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The predictive processing framework posits that one of the main functions
of the brain is to anticipate the incoming information. Internal models
facilitate interactions with the world by predicting future states against
which actual evidence is compared. The difference between predicted and
actual states, the prediction error (PE), signals novel information. However,
how PE affects cognitive processing downstream is not fully understood:
one such aspect pertains to how PE influences episodic memories, and
whether those effect on memory differ across the lifespan. We examine the
relationship between PE and episodic memory in children, young and older
adults. We use a novel paradigm whereby rich visual narratives are used
to build action schemas that enable probing different mnemonic aspects. To
create different levels of PE, we manipulate the story endings to be either
expected, neutral or unexpected with respect to the unfolded action. We
show that (i) expected endings are better encoded than neutral endings and
(ii) unexpected endings improve the encoding of mismatching events and
other aspects of the narrative. These effects are differentially modulated
across the lifespan with PE-driven encoding being more prominent in
children and young adults and with schema integration playing a larger
role on memory encoding in older adults. These results highlight the
role of predictions by enriching past experiences and informing future
anticipations.

This article is part of the theme issue ‘Elements of episodic memory:
lessons from 40 years of research’.

1. Schema-driven prediction effects on episodic memory
Prediction is a core cognitive operation that underpins our ability to antici-
pate and prepare for future events. It facilitates not only the execution of
everyday tasks, such as catching a ball or routing through traffic, but also
informs complex decision making and planning. This anticipatory mecha-
nism is central to adaptive behaviour, allowing individuals to navigate their
environment by mentally projecting possible future scenarios. Doing so helps
our brains to prepare for what comes next, bridging the gap between present
experience and future events, and thus eases our interactions with the world.
Although different types of predictions might be required for different goals
(e.g. catching a ball versus planning a trip versus other; [1]), anticipating
any kind of future states largely relies on memory. Mnemonic traces provide
the building blocks upon which predictions are formed. In recent years,
the bidirectional relationship between memory and predictive processes has
increasingly become the subject of research [2–11].
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A critical component of predictive processing is the monitoring of discrepancies between expected and actual outcomes (i.e.
prediction errors, PE). These errors highlight novel information unaccounted for by existing knowledge, signalling the potential
need for updates of the brain’s internal model thereby triggering learning. The integration of this new information is thus
crucial for refining future predictions. Various mechanisms have been proposed to explain how the brain incorporates PE-rela-
ted information, with all converging on the hypothesis that the encoding of information is enhanced following unexpected
events in comparison to expected ones [6,12–14].

Simultaneously, reinforcing accurate predictions by learning from them ensures that reliable associations are strengthened,
thus enhancing efficiency and accuracy in our interactions with highly predictable environments. In line with this, a wealth
of studies supports the beneficial mnemonic effects of information that is predictable and/or congruent to prior knowledge [15–
18]. Recent theoretical advances suggest that the encoding of information in the brain is driven by two opposing mechanisms
whose relative contribution is determined by the accuracy of the prediction. On the one hand, predictions that align with
actual events reinforce existing associations thereby strengthening previous models; on the other hand, strong PEs prompt the
formation of new memory traces and/or the updating of current models to accommodate the unexpected information. Critically,
these proposals postulate that in intermediate situations where the received information is neither fully predictable nor entirely
surprising, none of these encoding boosting mechanisms exert a strong influence on memory. Consequently, the mnemonic
encoding of these situations would be lowest, thus rendering a U-shape relationship between the strength of PE and memory
performance [5,11,19], such that memory encoding is best at lowest and highest levels of PE and minimal at intermediate levels.

Different levels of PE strength can be estimated by manipulating the degree to which a given event matches the current
contextual schema. Schemas, understood as cognitive frameworks constructed from the abstraction of multiple interactions with
the environment, can act as the source for the anticipation of future events [20]. Recent human behavioural and neuroimaging
results suggest that contextual schemas allow people to be selective in when they encode and retrieve episodic memories,
indicating that encoding and retrieval are influenced by uncertainty about upcoming states and the risk of retrieving irrelevant
memories [21]. Critically, these schemas develop and transform throughout the lifespan [22]. In childhood, schemas do not
(yet) represent a stable and accurate model of the environment and children need to learn to assimilate new experiences
rapidly. As we progress into adulthood, these cognitive models become more elaborate and stable, allowing for more nuanced
predictions based on a wider array of experiences across contexts. However, this increased precision might come at the cost of
reduced flexibility of these schemas, potentially leading to difficulties in updating in the face of novel or changing information.
We postulate that as a consequence of such age-related differential exploitation of underlying schemas, the impact of PEs
on memory encoding is probably to also exhibit notable variations across the lifespan. This notion is compatible with recent
findings, demonstrating that the dynamics of episodic memory encoding and retrieval are heavily influenced by the evolving
nature of schemas [21] and are thus probably to be differentially affected by the schema-driven PEs.

Moreover, the impact of PE on memory is also probably not to be uniform but rather might differentially weight various
memory features. Indeed, episodic memories are intrinsically rich, multifaceted traces containing different information content
(e.g. actors involved in a scene, actions being performed, physical and temporal context, etc. [23–26]). Previous studies have
found that PE can selectively affect which contents will be encoded and remembered. For instance, PE can enhance the encoding
of specific characteristics of the actors in a scene (e.g. which cloth they wore [27]), but it does not increase memory for what
action they were engaged in before the PE [28].

2. The present study
The current online study examined lifespan differences in the use of schemas to generate episodic memories with the goal
of dissociating the aforementioned encoding mechanisms. To achieve this, we utilized visual narratives in the form of comic
strips, comprising a series of panels that depict an action unravelling over time. On the one hand, this format combines the
advantages of discrete presentation with a temporal element, allowing for the controlled unfolding of events akin to videos, yet
with greater precision in timing control [28]. On the other hand, unlike static images, these visual narratives naturally prompt
the anticipation of future events, making them an ideal tool to manipulate PE and schema congruence. Additionally, visual
narratives allow the use of content-rich and outside-the-lab-like stimuli which fosters engagement particularly at both ends of
the lifespan continuum.

Participants from three age groups (figure 1a)—children, young adults and older adults—met with the experimenter in
an online virtual room and conducted the entire session in a one-to-one setting akin to that of traditional in-lab experiments
(see more on this below). During these online meetings (figure 1b), participants were exposed to multiple comic strips (i.e.
encoding phase) and later their memory about four different aspects of the events was assessed (i.e. retrieval phase). These
different memory tests aimed to evaluate the degree of familiarity with the comic in addition to details present in the scenes
conveying both central and superficial information. Specifically, we first tested for the overall memory of the visual narrative.
Here, we presented the first image of the series which did not contain any information about the action or the ending of the
story (cue recognition). This was done to prompt retrieval based on peripheral details such as the clothes of the characters or
the physical context. Second, we assessed memory retrieval of central elements of the narrative (object recall). Third, we tested
the participant’s memory of the feeling of closure of the event (outcome memory) irrespective of the specific content (e.g. ‘I
remember something unexpected happened but not what’). Finally, we assess the memory retrieval of the specific ending of the
narrative when the PE took place (ending type). In line with the pre-registration, we hypothesized that in children, the encoding
mechanism sensitive to PEs would play a dominant role due to their developing, yet incomplete schemas. This should result in
enhanced memory encoding for unexpected information, but less so for schema-congruent information (i.e. left-tilted U-shape
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relation). Conversely, in older adults, we anticipate the opposite pattern. Due to more established schemas, their encoding
process is hypothesized to favour schema-congruent information, demonstrating a reduced sensitivity to PEs (i.e. a right-tilted
U-shape). Young adults, situated at an intermediate stage of lifespan cognition, are expected to exhibit both mechanisms
operating at their peak. Together, the hypothesized patterns of results aim to illuminate the developmental trajectory of the
postulated encoding mechanisms and provide a clear double dissociation between the enhancement effects of PEs and the
reinforcement of schema-congruent encoding.

