
Figure 2-1: Model estimates of the full model for the effect of image category and covariates (Table 1, Eq. 1) on d’
and LDI. Values indicate the positive (blue) or negative (red) mean estimate of the posterior distribution and whiskers
represent the 50% (thick, inner) and 95% (thin, outer) CI. The effect of image category (F>NF) and Gender (M<F) on
memory performance measures seemed to be evident as their 95% CI did not include Zero. 

Figure 2-2: Odds ratios of the full model for the effect of image category and covariates on response accuracy (Table
1, Eq. 3). Values indicate the positive (blue) or negative (red) median odds ratio (exponentiated regression coefficients)
and whiskers represent the 50% (thick, inner) and 95% (thin, outer) CI. The effect of image category (F>NF), image
status (similar<old, new>old), normed complexity and Gender (M<F) on response accuracy were evident as their 95%
CI did not include Zero. 



Table 2-1: Full and null Bayesian linear regression models (BLRMs) for the effect of image category on d’.  



Table 2-2: Full and null BLRMs for the effect of image category on LDI.



Table 2-3: Full and null BLRMs for the effect of image category on response accuracy.



Figure 3-1: Odds ratios of the full model for the effect of normed complexity and covariates on response accuracy
(Table 1, Eq. 5).  Values indicate the positive (blue) or negative (red) median odds ratio (exponentiated regression
coefficients) and whiskers represent the 50% (thick, inner) and 95% (thin, outer) CI. The effect of normed complexity
on response accuracy was evidently different between image categories as the interaction’s 95% CI did not include
Zero. 

Figure  3-2:  Predicted  and actual  response  accuracy  depending on  normed complexity  of  each  image  category
separately. Points show the averaged response accuracy of each image over its normed complexity and lines with 95%-
CI depict  predictions based on full models. Higher normed complexity seemed to evidently predict lower response
accuracy of (A) food items but not of (B) non-food/art items.



Table 3-1:  Full and null BLRMs for the effect of normed image complexity on response accuracy.



Table 3-2: Full and null BLRMs for the effect of normed image complexity on response accuracy of food images.



Table 3-3:Full and null BLRMs for the effect of normed image complexity on response accuracy of art (non-food) 
images.



Figure  3-3:  Predicted and actual response accuracy depending on object size of each image category separately.
Points  show  the  averaged  response  accuracy  of  each  image  over  its  object  size  and  lines  with  95%-CI  depict
predictions based on full models. Higher object size seemed to evidently predict lower response accuracy of (A) food
images but not higher response accuracy of (B) non-food/art images.



Table 3-4:Full and null BLRMs for the effect of object size on response accuracy of food images.



Table 3-5: Full and null BLRMs for the effect of object size on response accuracy of art (non-food) images.



Table 4-1: Full and null BLRMs for the effect of z-scored subjective arousal image on response accuracy.



Table 4-2:Full and null BLRMs for the effect of z-scored subjective valence image on response accuracy.



Table 4-3:Full and null BLRMs for the effect of z-scored subjective recognizability image on response accuracy.



Figure 5-1: Memory performance depending on subjective hunger. Actual and predicted A) target recognition d’ and 
B) lure discrimination LDI depending on subjective hunger level. Single subjects are colour-coded. Points show the 
actual data and lines with 95%-CI depict predictions based on full model. Neither d’ nor LDI were affected by the 
subjective hunger level. The estimates of the main effect of the null model (Table 1, Eq. 9) suggested that the subjective 
hunger level did not affect memory performance in general.

Table 5-1: Full and null BLRMs for the effect of subjective hunger level on d’.



Table 5-2: Full and null BLRMs for the effect of subjective hunger level on LDI.



Figure 5-2: Model estimates of the full model for the effect of subjective hunger level and covariates (Table 1, Eq. 8)
on d’ and LDI. Values indicate the positive (blue) or negative (red) mean estimate of the posterior distribution and
whiskers represent the 50% (thick, inner) and 95% (thin, outer) CI.  The  subjective hunger level did not differently
affect image categories nor did it affect memory performance. Only the effect of image category (F>NF) and Gender
(M<F) on memory indices seemed to be evident as its 95% CI did not include Zero. 

Figure  5-3:  Memory performance depending on subjective hunger level per  MRI task.  Actual and predicted A+B)
target recognition d’ and C+D) lure discrimination LDI depending on subjective hunger level during A+C) Wanting
task and B+D) Memory task. Single subjects are colour-coded. Points show the actual data and lines with 95%-CI
depict predictions based on null model 1 (Table 1, Eq. 8). Neither d’ nor LDI were affected by the subjective hunger
level during any of the tasks. 



