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Conclusions

Previously detected effect of hunger on food memory not reproducible
—> possibly due to missing sated state as contrast condition

Background

Unhealthy food decisions: major contributor to global obesity pandemic? Food more relevant in every-day-life than art

Food decisions influenced by wanting, hunger? and memory processes
Implicated brain regions:
(Food) recognition enhanced by prior attribution of wanting to single items

o | . , Y
hippocampus (HC): recognition memory~ and lure discrimination but wanting effect possibly averaged out during categorisation

amygdala (Amy)° and entorhinal cortex (EC)® input to HC: emotional value

Microstructure of UF neither moderator of wanting enhancement nor
and hunger

influencing memory = activity of OFC and HC, Amy and EC possibly more

orbitofrontal cortex (OFC): reward processing’ crucial for memory than structure of connection

* uncinate fasciculus (UF): fiber bundle connecting OFC and Amy & EC? New insights in vicious cycle: food wanting increases food recognition

- wanting and memory influence unhealthy food decisions
—> approaches for neurobehavioural weight-loss therapies

- Possible top-down modulatory control of food memory by UF

Research Questions Summary Neuroimaging Results

Is recognition™ of food better compared

The microstructural
to art?

integrity neither of the UF
(Fig. 6a) nor of a sub-
bundle (Fig. 6b) moderates
the wanting enhancement
of response accuracy.
Neither do they influence
target recognition or lure
discrimination
performance by
themselves.

Does subjective hunger level moderate
food recognition*?

Is the recognition ™ of food enhanced by

wanting?
Does the UF or a sub-bundle influence

food recognition™ or moderate any of
the other effects (hunger, wanting)?

Are these possible effects and modera-
tions identical regarding lure discrimina-
tion performance?

recognition
Fig. 6: Right UF (a) and left sub-bundle of UF (b). Examplary
tractography results from two subjects.
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