3. Methods
(a) Participants
Children (8–10 years old), young adults (18–25 years old) and older adults (65–70 years old) were recruited from the lab
participant database or the local community through flyers and posters. Efforts were made to achieve a balanced number of
male and female participants whenever possible. Participants were fluent speakers of either German or English, and no other
restrictions were applied for recruitment. All participants received monetary compensation for their participation and provided
informed consent before participating in the study. In the case of minors, parents or legal guardians provided informed consent,
and minors gave assent. The study protocol was approved by the ethics board of Goethe University Frankfurt.

To estimate the targeted sample size, the WebPower library in R was used to conduct an a priori power analysis for a
repeated measures analysis of variance (ANOVA) with one within-participants factor having three levels (expected, neutral and
unexpected) and one between-participants factor also with three levels (children, younger adults and older adults). The aim was
to achieve an 80% power to detect a minimum effect of 0.25 (Cohen’s f) at the standard alpha level of 0.05. The estimated sample
size (n = 193.36) was adjusted to be evenly divisible by the number of groups, resulting in a total of 192 (n = 64 per age group),
leading to an effective power of 79.7%.

A sequential analysis approach was adopted by Lakens [29]. This involved including one interim analysis step when half of
the sample was collected (n = 32 per group; step size 32 × 3 = 96 participants). The GroupSeq library in R was used to adjust
the critical alpha values for each analysis step while maintaining the overall alpha level at 0.05. We used the O’Brien–Fleming
procedure [30] which applies a stricter correction to the alpha level at the initial interim steps when variability is expected to
be high. This stricter criterion is then relaxed so that the alpha level for the final step remains close to the standard level of
0.05. Following this procedure, if the main effect of ending type in the memory tasks was statistically significant at the first
interim step (with an alpha threshold of 0.003), data collection would be terminated. Similarly, data collection would also cease
at the first interim step if the observed effect sizes were smaller than 0.1 (Cohen’s f). If neither condition was met, data collection
would proceed until the maximum sample size was achieved, using an alpha level of 0.047 to declare significance.

The interim analysis step revealed that the main effect of ending type for both the cue and ending recognition was significant
at p < 0.003. In contrast, for the object recall task, the effect size was very small (η2G = 0.006), suggesting the lack of an effect
which would not be compensated by continued data collection. Finally, for the outcome memory, only young adults performed
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Figure 1. Session structure and encoding phase. (a) Three age groups participated in the study. (b) Structure of the experimental session comprising an encoding
phase, a distractor phase and a retrieval phase, conducted during an online meeting with the experimenter. (c) Trial structure for the encoding task. Three different
ending types were included. (d) Encoding performance across age groups. Each line represents one participant with thicker lines resulting from overlapping (mostly
ceiling) performance.
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above chance, so we just explored the effect of ending type in this group. The main effect was p = 0.004 which we deemed close
enough to 0.003 to justify halting data collection in the context of all four analyses. The final sample comprised 32 children
(mean age = 9.5 years, s.d. = 3.4, 18 females), 32 young adults (mean age = 22.3 years, s.d. = 2.1, 24 females) and 32 older adults
(mean age = 67.5 years, s.d. = 2.6, 16 female).

(b) Stimuli
The stimuli used consisted of 80 comic strips, each comprising five panels (figure 1c). Individual comic strips were screened for
arousing stimuli (e.g. spiders) and replaced with more neutral ones. For each participant, 60 strips were used in the encoding
phase and the other 20 were reserved to be used as foils in the memory phase. Specific strips were counterbalanced across
participants so that all stimuli served as foils throughout the entire sample. Each strip depicted two characters engaged in a
simple action (i.e. throwing or serving an object) that unfolded across the five panels (figure 1c). The outcome of the actions
in the last panel was manipulated to create three distinct ending conditions, each represented with 20 comic strips. The first
condition was the ‘expected ending’ (figure 1c, top panel), where the action concluded as anticipated (i.e. one of the characters
successfully receive the intended object). The second condition, the ‘unexpected ending’ (figure 1c, bottom panel), introduced
an element altering the course of the narrative and thus causing the anticipated action to be interrupted. The third condition
was the ‘neutral ending’ (figure 1c, middle panel), where the narrative sequence was left incomplete, with the action’s resolution
being ambiguous. Unlike the other conditions where the last panel revealed the action’s resolution, this condition used a
continuation frame in the sequence—such as a ball that is still in motion towards the second character but not yet caught. This
ending condition was used as an intermediate situation where the anticipated action is not matched but also not mismatched,
thus enabling a scenario where memory encoding would not benefit from schema integration or from PE.

(c) Design and procedure
The study employed a 3 (ending type: expected, neutral or unexpected) by 3 (age group: children, younger adults or older
adults) mixed design. The ending type was manipulated within participants, with each participant experiencing all three ending
conditions. On each session, participants carried out an encoding phase, followed by a distractor phase in which they performed
math operations for 10 min and finally a retrieval phase (figure 1b).

All testing was carried out online. Stimulus presentation and response collection were programmed in PsychoPy v. 2021.1.4
and hosted on Pavlovia (https://pavlovia.org). At the beginning of the testing session, the experimenter met the participant
in a virtual room using an online videoconferencing tool (figure 1b). During this initial meeting, the experimenter assessed
the appropriateness of the testing setup through a brief set of questions. These questions focused on the participant’s overall
wellbeing, the physical environment of the room where the task would be performed and the computer being used for the
session. All participants were instructed to sit in a quiet room, using a laptop or a desktop computer, and were encouraged
to minimize distractions as much as possible throughout the session. In addition, verbal instructions about the tasks were
provided before each phase by the experimenter and participants had the opportunity to ask questions. At the start of each
phase, instructions were again presented in written format. Note that the memory test was not mentioned before the memory
phase. At the conclusion of the session, the experimenter reconnected with the participant through the videoconferencing tool
to inquire about any unforeseen events or situations that might have occurred during the completion of the task.

(d) Encoding phase
During the encoding phase, participants were presented with 60 comic strips in a randomized order, determined by PsychoPy’s
internal routines. Nine additional comic strips (i.e. three of each ending condition) were included at the beginning as practice
trials and not used further. Each trial (figure 1c) began with a fixation cross displayed for 0.5 s, followed by the presentation of
the cue (i.e. the first panel of the comic strip) for 2.5 s. The first panel in the sequence contained a single character in a unique
context which served to situate the context of the story but provided no information with respect to the action that would
unfold over the sequence (i.e. a serve or a throw action), nor of the object and second character that initiated the action. This
was succeeded by the action sequence, where across three subsequent panels the action unfolded (comic strip images). Each
image of the comic strip was displayed for 0.85 s. The trial concluded with the target (i.e. the last panel of the comic strip)
displayed for 2.5 s. Each comic strip included one of the three possible ending types: an expected, unexpected and a neutral
ending. In the expected condition, the final panel was congruent with the narrative schema developed in the preceding panels.
In the unexpected condition, the final panel was incongruent with the unfolding schema. In the neutral condition, the final
panel depicted an instance of the action that remained unresolved from the previous slides, leaving the narrative’s conclusion
ambiguous. Each ending was presented in equal proportion for a total of 20 trials per condition. On every trial, participants
were required to use two keys on a keyboard to report as accurately as possible on the outcome of the actions depicted (i.e.
whether the object reached its intended recipient). Speed was not stressed.

