	15.	 Daspre, A., Heistermann, M., Hodges, J. K., Lee, P. C. & Rosetta, L. Signals of female reproductive quality and fertility in colony-

living baboons (Papio h. anubis) in relation to ensuring paternal investment. American Journal of Primatology 71, 529–538 (2009).
	16.	 Semple, S. & McComb, K. Perception of female reproductive state from vocal cues in a mammal species. Proceedings of the Royal 

Society of London Series B-Biological Sciences 267, 707–712 (2000).
	17.	 Drea, C. M. D’scent of man: A comparative survey of primate chemosignaling in relation to sex. Horm Behav 68, 117–133 (2015).
	18.	 Setchell, J. M. Sexual selection and the differences between the sexes in mandrills Mandrillus sphinx. American Journal of Physical 

Anthropology 159, 105–129 (2016).
	19.	 Wyatt, T. D. Pheromones and animal behavior: Chemical signals and signatures. (Cambridge University Press, 2014).
	20.	 Ziegler, T. E. et al. Detection of the chemical signals of ovulation in the cotton-top tamarin. Saguinus oedipus. Anim Behav 45, 

313–322 (1993).
	21.	 Scordato, E. S., Dubay, G. & Drea, C. M. Chemical composition of scent marks in the ringtailed lemur (Lemur catta): glandular 

differences, seasonal variation, and individual signatures. Chem. Senses 32, 493–504 (2007).
	22.	 Robinson, J. G. Intrasexual competition and mate choice in primates. Am. J. Primatol. 3, 131–144 (1982).
	23.	 Smith, T. E. & Abbott, D. H. Behavioral discrimination between circumgenital odor from peri-ovulatory dominant and anovulatory 

female common marmosets (Callithrix jacchus). American Journal of Primatology 46, 265–284 (1998).
	24.	 Spence-Aizenberg, A., Kimball, B. A., Williams, L. E. & Fernandez-Duque, E. Chemical composition of glandular secretions from a 

pair-living monogamous primate: Sex, age, and gland differences in captive and wild owl monkeys (Aotus spp.). Am J Primatol 80, 
e22730 (2018).

	25.	 Heymann, E. W. The neglected sense-olfaction in primate behavior, ecology, and evolution. Am. J. Primatol. 68, 519–524 (2006).
	26.	 Ziegler, T. E. Social Effects via Olfactory Sensory Stimuli on Reproductive Function and Dysfunction in Cooperative Breeding 

Marmosets and Tamarins: Role of Scent in Reproductive Success. Am J Primatol 75, 202–211 (2013).
	27.	 Koenig, A. Group size, composition, and reproductive success in wild common marmosets (Callithrix jacchus). American Journal of 

Primatology 35, 311–317 (2005).
	28.	 Digby, L. J. Sexual Behavior and Extragroup Copulations in a Wild Population of Common Marmosets (Callithrix jacchus). Folia 

Primatologica 70, 136–145 (1999).
	29.	 Dixson, A. F. & Lunn, S. F. Post-partum changes in hormones and sexual behaviour in captive groups of marmosets (Callithrix 

jacchus). Physiol Behav 41, 577–583 (1987).
	30.	 Ziegler, T. E., Schultz-Darken, N. J., Scott, J. J., Snowdon, C. T. & Ferris, C. F. Neuroendocrine response to female ovulatory odors 

depends upon social condition in male common marmosets, Callithrix jacchus. Hormones and Behavior 47, 56–64 (2005).
	31.	 Snowdon, C. T., Ziegler, T. E., Schultz-Darken, N. J. & Ferris, C. F. Social odours, sexual arousal and pairbonding in primates. 

Philosophical Transactions of the Royal Society B 361, 2079–2089 (2006).
	32.	 Snowdon, C. T. & Ziegler, T. E. Growing Up Cooperatively: Family Processes and Infant Care in Marmosets and Tamarins - Semantic 

Scholar. Journal of Developmental Processes 2(1), 40–66 (2007).
	33.	 Jänig, S., Weiß, B. M., Birkemeyer, C. & Widdig, A. Comparative chemical analysis of body odor in great apes. American Journal of 

Primatology 0, e22976 (2019).
	34.	 Schaal, B. et al. Mammary olfactory signalisation in females and odor processing in neonates: Ways evolved by rabbits and humans. 