Figure  5-4: Actual and predicted A) target recognition d’ and B) lure discrimination LDI depending on ghrelin
serum levels per image category. Points show the actual data and lines with 95% CI depict predictions based on full
model. Neither d’ nor LDI were affected by ghrelin serum levels. The estimates of the interaction of the full model (cf.
Table 1, Eq. 8) indicated that the image categories were not differently influenced by ghrelin levels and the estimates
of the main effect suggested that  ghrelin serum levels did not affect  memory performance indices independent of
category. For better visualization, the outlier 1274 pmol/l is not displayed.



Table 5-3: Full and null BLRMs for the effect of serum ghrelin levels on d’.



Table 5-4: Full and null BLRMs for the effect of serum ghrelin levels on LDI.



Figure 6-1: Predicted A) target recognition d’ and B) lure discrimination LDI depending on wanting category. 
Predictions based on full model (Table 1, Eq. 11) with 95% CI. Neither d’ nor LDI were predicted by wanting category.
The estimates of the full model for the interaction indicated that the image categories were not differently influenced 
by wanting category. The estimates for the main effect suggested that the wanting category did not affect memory 
performance indices in general.

Figure 6-2: Model estimates of the full model (Table 1, Eq. 11) for the effect of wanting category and covariates on d’
and LDI. Values indicate the positive (blue) or negative (red) mean estimate of the posterior distribution and whiskers 
represent the 50% (thick, inner) and 95% (thin, outer) CIs. Neither d’ nor LDI are evidently different between wanting
categories. Only the effect of image category (F>NF) and Gender (M<F) on memory performance measures seemed to 
be evident as their 95% CI did not include Zero.



Table 6-1: Full and null BLRMs for the effect of wanting categories on d’.



Table 6-2: Full and null BLRMs for the effect of wanting categories on LDI.



Figure 7-1: Odds ratios for the effect of single item wanting, image category and covariates on response accuracy: 
A) full model (Table 1, Eq. 13), B) null model 1 (Table 1, Eq. 14). Values indicate the positive (blue) or negative (red) 
median odds ratio (exponentiated regression coefficients) and whiskers represent the 50% (thick, inner) and 95% (thin, 
outer) CI. A) The interaction of wanting with image category shows a tendency that the response accuracy for NF (art) 
images might be slightly more enhanced by wanting but B) shows that, in general, single item wanting seemed to be 
evidently enhancing response accuracy as its 95% CI did not include Zero.



Table 7-1: Full and null BLRMs for the effect of single image wanting ratings on response accuracy.



Table 7-2: Full BLRM for the effect of food wanting ratings on response accuracy accounted for normed complexity.



Table 7-3: Full BLRM for the effect of art wanting ratings on response accuracy accounted for normed complexity.



Figure 8-1: Predicted response accuracy for low, medium and high wanting ratings separately. Predictions based on 
the full model (Table 1, Eq. 17). Mean predictions and their 95% CI are depicted. The interaction of wanting with status
(similar>old) suggested that discrimination accuracy of similar images was not moderated by wanting ratings. 



Figure 8-2: Odds ratios of the full model for the effect of wanting rating, images status (new, old, similar), image
category (F, NF) and covariates on response accuracy considering. Values indicate the positive (blue) or negative
(red) median odds ratio(exponentiated regression coefficients) and whiskers represent the 50% (thick, inner) and 95%
(thin,  outer)  CI.  Similar  images  are  evidently  worse  discriminated  among  art  compared  to  food  images  and
discrimination performance of similar images is not moderated by wanting as the interactions’ 95% CI did not include
Zero. Memory accuracy is highest for new and lowest for similar images.



Table 8-1: Full and null BLRMs for the effect of single image wanting ratings of new, old and similar images 
respectively on response accuracy.



Figure 8-3: Predicted response accuracy for old, similar and new images per image category. Predictions based on 
the full model (Table 1, Eq. 17). Mean predictions and their 95% CI are depicted. The interaction of category with 
status (similar>old) suggested that discrimination accuracy of similar images was evidently different between food 
and art images. 

Figure 10-1: Memory performance depending on microstructural coherence of UF and its sub-bundle. Actual and 
predicted A+C) target recognition d’ and B+D) lure discrimination LDI depending on normalized quantitative 
anisotropy (nQA) of the uncinate fasciculus (UF, A&B) and its sub-bundle (C&D). Points show the actual data and 
lines with 95%-CI depict predictions based on null models (Table 1, Eq. 22 & Table 2, Eq. 27). Neither d’ nor LDI were
affected by the microstructural coherence of the UF, reflected in nQA, or by its sub-bundle.



Figure 10-2: Model estimates of the full model (Table 1, Eq. 21) for the effect of microstructural properties of the UF
and covariates on d’ and LDI. Values indicate the positive (blue) or negative (red) mean estimate of the posterior 
distribution and whiskers represent the 50% (thick, inner) and 95% (thin, outer) CIs. The UF neither moderated effects
of wanting category, subj. hunger level or image category on memory performance, nor predicted its microstructural 
coherence d’ or LDI. Only the effect of image category (F>NF) on memory performance measures seemed to be 
evident as its 95% CI did not include Zero.