(e) Retrieval phase
The retrieval phase assessed participants’ memory of the comic strips presented during the encoding phase. This phase
consisted of four different memory tasks (figure 2a), namely, cue recognition, object recall, outcome memory and ending
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recognition, each designed to probe different aspects of memory of the comic strips. Each trial began with a fixation cross
followed by a series of tasks presented in sequence; for these tasks, stimuli remained on the screen until the participant
responded.

(i) Cue recognition

In the first task, participants were presented with the first panel of a comic strip which served as a retrieval cue of the episode.
Note that this cue image depicted only one character and no information about the action, nor the object involved in the action.
Cues for all 60 previously presented comic strips belonging to the three different ending conditions, i.e. expected, unexpected
and neutral endings were presented. Those were intermixed with 20 fillers images that were never seen before. Cues were
presented in random order. For each cue, participants judged the images as old or new (i.e. ‘Have you seen this story before?’)
(figure 2, top left).

(ii) Object recall

In the second task, while the cue image remained on the screen participants were asked to recall the central object featured in
the comic strip (i.e. ‘Which object was exchanged in this story?’). They were instructed to type on the keyboard a maximum
of three words describing the object (e.g. red soda can) and to press ENTER to submit their response. Responses were later
manually coded by a naive rater as follows: 0 = the response was incorrect; 1 = the response matched the action performed; 2
= the response matched the type of object in the sequence; and 3 = the response matched the actual object in the sequence. The
coder did not have access to the actual ending or to its type but only to the first slide in which the object appeared and to a text
label describing the object (figure 2a, top right).

(iii) Outcome memory

After the recall responses had been submitted, they disappeared from the screen and the third task was presented. With the cue
image still displayed on the screen, participants were instructed to report the outcome of the action that unravelled in that story
(i.e. ‘Did the object reach the intended person?’) by pressing one of two keys on the keyboard (figure 2a, bottom left).

(iv) Ending recognition

Finally, for the fourth task, three alternatives depicting the three possible endings, expected, neutral and unexpected, were
presented at the bottom of the screen with the cue still displayed at the top. One image corresponded to the ending of the comic
strip previous seen by the participant while the other two images acted as lures. Participants were instructed to select the ending
that they had seen during encoding (figure 2a, bottom right).

The use of four distinct memory tasks within the retrieval phase aimed to provide a comprehensive evaluation of the
episodic traces generated during encoding. Each task taps into different mnemonic aspects thus enabling the assessment of
not just whether an event is remembered, but also how various elements of that event might be differentially impacted by PE
across the lifespan. The multidimensional nature of episodic memory makes this approach key to reconcile existing findings
and conflicting accounts.

Retrieval phase tasks Retrieval phase performance

Cue recognition Cue recognitionObject recall Object recall

Have you seen this story

before?
Yes–No

Yes–No

I...

Which object was exchanged in this

story?

Outcome memory Ending recognition

Did the object reach the intended

person?

How did the story end?
1 2 3

1.00

0.75

0.50

0.25

0.00

1.00

0.75

0.50

0.25

0.00

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

1.00

0.75

0.50

0.25

0.00

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Exp
ec

te
d

U
ne

xp
ec

te
d

N
eu

tra
l

Children YA OA Children YA OA

Children YA OAChildren YA OA

Ending type Ending type

H
it

s–
fa

ls
e 

al
ar

m
s

A
v
er

ag
e 

ac
cu

ra
cy

A
v
er

ag
e 

re
ca

ll

3

2

1

0

Outcome memory Ending recognition

(b)(a)

Figure 2. Retrieval phase. (a) Tasks involved in the retrieval phase included cue recognition, object recall, outcome memory and ending recognition. (b) Performance
across the three age groups for each task depicted in (a).
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(f) Deviations from the registered protocol
A pre-registration was created and is available at [31]. Note that a few datasets (n = 11) were collected but not analysed before
the freezing of the registration due to logistic issues. The only deviation from the pre-registered analysis plan is included below.

The registered analysis plan included an exclusion criterion based on performance on the cue recognition task to control
for lack of task engagement during the second half of the session. However, this criterion would exclude 19 participants, who
otherwise showed above-chance performance in the other memory tasks indicating that subject’s performance across tasks was
indeed reliable. Therefore, considering the high performance in the encoding task and also the relatively high performance in
the other three memory tasks, we opted to forgo the exclusion criteria in the final analysis. The results are however robust to the
exclusion criteria applied (refer to electronic supplementary materials for the results with the preregistered exclusion criteria).

(g) Statistical analysis
For each task, overall performance was evaluated against chance level in R with the libraries rstatix and BayesFactor. Note that
this was not done for the object recall task as it is not straightforward to define the chance level in this task.

As stated in our pre-registration, we took an ANOVA approach to analyse our data and complemented it with a linear mixed
model (LMM) approach. As both sets of analysis rendered similar results, and we deemed the LMM approach as more flexible
in being able to model trial-level data, we report the outputs from this approach (refer to electronic supplementary materials for
the ANOVA results).

To determine the best-fitting model for our analysis, we used a backward selection method [32,33]. We began with the
most complex model that included age group, ending type and their interaction as fixed effects, and independent slopes
and intercepts for participants and comic strips as random effects. From this full model, we systematically removed random
parameters at a time to create a series of simpler models. Each time, we compared the complex model with the next simplest
model using a likelihood ratio test [34]. If removing a parameter did not significantly worsen the model fit (p > 0.05), we
adopted the simpler model. This process was repeated until removing any further parameters significantly reduced the model’s
explanatory power. We then performed Wald chi-squared tests to assess the significance of the fixed effects. For the sake of
simplicity, only the final winning models are reported here but the complete analysis pipeline and dataset [35] to reproduce
this procedure is available at [36]. Once we identified the final model, we used contrasts to test for the presence of linear and
quadratic components of the ending type effect on memory performance.

4. Results
(a) Encoding phase
Participants’ responses during encoding (figure 1d) showed overall accuracy reaching almost ceiling performance for children
(mean accuracy = 0.97, s.d. = 0.21), young adults (mean accuracy = 0.99, s.d. = 0.08) and older adults (mean accuracy = 0.99, s.d.
= 0.14). A Kruskal–Wallis test with group as a between-participants factor revealed a significant effect of group, H(2) = 19.3, p
< 0.001. Follow-up pairwise comparisons using the Mann–Whitney U-test showed significant differences in accuracy between
children and older adults (U = 3682, p = 0.003) and between children and young adults (U = 3568, p < 0.001), with children
performing lower than both older adults and young adults. No significant difference in accuracy was observed between young
and older adults (U = 4504, p = 1.000). Despite these minor differences (2%), the analysis of the accuracy during encoding
indicated almost ceiling performance and comparable engagement with the task in all age groups.

(b) Retrieval phase

(i) Cue recognition

Overall d’ was computed for every participant from hits and false alarm rates and tested to be different from zero, t(95) = 24.233,
p < 0.001, Cohen’s d = 2.47, BF10 = 1.106 × 1039 (children d’ = 1.26, young adults d’ = 1.07 and older adults d’ = 0.822, all individual
ps < 0.001). Since it is not possible to compute independent false alarm rates for each ending type condition, the proportion of
hits was submitted to our modelling procedure to test for effects of interest.