Behavioural Brain Research 200, 346–358 (2009).
	35.	 Mietsch, M. & Einspanier, A. Non-invasive blood pressure measurement: values, problems and applicability in the common 

marmoset (Callithrix jacchus). Laboratory Animals 49, 241–250 (2015).

https://doi.org/10.1038/s41598-019-50063-w
https://doi.org/10.1007/978-3-319-26932-0_50
https://doi.org/10.1007/978-3-319-26932-0_50


1 1Scientific Reports |         (2019) 9:13716  | https://doi.org/10.1038/s41598-019-50063-w

www.nature.com/scientificreportswww.nature.com/scientificreports/

	36.	 Einspanier, A. et al. Relaxin in the Marmoset Monkey: Secretion Pattern in the Ovarian Cycle and Early Pregnancy. Biol Reprod 61, 
512–520 (1999).

	37.	 Kendrick, K. M. & Dixson, A. F. The effect of the ovarian cycle on the sexual behaviour of the common marmoset (Callithrix 
jacchus). Physiol Behav 30, 735–742 (1983).

	38.	 Mitro, S., Gordon, A. R., Olsson, M. J. & Lundström, J. N. The Smell of Age: Perception and Discrimination of Body Odors of 
Different Ages. PLoS ONE 7, e38110 (2012).

	39.	 Kücklich, M. et al. Different methods for volatile sampling in mammals. PLOS ONE 12, e0183440 (2017).
	40.	 Weiß, B. M. et al. A non-invasive method for sampling the body odour of mammals. Methods Ecol Evol 9, 420–429 (2018).
	41.	 Gamer, M., Lemon, J. & Singh, I. F. P. irr: Various Coefficients of Interrater Reliability and Agreement (2019).
	42.	 Stein, S. E. An integrated method for spectrum extraction and compound identification from gas chromatography/mass 

spectrometry data. Journal of the American Society for Mass Spectrometry 10, 770–781 (1999).
	43.	 R Core Team. R: A language and environment for statistical computing (R Foundation for Statistical Computing, 2013).
	44.	 Hothorn, T. & Hornik, K. exactRankTests: Exact Distributions for Rank and Permutation Tests (2017).
	45.	 Bates, D., Maechler, M., Bolker, B. & Walker, S. lme4: Linear mixed-effects models using Eigen and S4, R package (2015).
	46.	 van den Berg, R. A., Hoefsloot, H. C., Westerhuis, J. A., Smilde, A. K. & van der Werf, M. J. Centering, scaling, and transformations: 

improving the biological information content of metabolomics data. BMC Genomics 7, 142 (2006).
	47.	 Jamil, T., Ozinga, W. A., Kleyer, M. & ter Braak, C. J. F. Selecting traits that explain species–environment relationships: a generalized 

linear mixed model approach. J Veg Sci 24, 988–1000 (2013).
	48.	 Fox, J. & Weisberg, S. An {R} Companion to Applied Regression, Second Edition. (Sage, 2011).
	49.	 Barr, D. J., Levy, R., Scheepers, C. & Tily, H. J. Random effects structure for confirmatory hypothesis testing: Keep it maximal. J Mem 

Lang 68, 255–278 (2013).
	50.	 Theis, K. R., Schmidt, T. M. & Holekamp, K. E. Evidence for a bacterial mechanism for group-specific social odors among hyenas. 

Sci Rep 2, 1–8 (2012).
	51.	 Theis, K. R. et al. Symbiotic bacteria appear to mediate hyena social odors. PNAS 110, 19832–19837 (2013).
	52.	 Leclaire, S., Nielsen, J. F. & Drea, C. M. Bacterial communities in meerkat anal scent secretions vary with host sex, age, and group 

membership. Behav Ecol 25, 996–1004 (2014).
	53.	 Drea, C. M. et al. The “Secret” in Secretions: Methodological Considerations in Deciphering Primate Olfactory Communication. 

Am. J. Primatol. 75, 621–642 (2013).
	54.	 Michael, R. P., Keverne, E. B. & Bonsall, R. W. Pheromones: isolation of male sex attractants from a female primate. Science 172, 

964–966 (1971).
	55.	 Būda, V., Mozūraitis, R., Kutra, J. & Borg-Karlson, A.-K. p-Cresol: A Sex Pheromone Component Identified from the Estrous Urine 

of Mares. J Chem Ecol 38, 811–813 (2012).
	56.	 Robbins, A. M., Robbins, M. M., Gerald-Steklis, N. & Steklis, H. D. Age-related patterns of reproductive success among female 

mountain gorillas. American Journal of Physical Anthropology 131, 511–521 (2006).
	57.	 Farage, M. A., Miller, K. W., Zouboulis, C. C., Piérard, G. E. & Maibach, H. I. Gender Differences in Skin Aging and the Changing 

Profile of the Sex Hormones with Age. Journal of Steroids & Hormonal Science 3 (2012).
	58.	 Osada, K. et al. The scent of age. Proceedings of the Royal Society of London B: Biological Sciences 270, 929–933 (2003).
	59.	 Gallagher, M. et al. Analyses of volatile organic compounds from human skin. Br. J. Dermatol 159, 780–791 (2008).
	60.	 Marneweck, C., Jürgens, A. & Shrader, A. M. Dung odours signal sex, age, territorial and oestrous state in white rhinos. Proc. R. Soc. 