Figure 10-3: Model estimates of the full model (Table 2, Eq. 26) for the effect of microstructural properties of the 
sub-bundle of the UF and covariates on d’ and LDI. Values indicate the positive (blue) or negative (red) mean 
estimate of the posterior distribution and whiskers represent the 50% (thick, inner) and 95% (thin, outer) CIs. The sub-
bundle of the UF, which connects OFC and MTL, neither moderated effects of wanting category nor of subj. hunger 
level nor of image category on memory performance, nor predicted its microstructural coherence d’ or LDI. Only the 
effect of Gender (M<F) on memory performance measures seems to be evident as its 95% CI do not include Zero.



Table 10-1-1: Full and null (1-7) BLRMs for the effect of microstructural coherence of the UF on d’.



Table 10-1-2: Null (7-14) BLRMs for the effect of microstructural coherence of the UF on d’.



Table 10-2-1: Full and null (1-7) BLRMs for the effect of microstructural coherence of the UF on LDI.



Table 10-2-2: Null (7-14) BLRMs for the effect of microstructural coherence of the UF on LDI.



Table 10-3-1: Full and null (1-7) BLRMs for the effect of microstructural coherence of the sub-bundle of the UF on 
d’.



Table 10-3-2: Null (7-14) BLRMs for the effect of microstructural coherence of the sub-bundle of the UF on d’.



Table 10-4-1: Full and null (1-7) BLRMs for the effect of microstructural coherence of the sub-bundle of the UF on 
LDI.



Table 10-4-2: Null (7-14) BLRMs for the effect of microstructural coherence of the sub-bundle of the UF on LDI.

Figure 10-4: Memory performance depending on microstructural coherence of left and right sub-bundle of UF. 
Actual and predicted A+B) target recognition d’ and C+D) lure discrimination LDI depending on normalized 
quantitative anisotropy (nQA) of the A+C) left and B+D) right sub-bundle of the UF. Points show the actual data and 
lines with 95%-CI depict predictions based on null models (cf. Table 2, Eq. 27). Neither d’ nor LDI were affected by 
the microstructural coherence of a hemisphere-specific sub-bundle of the UF.



Figure 11-1: Odds ratios of the full model (Table 2, Eq. 31) for the effect of microstructural properties of the UF and
covariates on response accuracy. Values indicate the positive (blue) or negative (red) mean estimate of the posterior 
distribution and whiskers represent the 50% (thick, inner) and 95% (thin, outer) CIs. The UF neither moderated effects
of wanting category nor of subj. hunger level nor of image category on memory accuracy, nor predicted its 
microstructural coherence memory accuracy. Only the effect of Gender (M<F) on memory accuracy seemed to be 
evident as its 95% CI did not include Zero.



Table 11-1: Full and null BLRMs for the moderation effect of the microstructural coherence of the UF on single 
image wanting regarding response accuracy.



Table 12-1: Full and null BLRMs for the effect of single image liking ratings of previously encoded (old) images on 
response accuracy.



Table 12-2: Full and null BLRMs for the effect of single image wanting ratings of previously encoded (old) images 
on response accuracy.



Figure 13-1: Odds ratios for the effect of calorie content of food images on response accuracy: A) null model 1 (Table
2, Eq. 39), B) full model 1 (Table 2, Eq. 38). Values indicate the positive (blue) or negative (red) median odds ratio 
(exponentiated regression coefficients) and whiskers represent the 50% (thick, inner) and 95% (thin, outer) CI. A) 
Calorie content did evidently predict food memory accuracy (cal4 > cal1). B) However, the wanting enhancement of 
memory accuracy was not different between calorie quartiles. In addition, new images were evidently better recognized 
and the effect of normed complexity and Gender (M<F) seemed to be evident as their 95% CI did not include Zero.



Table 13-1: Full and null BLRMs for the effect of calorie content on food memory accuracy.



Table 15-1: Full and null BLRMs for the effect of neuroticism on d’.

Table 15-2: Full and null BLRMs for the effect of neuroticism on LDI.



Table 16-1: Full and null BLRMs for the effect of age and gender on microstructural coherence of the UF.

Figure 16-1:  Microstructural coherence of whole brain depending on age and gender. Actual and predicted 
microstructural coherence of the whole brain, reflected in its nQA value, A) by age and B) by gender. Points show 
actual data of the colour-coded subjects. A) Prediction line with 95%-CI is based on null model 2 (Table 2, Eq. 47). B) 
Violin and boxplots present the distribution of the nQA values over both genders. Neither age nor gender predicted the 
microstructural coherence of the UF.