In the selected model, ending type and group were treated as fixed effects, and random intercepts were included for both
participant and comic strip (BIC winner: 7478.1, reduced: 7543.0). The analysis of this model revealed a significant main effect
of ending type (χ2(2) = 24.095, p < 0.001), a significant main effect of group (χ2(2) = 10.960, p = 0.004) and a barely significant
interaction between group and ending type (χ2(4) = 9.500, p = 0.050; figure 2b, top left). We then characterized the relationship
between ending type and memory by exploring the contributions of linear and quadratic components in each group (figure
3a). In the children group, we observed that the relationship between PE and cue recognition was better characterized by the
combination of a linear and a quadratic component (linear component: β = 0.143, z = 2.419, p = 0.016; quadratic component:
β = 0.085, z = 2.491, p = 0.013). In line with our hypotheses, the children group exhibited the best memory for unexpected
endings, followed by expected ones and with worst memory for neutral ending (i.e. left-tilted U-shape). Similarly, in the young
adults group, the linear component was stronger than the quadratic (linear component: β = 0.180, z = 2.958, p = 0.003; quadratic
component: β = 0.088, z = 2.557, p = 0.011), thus suggesting a stronger influence of the PE benefit than of a schema integration
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mechanism. Direct comparison between children and young adults on their linear and quadratic components rendered no
significant differences (linear: β = 0.037, z = 0.434, p = 0.665; quadratic: β = 0.004, z = 0.074, p = 0.941, respectively). Finally, for the
older adults group, neither linear nor quadratic components were statistically significant (linear component: β = 0.046, z = 0.735,
p = 0.462; quadratic component: β = 0.032, z = 0.903, p = 0.367), thus suggesting no influence of PE on recognition memory for the
cue. Despite the lack of significant components, direct comparisons between children and young adults, revealed no significant
differences in the linear and quadratic components (against children, linear: β = −0.097, z = −1.136, p = 0.256; quadratic: β = −0.052,
z = −1.069, p = 0.285. Against young adults, linear: β = −0.134, z = −1.543, p = 0.123; quadratic: β = −0.056, z = −1.132, p = 0.258).

(ii) Object recall

The average rated accuracy (0–3) for the recall task was submitted to our modelling procedure. The winning model included
ending type, group and their interaction as fixed effects and random intercepts for participant and comic strip (BIC winner: 13 
617, BIC reduced: 13 939). Neither of the main effects nor the interaction were statistically significant—age group: χ2(2) = 2.469,
p = 0.291; ending type: χ2(2) = 5.531, p = 0.063; and interaction: χ2(4) = 6.305, p = 0.178. The overall poor performance in this task
(figure 2b, top right) might have prevented any boosting effects arising from different levels of PE.

(iii) Outcome memory

Three independent one-sample one-tailed t-tests against a chance level of 0.5 were conducted across age groups. Both for older
adults and for children, performance did not differ from chance, t(31) = 0.139, p = 0.891, Cohen’s d = −0.025, BF10 = 0.191 (mean
accuracy = 0.498) and t(31) = 1.646, p = 0.110, Cohen’s d = 0.291, BF10 = 0.634 (mean accuracy = 0.522), respectively. In contrast,
young adults showed significantly higher than chance performance, t(31) = 3.880, p < 0.001, Cohen’s d = 0.686, BF10 = 59.341
(mean accuracy = 0.555).

To further explore this result, young adults’ responses were submitted to our modelling procedure. The winning model
included ending type as fixed effect, and random slope and intercept for comic strip (BIC winner: 2474.7, reduced: 2481.6). This
analysis revealed a significant effect of ending type, χ2(2) = 16.556, p < 0.001, with this effect being characterized by a positive
linear component, β = 0.469, z = 3.329, p < 0.001 and no quadratic component, β = 0.020, z = 0.323, p = 0.747. In other words, young
adults showed better memory for the outcome of the event with increasing PE (figure 2b, bottom left).

(iv) Ending recognition

Responses to the ending recognition task were submitted to three independent one-sample one-tailed t-tests against a chance
level of 0.33 to validate overall performance. The results indicated significant deviations from the chance level in all groups
(children’s mean accuracy = 0.589, t(31) = 13.599, p < 0.001, Cohen’s d = 2.404, BF10 = 5.070 × 1011. ; young adults’ mean accuracy
= 0.608, t(31) = 20.193, p < 0.001, Cohen’s d = 3.570, BF10 = 2.024 × 1016; older adults’ mean accuracy = 0.457, t(31) = 8.761, p <
0.001, Cohen’s d = 1.549, BF10 = 1.632 × 107). These results suggest that all age groups performed significantly above the chance
level in the task. An analysis of confusion matrices (electronic supplementary material, figure S1) revealed a non-uniform error
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distribution, with misattributions more common between expected and neutral than unexpected responses. Importantly, this
pattern was consistent across the three age groups (refer to electronic supplementary materials for more details).

To assess the influence of ending type on recognition memory, accuracy scores were submitted to our modelling procedure.
The winning model included ending type, group and their interaction as fixed effects, and random intercept and slopes for
participants and comic strips (BIC winner: 7328.1, reduced: 7333.1). We observed significant main effects of ending type, χ2(2)
= 56.368, p < 0.001, age group, χ2(2) = 20.254, p < 0.001 and a significant interaction between them, χ2(4) = 64.280, p < 0.001
(figure 2b, bottom right). Exploring this interaction rendered significant linear and quadratic components in both the children
group (linear: β = 0.673, z = 5.943, p < 0.001; quadratic: β = 0.369, z = 5.985, p < 0.001) and the young adults group (linear: β =
0.618, z = 5.542, p < 0.001; quadratic: β = 0.192, z = 3.127, p = 0.002). Interestingly, the quadratic component in young adults was
significantly reduced compared with children (β = −0.177, z = −2.075, p = 0.038), a pattern not observed in the linear component
(β = −0.055, z = 0.357, p = 0.721). This selective reduction of the quadratic component indicates a smaller difference between
expected and neutral endings for young adults than for children (figure 3b). This result is compatible with a weakening of
the schema integration mechanism in young adults, which was not anticipated in our hypotheses. In sharp contrast with the
other groups, the older adults showed the opposite trend in the linear component (β = −0.285, z = −2.628, p = 0.009), indicating
worse performance as PE increases. In addition, their quadratic component was marginally significant, β = 0.117, z = 1.913, p =
0.056, suggesting a slight upward trend with higher levels of PE. Direct comparison of the older adults’ components with the
children group revealed a decrease in the magnitude of both components (linear: β = 0.957, p < 0.001; quadratic: β = 0.252, p =
0.003). The comparison with young adults rendered a significant decrease in the linear component (β = 0.902, p < 0.001) but not
in the quadratic one (β = 0.075, p = 0.377). Overall, the reduced PE benefit on and the increased memory for expected endings
support our hypothesis for the older adults group, namely, a maintained schema integration mechanism in combination with
a deteriorated PE-encoding mechanism would improve performance more strongly for one end of the PE continuum (i.e.
right-tilted U-shape).