B 284, 20162376 (2017).
	61.	 Weiß, B. M. et al. Chemical composition of axillary odorants reflects social and individual attributes in rhesus macaques. Behav Ecol 

Sociobiol 72 (2018).
	62.	 Caro, T. M. et al. Termination of reproduction in nonhuman and human female primates. Int J Primatol 16, 205–220 (1995).
	63.	 Tardif, S. D. et al. Reproduction in Captive Common Marmosets (Callithrix jacchus). Comparative Medicine 53, 364–368 (2003).
	64.	 Kobayashi, M. Y., Koyama, T., Yasutomi, Y. & Sankai, T. Age Influences Male’s Mating Preferences for Multiparous and Nulliparous 

Females in the Laboratory-bred Macaca Fascicularis. International Journal of Comparative Psychology 28 (2015).
	65.	 Setchell, J. M. & Wickings, E. J. Mate choice in male mandrills (Mandrillus sphinx). Ethology 112, 91–99 (2006).
	66.	 Czub, G. & McLachlan, M. S. A food chain model to predict the levels of lipophilic organic contaminants in humans. Environmental 

Toxicology and Chemistry 23, 2356–2366 (2004).
	67.	 Mondal, D. et al. Breastfeeding: A Potential Excretion Route for Mothers and Implications for Infant Exposure to Perfluoroalkyl 

Acids. Environ Health Perspect 122, 187–192 (2014).
	68.	 Fromme, H. et al. Phthalates and their metabolites in breast milk–results from the Bavarian Monitoring of Breast Milk (BAMBI). 

Environ Int 37, 715–722 (2011).
	69.	 Garner, C. E. et al. Volatile organic compounds from feces and their potential for diagnosis of gastrointestinal disease. FASEB J. 21, 

1675–1688 (2007).
	70.	 Costello, B. de L. et al. A review of the volatiles from the healthy human body. J. Breath Res 8, 014001 (2014).
	71.	 Burger, B. V. Mammalian Semiochemicals. Topics in Current Chemistry 240, 231–278 (2005).
	72.	 Charpentier, M. J. E., Barthes, N., Proffit, M., Bessière, J.-M. & Grison, C. Critical thinking in the chemical ecology of mammalian 

communication: roadmap for future studies. Funct Ecol 26, 769–774 (2012).
	73.	 Vaglio, S. et al. Sternal Gland Scent-Marking Signals Sex, Age, Rank, and Group Identity in Captive Mandrills. Chem. Senses 41, 

177–186 (2016).
	74.	 Smith, T. E., Tomlinson, A. J., Mlotkiewicz, J. A. & Abbott, D. H. Female Marmoset Monkeys (Callithrix jacchus) Can Be Identified 

from the Chemical Composition of their Scent Marks. Chem. Senses 26, 449–458 (2001).
	75.	 Bernier, U. R., Kline, D. L., Barnard, D. R., Schreck, C. E. & Yost, R. A. Analysis of Human Skin Emanations by Gas Chromatography/

Mass Spectrometry. 2. Identification of Volatile Compounds That Are Candidate Attractants for the Yellow Fever Mosquito (Aedes 
aegypti). Analytical Chemistry 72, 747–756 (2000).

	76.	 Raman, M. et al. Fecal Microbiome and Volatile Organic Compound Metabolome in Obese Humans With Nonalcoholic Fatty Liver 
Disease. Clinical Gastroenterology and Hepatology 11, 868–875.e3 (2013).

	77.	 Burger, B. V., Greyling, J. & Spies, H. S. C. Mammalian Exocrine Secretions. XIV: Constituents of Preorbital Secretion of Steenbok, 
Raphicerus campestris. J Chem Ecol 25, 2099–2108 (1999).