5. Discussion
The present study aimed to dissect the influence of anticipating events (i.e. prediction) on episodic memory encoding across
the lifespan. To this end, we tested participants’ memory for comic strips with varying levels of expectedness in their endings.
Our findings highlight that predictions have a multifaceted impact on the memory of varying features of experience, in which
distinct age-related differences emerge across the lifespan. For both memory for the start (cue recognition) and ending of
the comic strips, children exhibited an overall left-tilted U-shaped relationship, with memory encoding being strongest for
events with highly unexpected endings, followed by a smaller memory advantage for events with highly predictable endings,
in comparison to events with endings of medium PE. The hypothesized left tilt in this pattern (i.e. stronger encoding for
unexpected information) aligns with the notion that developing schemas in children are particularly attuned to assimilating
novel, unexpected information. The young adults group showed a similar pattern with a preference for the encoding of
unexpected information. Conversely, older adults exhibited little overall benefit of PE in episodic encoding, with the opposite
pattern arising for ending recognition (i.e. better memory for expectation-matching endings). This differential impact across
memory tasks and age groups supports the presence of two distinct mechanisms that govern memory formation: schema
integration and PE-triggered encoding. Our results showed that schema integration is more prominent in older adults’ memory,
while PE-triggered encoding is more prominent in children’s memory.

(a) Prediction (error) impacts different aspects of the encoded episode
A comprehensive view of episodic memory requires considering it as a multifaceted trace in which different features are
combined to construct an episode and which can, in turn, be used to reconstruct the experience mnemonically after it has
finished. This reconstruction is the key to accessing the past and, at the same time, sets the basis for anticipating the future.
The capacity to simulate potential outcomes based on our extrapolations from past experiences is essential for effective decision
making and adaptability in changing environments.

The relationship between episodic memory and the anticipation of future states is far from unidirectional. It has been
proposed that predictive processing might have a critical role in shaping how our brains store episodic information
[11,12,19,33,37,38]. In the current study, we attempted to jointly characterize the effect of expectedness on four different features
of the retrieved episode.

(i) Cue recognition

Participants from all age groups performed a recognition memory task on the first panel of the comic strips include information
neither about the ending nor about the action, the object or the second character. As such, participants’ judgements of the story
could be made based on peripheral details encoded during the prediction (mis)match (e.g. remembering the t-shirt that the
character was wearing when she caught the ball) or due to a retroactive influence of PE on the encoding of the beginning of
the event. However, a recent study speaks against this latter mechanism. In this study, the authors showed that surprise does
not retroactively enhance memory for events leading up to unexpected endings [28]. Therefore, we interpret our cue recognition
task as a measure of the encoding of details of the outcome which are not directly related to the prediction (mis)match. These
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include the main character (e.g. their appearance) or the setting (e.g. the background location). Encoding of these details is
proposed as a core feature of the snapshot-like holistic encoding of the event of the PE mechanism [5,11,39].

In line with the hypothesis that the PE mechanism is impaired with increasing age, older adults’ performance showed
no significant modulation as a function of expectedness. In contrast, children and young adults predominantly exhibited
a positive linear trend along the expectedness axis (i.e. enhanced memory for unexpected endings). In addition, children
showed enhanced encoding of peripheral details of the outcome also for expected endings with young adults displaying
a similar, though less pronounced pattern. This finding, akin to the standard memory congruency effect [16–18,40], was
somewhat not anticipated for this type of information, as only the PE mechanism was hypothesized to enhance the encoding
of peripheral details. However, as children’s knowledge is still being built up, remembering peripheral details during both
prediction confirming and disconfirming experiences would help to stabilize knowledge while enabling flexible updating when
needed. This post hoc interpretation suggests a refinement of the schema integration mechanism to also include the encoding
of peripheral details depending on the robustness of the schemas. In other words, in expected situations, both central and
peripheral details would be encoded if the schemas are not robust enough to deem peripheral details irrelevant (as would be the
case in children or when learning in a novel context). Future studies are needed to directly test this hypothesis.

(ii) Object recall and outcome memory

The limited variability in the possible actions and types of objects depicted in the comic strips probably created a situation
of high interference, such that memory individuation for each of the comics may have been harder, thus leading to worse
performance in memory tests. Both children and older adults did not show reliable memory either for the central object
exchanged in the comic strip or for the outcome of the action and no modulation of these measures by PE; young adults,
however, despite their low object recall performance, showed enhanced encoding of the outcome of the story for unexpected
endings. This latter result adds to the ones for story recognition by further supporting the notion of holistic encoding follow-
ing PE [5,39]. It is well known that PEs trigger a myriad of cognitive and physiological responses which are immediately
measurable [41–44]. These responses might be encoded into memory independently of the content of the event (e.g. I remember
something unexpected happened, but I do not remember what). This was the case in our young adults group where they
showed better remembering of the type of ending when these were unexpected. However, given the overall poor performance
in these tasks and the modest size of the effects, we advise caution when interpreting this result. Follow-up studies with more
variable sets of actions and objects might not only provide an extension of this result but also help to uncover modulations by
PE which might have been obscured by floor effects.

(iii) Ending recognition

Our final memory task presented participants with all three potential endings, asking them to identify the one they had
actually seen. This task was designed to attempt at dissociating two encoding mechanisms: schema integration and PE-driven
encoding. On the one hand, the results from the children and young adults groups support the existence of a schema integration
mechanism with better memory for expected endings than neutrals. This result is akin to the standard memory congruency
effect and reflects the facilitation of the encoding of information when it is congruent with previous knowledge [5,11,16–18,40].
However, we did not observe the hypothesized absolute strengthening of this mechanism with age. In contrast to children,
young adults showed a diminished quadratic component, with this reduction attributable to comparable memory for expected
than for neutral endings. This result is paralleled in the older adults’ group, which despite showing increased memory for
expected events, did not show a relative strengthening of this schema integration mechanism compared with young adults.

This unforeseen finding ought to be interpreted in the light of two considerations. First, the schema being unravelled in the
task may have been too simplistic, resulting in negligible benefits from integrating elements into the well-consolidated schemas
of the adults groups. A more complex schema might have provided enough room to significantly impact memory performance.
Second, there was limited variability in the expected endings as the fulfilment of the prediction consistently led to the same
outcome (i.e. the object being received by the second character). The uniform nature of these endings might have failed to
engage the young participants’ memory systems as effectively as more varied or complex scenarios would have.

On the other hand, children and young adults, but not older adults, exhibited better memory for unexpected endings
than for neutral ones. The reliable PE-driven encoding enhancement found in children and young adults is in line with
previous reports of such effect [5,12,19,39,45,46] and further supports the existence of this mechanism by extending it to a
new experimental paradigm. Moreover, our results also support the hypothesized developmental trajectory of the PE-driven
encoding mechanism. The lack of a PE-driven boost in older adults is compatible with a hippocampal-dependent encoding
following PE [11] as the integrity of medial temporal structures has been shown to decline with healthy ageing [47–49].

6. Conclusion
The results from the four memory tasks reflect a developmental profile characterized by a change in the relative contributions of
the mechanisms within the age groups, whereas PE-driven encoding is prioritized during childhood, schema integration plays
a larger role in older adulthood. Our results validate a novel approach to studying these two mechanisms with a paradigm
that (i) includes stimuli suitable for testing across age groups; (ii) enables balanced frequency of the expectation matches
and mismatches; and (iii) includes the temporal unfolding of events with careful control of the timing and amount of the
information delivered.
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Nevertheless, several questions remain open for future research. For instance, although evidence for the dissociation between
the two mechanisms is gradually accumulating, we still do not know which of the constraints determine whether it is possible
to measure the effects of one mechanism or the other. While the requirement of a neutral condition is a promising avenue
[5,11], finding a perfectly balanced neutral condition is currently one of the major challenges. For instance, our paradigm,
which exploits a common prediction with different outcomes, uses unfinished endings to avoid the prediction (mis)match. In
doing so, our neutral condition prevents closure of the event which is known to impact memory formation [50,51]. In fact,
this manipulation has been used previously to induce PE and to contrast it with prediction matches [27,52], thus capturing the
left side of our U-shape pattern. An alternative possibility to create a neutral condition would be to vary the strength of the
prediction while keeping the outcome constant. This approach has also been used to render different levels of PE to explore
their impact on memory formation [33,38]. The extent to which the PEs obtained from these two approaches might render
differential effects on encoding has not been comprehensibly explored and merits conceptual and experimental exploration.

Another factor provides further critical insights into the relationship between prediction and memory involves the opera-
tions that participants are carrying out during encoding [37,38,53]. In our task, participants performed a task which was
directly related to the outcome of the prediction (i.e. they reported whether the object reached the second character). As such,
affirmative responses were more frequent in the expected condition than in the other two. Previous studies have shown that
affirmative responses can lead to advantages in encoding when compared with negative responses [54]. This affirmation-driven
enhancement could thus underly schema-integration effects when a prediction-dependent response is required [55]. Future
studies explicitly contrasting prediction-dependent with prediction-orthogonal tasks are required to further elucidate this
relation.

The diversity of experimental approaches and the subsequent mixed pattern of findings in the literature [5,19,33,45,46,56]
is still to be reconciled under a common framework. Computational modelling approaches hold a great potential in enabling
an operationalization of these constraints [38,55] and in the delineation of the optimal situations in which schemas can be
efficiently exploited [21]. Similarly, standardized definitions of the types of predictions researchers are using [1,57] can further
clarify the boundary condition of these effects by isolating them from neighbouring ones [13,14].

The differential impact of expectedness across memory measures lends support to the existence of two separate mechanisms
underlying episodic memory encoding. This dissociation is further supported by the distinct patterns observed across the
lifespan. These different mechanisms are a core component of the dynamic interplay between the anticipation of future states
and memory formation. Our study underscores the complexity of episodic memories, highlighting how different mechanisms
come into play at various stages of life. These findings open up avenues for further research into the bidirectional relationship
between memory formation and predictions.

Ethics. All methods and procedures included in this article were approved by the board of the Goethe University Frankfurt (Frankfurt am Main,
Germany).
Data accessibility. All data, materials and code are available from Zenodo at [58].

Supplementary material is available online [59].
Declaration of AI use. We have not used AI-assisted technologies in creating this article.
Authors’ contributions. J.O.-T.: conceptualization, data curation, formal analysis, investigation, methodology, project administration, software,
visualization, writing—original draft, writing—review and editing; G.T.: investigation, project administration, visualization, writing—review
and editing; M.V.: conceptualization, resources, writing—review and editing; L.M.: conceptualization, resources, supervision, writing—review
and editing; Y.L.S.: conceptualization, funding acquisition, supervision, writing—review and editing.

All authors gave final approval for publication and agreed to be held accountable for the work performed therein.
Conflict of interest declaration. We declare we have no competing interests.
Funding. The work of JOT was supported by funding from the Volkswagen Foundation, Project ML2MT.

References
1. Ortiz-Tudela J, Nicholls VI, Clarke A. 2023 Parameters of prediction: multidimensional characterization of top-down influence in visual perception. Neurosci. Behav. Rev. 153,

105369. (doi:10.1016/j.neubiorev.2023.105369)
2. Barron HC, Auksztulewicz R, Friston K. 2020 Prediction and memory: a predictive coding account. Prog. Neurobiol. 192, 101821. (doi:10.1016/j.pneurobio.2020.101821)
3. Bein O, Gasser C, Amer T, Maril A, Davachi L. 2023 Predictions transform memories: how expected versus unexpected events are integrated or separated in memory. Neurosci. Behav.

Rev. 153, 105368. (doi:10.1016/j.neubiorev.2023.105368)
4. Bosch SE, Jehee JFM, Fernández G, Doeller CF. 2014 Reinstatement of associative memories in early visual cortex is signaled by the hippocampus. J. Neurosci. 34, 7493–7500. (doi:

10.1523/JNEUROSCI.0805-14.2014)
5. Greve A, Cooper E, Tibon R, Henson RN. 2019 Knowledge is power: prior knowledge aids memory for both congruent and incongruent events, but in different ways. J. Exp. Psychol.

Gen. 148, 325–341. (doi:10.1037/xge0000498)
6. Henson RN, Gagnepain P. 2010 Predictive, interactive multiple memory systems. Hippocampus 20, 1315–1326. (doi:10.1002/hipo.20857)
7. Kok P, Rait LI, Turk-Browne NB. 2020 Content-based dissociation of hippocampal involvement in prediction. J. Cogn. Neurosci. 32, 527–545. (doi:10.1162/jocn_a_01509)
8. Kok P, Turk-Browne NB. 2018 Associative prediction of visual shape in the hippocampus. J. Neurosci. 38, 6888–6899. (doi:10.1523/JNEUROSCI.0163-18.2018)
9. Ortiz-Tudela J, Bergmann J, Bennett M, Ehrlich I, Muckli L, Shing YL. 2023 Concurrent contextual and time-distant mnemonic information co-exist as feedback in the human visual

cortex. Neuroimage 265, 119778. (doi:10.1016/j.neuroimage.2022.119778)
10. Shing YL, Brod G, Greve A. 2023 Prediction error and memory across the lifespan. Neurosci. & Biobehav. Rev. 155, 105462. (doi:10.1016/j.neubiorev.2023.105462)
11. van Kesteren MTR, Ruiter DJ, Fernández G, Henson RN. 2012 How schema and novelty augment memory formation. Trends Neurosci. 35, 211–219. (doi:10.1016/j.tins.2012.02.001)

10

royalsocietypublishing.org/journal/rstb 
Phil. Trans. R. Soc. B 379: 20230401

 D
ow

nl
oa

de
d 

fr
om

 h
ttp

s:
//r

oy
al

so
ci

et
yp

ub
lis

hi
ng

.o
rg

/ o
n 

19
 S

ep
te

m
be

r 
20

24
 

http://dx.doi.org/10.1016/j.neubiorev.2023.105369
http://dx.doi.org/10.1016/j.pneurobio.2020.101821
http://dx.doi.org/10.1016/j.neubiorev.2023.105368
http://dx.doi.org/10.1523/JNEUROSCI.0805-14.2014
http://dx.doi.org/10.1037/xge0000498
http://dx.doi.org/10.1002/hipo.20857
http://dx.doi.org/10.1162/jocn_a_01509
http://dx.doi.org/10.1523/JNEUROSCI.0163-18.2018
http://dx.doi.org/10.1016/j.neuroimage.2022.119778
http://dx.doi.org/10.1016/j.neubiorev.2023.105462
http://dx.doi.org/10.1016/j.tins.2012.02.001


12. Brod G, Greve A, Jolles D, Theobald M, Galeano-Keiner EM. 2022 Explicitly predicting outcomes enhances learning of expectancy-violating information. Psychon. Bull. Rev. 29, 1–10.
(doi:10.3758/s13423-022-02124-x)

13. Hunt RR. 1995 The subtlety of distinctiveness: what von restorff really did. Psychon. Bull. Rev. 2, 105–112. (doi:10.3758/BF03214414)
14. von Restorff H. 1933 Über die wirkung von bereichsbildungen im spurenfeld. Psychol. Forsch. 18, 299–342. (doi:10.1007/BF02409636/METRICS)
15. Brod G, Shing YL. 2019 A boon and A bane: comparing the effects of prior knowledge on memory across the lifespan. Dev. Psychol. 55, 1326–1337. (doi:10.1037/dev0000712)
16. Gronau N, Shachar M. 2015 Contextual consistency facilitates long-term memory of perceptual detail in barely seen images. J. Exp. Psychol. Hum. Percept. Perform. 41, 1095–1111.