	78.	 Wishart, D. S. et al. HMDB 4.0: the human metabolome database for 2018. Nucleic Acids Res 46, D608–D617 (2018).
	79.	 Curran, A. M., Rabin, S. I., Prada, P. A. & Furton, K. G. Comparison of the volatile organic compounds present in human odor using 

spme-GC/MS. J Chem Ecol 31, 1607–1619 (2005).
	80.	 Phillips, M. et al. Variation in volatile organic compounds in the breath of normal humans. Journal of Chromatography B: Biomedical 

Sciences and Applications 729, 75–88 (1999).
	81.	 Schirmer, A., Rude, M. A., Li, X., Popova, E. & Cardayre, S. Bdel Microbial Biosynthesis of Alkanes. Science 329, 559–562 (2010).
	82.	 Yannai, S. Dictionary of Food Compounds with CD-ROM: Additives, Flavors, and Ingredients . (Taylor & Francis, 2003).
	83.	 Wanlong, Z., Fangyan, Y. & Zhengkun, W. Study of chemical communication based on urine in tree shrews Tupaia belangeri 

(Mammalia: Scandentia: Tupaiidae). The European Zoological Journal 84, 512–524 (2017).
	84.	 Jiang, R., Cudjoe, E., Bojko, B., Abaffy, T. & Pawliszyn, J. A non-invasive method for in vivo skin volatile compounds sampling. 

Analytica Chimica Acta 804, 111–119 (2013).

https://doi.org/10.1038/s41598-019-50063-w


1 2Scientific Reports |         (2019) 9:13716  | https://doi.org/10.1038/s41598-019-50063-w

www.nature.com/scientificreportswww.nature.com/scientificreports/

Acknowledgements
We are grateful for the assistance in sampling of Vicki Bachner, Vivian Lentzsch, Anne Rachel, Susanne Reitemeier 
and Richard Utsch from the Faculty of Veterinary Medicine. We also thank Andrea Marcillo for technical 
assistance with the GC-MS analysis, Anja Schiffner for coding videos as the second observer, Christopher Young 
for proofreading the manuscript and Lars Kulik for providing R scripts for data preparation and the customized 
ANOSIM. This study was funded by the German Research Foundation within the Emmy-Noether program 
(Grant No. WI 1808/3-1 awarded to A.W.), the European Fund for Regional Structure Development, EFRE 
(“Europe funds Saxony”, Grant No. 100195810 to A.W.) and the University of Leipzig, in addition to graduate 
funding of the University of Leipzig awarded to M.K. (DFPL R00017). We acknowledge support from the German 
Research Foundation (DFG) and the University of Leipzig within the program of Open Access Publishing.

Author Contributions
M.K., B.M.W., A.E. and A.W. designed the study, M.K. collected samples, M.K. and C.B. analysed the chemical 
profiles, M.K. performed the data analysis, M.K. and B.M.W. conducted the statistical analysis. All authors drafted 
the manuscript and gave final approval for publication.

Additional Information
Supplementary information accompanies this paper at https://doi.org/10.1038/s41598-019-50063-w.
Competing Interests: The authors declare no competing interests.
Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2019

https://doi.org/10.1038/s41598-019-50063-w
https://doi.org/10.1038/s41598-019-50063-w
http://creativecommons.org/licenses/by/4.0/

	Chemical cues of female fertility states in a non-human primate

	Methods

	Animals. 
	Bioassays. 
	Samples for chemical analysis. 
	GC-MS analysis. 
	Data analysis. 
	Bioassay. 
	Chemical analysis. 

	Statistical analysis. 
	Bioassay. 
	Similarity between chemical profiles. 
	Factors influencing the chemical composition. 


	Results

	Bioassay. 
	Similarity between chemical profiles. 
	Factors influencing the chemical composition. 
	Substances changing between samples (normalised model). 
	Substances with relative differences within samples (log-transformed model). 

	Discussion

	Acknowledgements

	Figure 1 Duration of investigating simultaneously presented swab samples from female common marmosets from two different menstrual cycle states (a: peri-ovulatory vs.
	Figure 2 Influence of menstrual cycle state (a: 3-phenyl-1-butanol), age (b: 2,5-dimethyl-pyrazine) and parity (c: diisobutyl phthalic acid ester) on normalised intensities of the most affected substances.
	Figure 3 Influence of age (a: 2,5-dimethyl-pyrazine – same as for normalised model) and parity (b: methenamine) on log-transformed intensities of the most affected substances.
	Table 1 Model parameters included in both linear mixed models.
	Table 2 Results of likelihood ratio tests for all (full-null) and individual predictors including the number of most affected substances (N).
	Table 3 Most affected substances of both models with tentative identification (similarity: a>900, b>800, c>700 dconfirmed with standard) and corresponding CAS-number, substance class (SC: alcohol, aldehyde, alkane, aromatic hydrocarbon, carboxylic acid, e