(doi:10.1037/xhp0000071)
17. Ortiz-Tudela J, Milliken B, Botta F, LaPointe MRP, Lupiañez J. 2017 A cow on the prairie vs. a cow on the street: long-term consequences of semantic conflict on episodic encoding.

Psychol. Res. 81, 1264–1275. (doi:10.1007/s00426-016-0805-y)
18. Wynn JS, Ryan JD, Moscovitch M. 2020 Effects of prior knowledge on active vision and memory in younger and older adults. J. Exp. Psychol. Gen. 149, 518–529. (doi:10.1037/

xge0000657)
19. Quent JA, Greve A, Henson RN. 2022 Shape of U: the nonmonotonic relationship between object-location memory and expectedness. Psychol. Sci. 33, 2084–2097. (doi:10.1177/

09567976221109134)
20. Bartlett FC. 1932 Remembering: a study in experimental and social psychology. Cambridge, UK: Cambridge University Press.
21. Lu Q, Hasson U, Norman KA. 2022 A neural network model of when to retrieve and encode episodic memories. Elife 11, e74445. (doi:10.7554/eLife.74445)
22. Hess TM, Slaughter SJ. 1990 Schematic knowledge influences on memory for scene information in young and older adults. Dev. Psychol. 26, 855–865. (doi:10.1037/0012-1649.26.

5.855)
23. Cheke LG, Clayton NS. 2013 Do different tests of episodic memory produce consistent results in human adults? Learn. Mem. 20, 491–498. (doi:10.1101/lm.030502.113)
24. Chi CH, Yang FC, Chang YL. 2022 Age-related volumetric alterations in hippocampal subiculum region are associated with reduced retention of the “when” memory component.

Brain Cogn. 160, 105877. (doi:10.1016/j.bandc.2022.105877)
25. Plancher G, Gyselinck V, Nicolas S, Piolino P. 2010 Age effect on components of episodic memory and feature binding: a virtual reality study. Neuropsychology 24, 379–390. (doi:10.

1037/a0018680)
26. Shing YL, Werkle-Bergner M, Li SC, Lindenberger U. 2008 Associative and strategic components of episodic memory: a life-span dissociation. J. Exp. Psychol. 137, 495–513. (doi:10.

1037/0096-3445.137.3.495)
27. Sinclair AH, Barense MD. 2019 Prediction error and memory reactivation: how incomplete reminders drive reconsolidation. Trends Neurosci. 42, 727–739. (doi:10.1016/j.tins.2019.

08.007)
28. Ben-Yakov A, Smith V, Henson R. 2022 The limited reach of surprise: evidence against effects of surprise on memory for preceding elements of an event. Psychon. Bull. Rev. 29,

1053–1064. (doi:10.3758/s13423-021-01954-5)
29. Lakens D. 2014 Performing high‐powered studies efficiently with sequential analyses. Eur. J. Soc. Psychol. 44, 701–710. (doi:10.1002/ejsp.2023)
30. O’Brien PC, Fleming TR. 1979 A multiple testing procedure for clinical trials. Biometrics 35, 549–556. (doi:10.2307/2530245)
31. Ortiz-Tudela J, Turan G, Melloni L, Shing YL. 2024 SDP - schema-driven predictions (doi:10.17605/OSF.IO/E2P9F)
32. Barr DJ. 2013 Random effects structure for testing interactions in linear mixed-effects models. Front. Psychol. 4, 54057. (doi:10.3389/fpsyg.2013.00328)
33. Ortiz-Tudela J, Nolden S, Pupillo F, Ehrlich I, Schommartz I, Turan G, Shing YL. 2023 Not what U expect: effects of prediction errors on item memory. J. Exp. Psychol. Gen. 152, 2160–

2176. (doi:10.1037/xge0001367)
34. Matuschek H, Kliegl R, Vasishth S, Baayen H, Bates D. 2017 Balancing type I error and power in linear mixed models. J. Mem. Lang. 94, 305–315. (doi:10.1016/j.jml.2017.01.001)
35. Ortiz-Tudela J, Turan G, Melloni L, Shing YL. 2024 SDP - schema-driven predictions (doi:10.17605/OSF.IO/NWE6C)
36. Ortiz-Tudela J, Turan G, Melloni L, Shing YL. 2024 SDP - schema-driven predictions. See https://github.com/ortiztudela/sdp_manuscript.
37. Brod G. 2021 Predicting as a learning strategy. Psychon. Bull. Rev. 28, 1839–1847. (doi:10.3758/s13423-021-01904-1)
38. Pupillo F, Ortiz-Tudela J, Bruckner R, Shing YL. 2023 The effect of prediction error on episodic memory encoding is modulated by the outcome of the predictions. NPJ Sci. Learn. 8, 18.

(doi:10.1038/s41539-023-00166-x)
39. Greve A, Cooper E, Kaula A, Anderson MC, Henson R. 2017 Does prediction error drive one-shot declarative learning? J. Mem. Lang. 94, 149–165. (doi:10.1016/j.jml.2016.11.001)
40. Brod G, Werkle-Bergner M, Shing YL. 2013 The influence of prior knowledge on memory: a developmental cognitive neuroscience perspective. Front. Behav. Neurosci. 7, 139. (doi:

10.3389/fnbeh.2013.00139)
41. den Ouden HEM, Friston KJ, Daw ND, McIntosh AR, Stephan KE. 2009 A dual role for prediction error in associative learning. Cereb. Cortex 19, 1175–1185. (doi:10.1093/cercor/

bhn161)
42. Fouragnan E, Retzler C, Philiastides MG. 2018 Separate neural representations of prediction error valence and surprise: evidence from an fmri meta-analysis. Hum. Brain Mapp. 39,

2887–2906. (doi:10.1002/hbm.24047)
43. Philiastides MG, Biele G, Vavatzanidis N, Kazzer P, Heekeren HR. 2010 Temporal dynamics of prediction error processing during reward-based decision making. Neuroimage 53, 221–

232. (doi:10.1016/j.neuroimage.2010.05.052)
44. den Ouden HEM, Kok P, de Lange FP. 2012 How prediction errors shape perception, attention, and motivation. Front. Psychol. 3, 36523. (doi:https://doi.org/10.3389/FPSYG.2012.

00548/BIBTEX)
45. Kafkas A, Montaldi D. 2014 Two separate, but interacting, neural systems for familiarity and novelty detection: a dual-route mechanism. Hippocampus 24, 516–527. (doi:10.1002/

hipo.22241)
46. Kafkas A, Montaldi D. 2018 Expectation affects learning and modulates memory experience at retrieval. Cognition 180, 123–134. (doi:10.1016/j.cognition.2018.07.010)
47. Bettio LEB, Rajendran L, Gil-Mohapel J. 2017 The effects of aging in the hippocampus and cognitive decline. Neurosci. Behav. Rev. 79, 66–86. (doi:10.1016/j.neubiorev.2017.04.030)
48. Geinisman Y, Detoledo-Morrell L, Morrell F, Heller RE. 1995 Hippocampal markers of age-related memory dysfunction: behavioral, electrophysiological and morphological

perspectives. Prog. Neurobiol. 45, 223–252. (doi:10.1016/0301-0082(94)00047-l)
49. Raz N, Rodrigue KM, Head D, Kennedy KM, Acker JD. 2004 Differential aging of the medial temporal lobe: A study of A five-year change. Neurology 62, 433–438. (doi:10.1212/01.

wnl.0000106466.09835.46)
50. Pettijohn KA, Thompson AN, Tamplin AK, Krawietz SA, Radvansky GA. 2016 Event boundaries and memory improvement. Cognition 148, 136–144. (doi:10.1016/j.cognition.2015.

12.013)
51. Swallow KM, Zacks JM, Abrams RA. 2009 Event boundaries in perception affect memory encoding and updating. J. Exp. Psychol. Gen. 138, 236–257. (doi:10.1037/a0015631)
52. Sinclair AH, Barense MD. 2018 Surprise and destabilize: prediction error influences episodic memory reconsolidation. Learn. Mem. 25, 369–381. (doi:10.1101/lm.046912.117)

11

royalsocietypublishing.org/journal/rstb 
Phil. Trans. R. Soc. B 379: 20230401

 D
ow

nl
oa

de
d 

fr
om

 h
ttp

s:
//r

oy
al

so
ci

et
yp

ub
lis

hi
ng

.o
rg

/ o
n 

19
 S

ep
te

m
be

r 
20

24
 

http://dx.doi.org/10.3758/s13423-022-02124-x
http://dx.doi.org/10.3758/BF03214414
http://dx.doi.org/10.1007/BF02409636/METRICS
http://dx.doi.org/10.1037/dev0000712
http://dx.doi.org/10.1037/xhp0000071
http://dx.doi.org/10.1007/s00426-016-0805-y
http://dx.doi.org/10.1037/xge0000657
http://dx.doi.org/10.1037/xge0000657
http://dx.doi.org/10.1177/09567976221109134
http://dx.doi.org/10.1177/09567976221109134
http://dx.doi.org/10.7554/eLife.74445
http://dx.doi.org/10.1037/0012-1649.26.5.855
http://dx.doi.org/10.1037/0012-1649.26.5.855
http://dx.doi.org/10.1101/lm.030502.113
http://dx.doi.org/10.1016/j.bandc.2022.105877
http://dx.doi.org/10.1037/a0018680
http://dx.doi.org/10.1037/a0018680
http://dx.doi.org/10.1037/0096-3445.137.3.495
http://dx.doi.org/10.1037/0096-3445.137.3.495
http://dx.doi.org/10.1016/j.tins.2019.08.007
http://dx.doi.org/10.1016/j.tins.2019.08.007
http://dx.doi.org/10.3758/s13423-021-01954-5
http://dx.doi.org/10.1002/ejsp.2023
http://dx.doi.org/10.2307/2530245
http://dx.doi.org/10.17605/OSF.IO/E2P9F
http://dx.doi.org/10.3389/fpsyg.2013.00328
http://dx.doi.org/10.1037/xge0001367
http://dx.doi.org/10.1016/j.jml.2017.01.001
http://dx.doi.org/10.17605/OSF.IO/NWE6C
https://github.com/ortiztudela/sdp_manuscript
http://dx.doi.org/10.3758/s13423-021-01904-1
http://dx.doi.org/10.1038/s41539-023-00166-x
http://dx.doi.org/10.1016/j.jml.2016.11.001
http://dx.doi.org/10.3389/fnbeh.2013.00139
http://dx.doi.org/10.1093/cercor/bhn161
http://dx.doi.org/10.1093/cercor/bhn161
http://dx.doi.org/10.1002/hbm.24047
http://dx.doi.org/10.1016/j.neuroimage.2010.05.052
http://dx.doi.org/https://doi.org/10.3389/FPSYG.2012.00548/BIBTEX
http://dx.doi.org/https://doi.org/10.3389/FPSYG.2012.00548/BIBTEX
http://dx.doi.org/10.1002/hipo.22241
http://dx.doi.org/10.1002/hipo.22241
http://dx.doi.org/10.1016/j.cognition.2018.07.010
http://dx.doi.org/10.1016/j.neubiorev.2017.04.030
http://dx.doi.org/10.1016/0301-0082(94)00047-l
http://dx.doi.org/10.1212/01.wnl.0000106466.09835.46
http://dx.doi.org/10.1212/01.wnl.0000106466.09835.46
http://dx.doi.org/10.1016/j.cognition.2015.12.013
http://dx.doi.org/10.1016/j.cognition.2015.12.013
http://dx.doi.org/10.1037/a0015631
http://dx.doi.org/10.1101/lm.046912.117


53. Brod G, Hasselhorn M, Bunge SA. 2018 When generating a prediction boosts learning: the element of surprise. Learn. Instr. 55, 22–31. (doi:10.1016/j.learninstruc.2018.01.013)
54. Mayo R, Schul Y, Rosenthal M. 2014 If you negate, you may forget: negated repetitions impair memory compared with affirmative repetitions. J. Exp. Psychol. Gen. 143, 1541–1552.

(doi:10.1037/a0036122)
55. Pupillo F, Bruckner R. 2023 Signed and unsigned effects of prediction error on memory: is it a matter of choice? Neurosci. Behav. Rev. 153, 105371. (doi:10.1016/j.neubiorev.2023.

105371)
56. Ortiz-Tudela J, Milliken B, Jiménez L, Lupiáñez J. 2018 Attentional influences on memory formation: a tale of A not-so-simple story. Mem. Cognit. 46, 544–557. (doi:10.3758/

s13421-017-0784-2)
57. Frank D, Kafkas A. 2021 Expectation-driven novelty effects in episodic memory. Neurobiol. Learn. Mem. 183, 107466. (doi:10.1016/j.nlm.2021.107466)
58. Huali J. 2023 Data from: Unveiling the carotenoid yield potential of rhodotorula mucilaginosa: completed genome analysis for enhanced carotenoid production following space

mutation breeding. Zenodo. (doi:10.5281/zenodo.10431767)
59. Ortiz-Tudela J, Turan G, Vilas M, Melloni L, Shing Y. 2024 Data from: Schema-driven prediction effects on episodic memory across the lifespan. Figshare. (doi:10.6084/m9.figshare.c.

7412537)

12

royalsocietypublishing.org/journal/rstb 
Phil. Trans. R. Soc. B 379: 20230401

 D
ow

nl
oa

de
d 

fr
om

 h
ttp

s:
//r

oy
al

so
ci

et
yp

ub
lis

hi
ng

.o
rg

/ o
n 

19
 S

ep
te

m
be

r 
20

24
 

http://dx.doi.org/10.1016/j.learninstruc.2018.01.013
http://dx.doi.org/10.1037/a0036122
http://dx.doi.org/10.1016/j.neubiorev.2023.105371
http://dx.doi.org/10.1016/j.neubiorev.2023.105371
http://dx.doi.org/10.3758/s13421-017-0784-2
http://dx.doi.org/10.3758/s13421-017-0784-2
http://dx.doi.org/10.1016/j.nlm.2021.107466
http://dx.doi.org/10.5281/zenodo.10431767
http://dx.doi.org/10.6084/m9.figshare.c.7412537
http://dx.doi.org/10.6084/m9.figshare.c.7412537

	Schema-driven prediction effects on episodic memory across the lifespan
	1. Schema-driven prediction effects on episodic memory
	2. The present study
	3. Methods
	(a) Participants
	(b) Stimuli
	(c) Design and procedure
	(d) Encoding phase
	(e) Retrieval phase
	(f) Deviations from the registered protocol
	(g) Statistical analysis

	4. Results
	(a) Encoding phase
	(b) Retrieval phase

	5. Discussion
	(a) Prediction (error) impacts different aspects of the encoded episode

	6. Conclusion


